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[bookmark: _Toc235439171]Abstract
As digital technologies become more common, HR analytics have become more significant in making better-informed decisions based on evidence when it comes to human resources. But the success of HR analytics adoption remains reliant on an HR's HR technology experience and organizational support for the technology. This study examined the influence of effort expectancy and social influence on HR analytics adoption intention among HR professionals in Bangladesh. This study implemented the Unified Theory of Acceptance and Use of Technology (UTAUT) for the research with a simplified model consisting of two independent variables: effort expectancy and social influence.
The research design used was a quantitative research design of a cross-sectional type. Purposive sampling was used to select 52 HR professionals for data collection, and a structured questionnaire was used. IBM SPSS Statistics was used to summarize the demographic data and the measurement and structural models were evaluated by Partial Least Squares Structural Equation Modeling (PLS SEM) using SmartPLS. The measurement model had a satisfactory level of reliability, convergent validity, and discriminant validity. The results of the structural model indicated that effort expectancy positively and significantly influenced the HR analytics adoption intention. Adoption intention was also positively and statistically significantly related to social influence. Consequently, both hypotheses were supported. Effort expectancy had a medium effect size, while social influence had a small effect size. The two predictors explained 46.4% of the variance in intention to adopt HR analytics.
The findings suggest that HR professionals are more inclined to use HR analytics when the analytics systems are easy to learn, understand, and utilize, and when their supervisors, colleagues, and management encourage use. The study helps in filling the gap in the existing limited literature on HR Analytics adoption in Bangladesh and offers some practical insights for organizations looking to successfully implement HR Analytics.
Keywords: HR Analytics, Adoption Intention, Effort Expectancy, Social Influence, UTAUT, Bangladesh
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[bookmark: _Toc235439175]Introduction
[bookmark: _Toc235439176]Background of the study
The importance of digital transformation and data-driven decision making is evident from the contemporary competitive business environment (Ekka & Singh, 2022). As a result, like other business functions, HR is also adopting the approach of digitalization and data-driven decision-making. Specifically, the HR function adopts the approach via the employment of tools known as HR analytics. These HR tools enable the organization to use data to make better decisions regarding various activities in the field, such as hiring, evaluation, planning, and retention; hence, it can be argued that the adoption of HR analytics contributes significantly towards improving the strategic impact of HR (Ekka & Singh, 2022; Marler & Boudreau, 2017).
Notwithstanding the numerous benefits of using HR analytics, the adoption of the tool has not reached all organizations yet. Various challenges prevent organizations from adopting HR analytics, including the complexity of HR tools, the lack of analytics skills among personnel, the absence of necessary organizational support, and the resistance to change (Ekka & Singh, 2022; Marler & Boudreau, 2017). All these obstacles may demotivate employees from using HR analytics, even if they are available to them. This means that it has become crucial to understand what factors influence the intention of employees to adopt HR analytics (Ekka & Singh, 2022; Venkatesh et al., 2003).
This problem becomes more significant for developing nations like Bangladesh, where organizations have been increasingly integrating IT systems and advanced HRM approaches into their operations. In this regard, it can be said that the adoption of HR analytics in Bangladeshi organizations, in particular, can yield great results as far as enhancing the quality of decisions made by managers and the efficiency of the workforce is concerned. Yet, the level of HR practitioners’ readiness to use such approaches is yet to be thoroughly analyzed in relation to the Bangladeshi business environment. Given the potential differences between various settings, conclusions derived from other countries might not always be applicable in the case of Bangladesh.
The Unified Theory of Acceptance and Use of Technology (UTAUT) model is one of the most popular frameworks utilized to explain and understand technology adoption behavior (Venkatesh et al., 2003). Even though there are several determinants used in the original model, the current study focuses on the impact of only two of them, which are effort expectancy and social influence. In terms of effort expectancy, the concept implies how easy people consider a system to be used; whereas social influence involves the extent to which significant others affect individuals' intention to adopt a system (Venkatesh et al., 2003). Thus, in the field of HR analytics adoption, both constructs are very valuable since they imply the usability of the system as well as its social surroundings. The study by Ekka and Singh (2022), which closely informs the present research, also found effort expectancy and social influence to be significant predictors of HR analytics adoption intention.
That is why this study will analyze the impact of effort expectancy and social influence on HR analytics adoption intention among HR professionals in Bangladesh. The results will contribute to the body of knowledge associated with HR analytics adoption and provide the relevant context for decision-making.

[bookmark: _Toc235439177]Statement of the problem
Even though it is acknowledged that HR analytics can be used effectively as an instrument that enables better decisions within an organization, the adoption by HR practitioners has not been widespread. Even when the availability of tools that can help with making data-driven decisions in HR processes is growing, most organizations have yet to incorporate HR analytics into the HR function. This implies that just having access to technological solutions might not be enough for making sure they are used properly.
There have been previous attempts to understand the behavior of adopting technologies based on existing theories. Specifically, the Unified Theory of Acceptance and Use of Technology (UTAUT) framework was used in various studies. However, while the findings provided valuable information, a lot of studies involved the application of the whole UTAUT model with several determinants at once, which might not be significant in some cases. Additionally, some determinants of the initial model might prove irrelevant in certain organizational and/or national contexts (Arora et al., 2024a; Ekka & Singh, 2022; Kalvakolanu et al., 2023)
Moreover, there is limited research that investigates the effects of some of the key factors included in the UTAUT framework, such as effort expectancy and social influence, on the adoption of HR analytics. These factors play a vital role because they focus on the ease with which a particular technology can be used and the effect that a particular social or organizational environment can have on individuals. Unfortunately, these factors have not been analyzed effectively for the purpose of understanding HR analytics adoption in a simplified way.
This research problem is particularly important when viewed in the context of Bangladesh, a country that is gradually introducing new digital technologies and practices in the management of HR. Despite the potential advantages that can be derived from HR analytics, it is not clear how HR experts in the country perceive the use of these tools. Also, the results obtained from other parts of the world may not fully reflect the conditions prevailing in Bangladesh.
For this reason, it is essential to analyze the factors influencing HR analytics adoption intentions among experts working in Bangladesh.

[bookmark: _Toc235439178]Objectives of the study
[bookmark: _Toc235439179]General Objective
To investigate the influence of effort expectancy and social influence on HR analytics adoption intention among HR professionals in Bangladesh.
[bookmark: _Toc235439180]Specific Objective
1. To examine the influence of effort expectancy on the adoption intention of HR analytics by HR professionals in Bangladesh.
2. To examine the influence of social influence on the adoption intention of HR analytics by HR professionals in Bangladesh.
3. To determine the extent to which effort expectancy and social influence explain the adoption intention of HR analytics by HR professionals in Bangladesh.
[bookmark: _Toc235439181]Research Questions
Q1: What is the relationship between effort expectancy and HR analytics adoption intention among HR professionals in Bangladesh?
Q2: What is the relationship between social influence and HR analytics adoption intention among HR professionals in Bangladesh?
Q3: To what extent do effort expectancy and social influence jointly explain HR analytics adoption intention among HR professionals in Bangladesh?

[bookmark: _Toc235439182]Scope and Limitations of the Study
This study attempts to explore the variables affecting the adoption intention of HR analytics among HR managers working in Bangladesh. In particular, the study seeks to examine the role played by the two variables that have been identified through the UTAUT theory. The two variables that will be explored include effort expectancy and social influence.
The study is based on the Bangladeshi business environment. Data will be obtained from HR managers who have either been using or have been exposed to HR systems and technology in their daily operations. As a result, the results of the research will apply only to the Bangladeshi business environment and not to any other countries or settings due to differences in technological and organizational environments.
However, there are some limitations with respect to this research work despite its many strengths. First, because of the limitations in terms of time and resources, only two independent variables have been taken into consideration in this research, while other relevant independent variables, such as performance expectation, facilitating conditions, and personal attitudes, have not been considered in this research. Second, since the study involves self-reported data from surveys, it is possible that the responses may be biased in some way. Third, there might be limitations in terms of the sample size, which might limit the generalizability of the results. Fourth, since a cross-sectional research design has been used, it reflects the respondents’ perspectives at one point in time.

[bookmark: _Toc235439183]Definition of Key Terms
[bookmark: _Toc235439184]Human Resource Analytics (HR Analytics)
 Human Resource Analytics (HR analytics) is the term used to refer to the use of employee data, measures, and analytics to facilitate evidence-based decision-making in human resource management. HR analytics in the literature has been referred to as an approach to human resource management that transcends traditional reporting to become a strategic, evidence-based, and data-oriented approach to the management of human resources (Angrave et al., 2016; Huselid, 2018; Rasmussen & Ulrich, 2015). Opatha (2020) has provided a much clearer definition of HR analytics as a practice that involves the use of research methods and advanced statistics to analyze HR data and resolve HR issues through evidence-based decision-making. The HR analytics adoption literature has also defined HR analytics as an analytical approach or capability that enables the provision of real-time, metric-based, and strategic insights to HR practitioners (Ekka & Singh, 2022; Kalvakolanu et al., 2023; Ravesangar & Narayanan, 2024). People analytics and workforce analytics have also been described in relation to HR analytics as two concepts that are almost synonymous (Huselid, 2018; Tursunbayeva et al., 2022). Consequently, in this dissertation, HR analytics will refer to the analytical processing of HR information for evidence-based HR decision-making.
[bookmark: _Toc235439185]Behavioral Intention / Adoption Intention
Behavioral intention is defined as the state of being ready or prepared to engage in a specific behavior (Ajzen, 1991). Behavioral intention is broadly accepted as an immediate precursor to actual usage in studies on technology adoption (Venkatesh et al., 2003). The same definition of behavioral intention is adopted in the study of HR analytics, in which behavioral intention is used to explain whether the individuals involved, be they employees or HR professionals, are ready to adopt HR analytics technology in their work (Ekka & Singh, 2022; Dhiman et al., 2023; Kalvakolanu et al., 2023). In more recent studies on HR analytics and digital HR adoption, behavioral intention has also been considered as an important construct in explaining adoption intention towards HR analytics systems (Saxena et al., 2025; Obizue, 2026). Therefore, in this thesis, HR analytics adoption intention means the degree to which HR professionals in Bangladesh are willing and prepared to adopt and use HR analytics in their work. 
[bookmark: _Toc235439186]Effort Expectancy
Effort expectancy refers to the level of ease in using a system (Venkatesh et al., 2003). While effort expectancy was conceptualized originally based on the UTAUT model, its application in later research in the area of HR analytics can be found as an analogous concept. According to Ekka and Singh (2022), effort expectancy refers to “the perception of HR analytics being easy to use by HR professionals”. The definition given by Kalvakolanu et al. (2023) is almost identical; effort expectancy is defined as “the HR professional’s perception of the ease of HR analytics usage”. In further research into HR analytics and HR technology adoption, effort expectancy remains linked to perceptions of the level of learning ease, understanding ease, and usage ease for those organizations seeking to adopt analytics or digital HR systems (Dhiman et al., 2023; Saxena et al., 2025; Obizue, 2026). Hence, effort expectancy within the current study refers to the perception of learning and usage ease in the context of HR analytics.
[bookmark: _Toc235439187]Social Influence
Social influence is the perception by a person about how significant others feel that he/she ought to use the new system (Venkatesh et al., 2003). As regards HR analytics, this concept has been redefined to reflect the influence that managers, peers, management, and others have over an employee’s intention to adopt HR analytics (Ekka & Singh, 2022; Kalvakolanu et al., 2023). Dhiman et al. (2023) continue to consider social influence as an important determinant of HR analytics adoption, while Saxena et al. (2025) and Obizue (2026) incorporate it within other determinants of HR technology and artificial intelligence, respectively. Consequently, in this thesis, social influence is defined as the influence of important others over HR practitioners’ intentions to adopt HR analytics.
[bookmark: _Toc235439188]Unified Theory of Acceptance and Use of Technology (UTAUT)
Unified Theory of Acceptance and Use of Technology (UTAUT) is a framework of theory designed to explain why individuals adopt and utilize new technology. Venkatesh et al. (2003) argue that use of technology is largely dependent on four major factors, including performance expectancy, effort expectancy, social influence, and facilitating conditions. Since then, the framework has been extensively used in literature dealing with HR analytics and related digital HR technologies (Ekka & Singh, 2022; Kalvakolanu et al., 2023; Saxena et al., 2025; Obizue, 2026). Use of the same theory in this regard indicates that the framework can still be useful in explaining the adoption of HR analytics by HR professionals. In the current research, UTAUT forms the major theoretical framework, with emphasis placed on effort expectancy and social influence.
[bookmark: _Toc235439189]HR Professionals
The term ‘HR professionals’ refers to the people who perform activities within human resource areas such as recruiting employees, developing employees, managing employee performance, retaining employees, planning for future workforce needs, and other related tasks. The concept ‘HR professionals’ in the context of HR analytics can be considered as an equivalent term to 'users/potential users of HR analytics' since they are the ones responsible for interpreting the information from the employee data analysis process and using it in organizational decision-making (Ekka & Singh, 2022; Kalvakolanu et al., 2023). In addition, the concept of 'HR professionals/managers/decision makers' plays a major role in the research studies concerning HR analytics adoption and implementation (Rasmussen & Ulrich, 2015; Angrave et al., 2016; Saxena et al., 2025). In this paper, the term ‘HR professionals’ will refer to the HR professionals of Bangladesh and their adoption of HR analytics intentions.

[bookmark: _Toc235439190]Organization of the Remaining Chapters
The remaining part of the thesis is organized into four chapters. Chapter 2 presents the relevant theory, literature review, and hypothesis development. Chapter 3 explains the research design, sampling technique, questionnaire development, data collection process, and data analysis method. Chapter 4 presents the demographic profile, SmartPLS results, hypothesis testing, and discussion of the findings. Finally, Chapter 5 provides the conclusions, scope for future research, and recommendations based on the study findings.
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[bookmark: _Toc235439192]Relevant Theory
The theory underpinning this research is the Unified Theory of Acceptance and Use of Technology (UTAUT). This theory was developed by Venkatesh et al.  (2003) and represents one of the most popular and effective approaches to explaining people's adoption of technological innovations. As opposed to numerous other models of the adoption of technology, UTAUT integrates several important constructs from previous theories on acceptance and use of technology into a single framework. Thus, UTAUT uses four factors as explanations of technology adoption: performance expectancy, effort expectancy, social influence, and facilitating conditions (Venkatesh et al., 2003). Subsequent research has also demonstrated the usefulness of UTAUT in explaining workplace ICT acceptance and usage (Oye et al., 2014). Predictive HR analytics may further strengthen talent-management and strategic human-capital decisions, although its development depends on contextual conditions and a supportive data-driven organizational culture (Gurusinghe et al., 2021). Recent evidence from Ethiopia also links HR analytics with organizational performance through data-driven decision-making and strategic alignment (Tessema et al., 2025). HR analytics has also been shown to connect business intelligence, integrated reporting, and automated decision-making with organizational agility (Vadithe & Kesari, 2025).
These four elements play an important role in shaping people's intentions to use technological solutions and the use itself (Venkatesh et al., 2003). Applying UTAUT to the research at hand, we can justify the need for analyzing the adoption of HR analytics based on the fact that HR analytics is not simply an instrument but a management tool based on decision-making (Marler & Boudreau, 2017). In this regard, HR analytics has often been defined as a means for collecting information and making evidence-based decisions that are informed by the collected information (Marler & Boudreau, 2017).
Under the UTAUT framework, performance expectancy indicates how much people expect to use a system to aid their job performance (Venkatesh et al., 2003). As applied to HR analytics, performance expectancy indicates how much HR practitioners believe using HR analytics aids in their workforce planning, talent management, employee retention, and strategic decisions (Ekka & Singh, 2022). Thus, when HR practitioners perceive HR analytics systems to aid them in making better, faster, and more objective HR decisions, they will have a high-performance expectation and are therefore more inclined to develop a positive intention to use HR analytics (Ekka & Singh, 2022).
On the other hand, effort expectancy is about the level of difficulty that a system imposes on people using it (Venkatesh et al., 2003). This study, it indicates how easy and convenient the HR analytics system would be to use by HR practitioners. Should the HR system be complex and technically challenging for use, users might have difficulties adopting such a system regardless of the benefits it offers. Previous research on the topic suggests that ease of use continues to be an essential factor in shaping user intention within the context of HR analytics (Dhiman et al., 2023; Ekka & Singh, 2022).
Social influence relates to how an individual feels that people who are important feel that the system ought to be used (Venkatesh et al., 2003). This may take the form of pressures or encouragement from top management, line management, co-workers, or the entire professional community in organizational settings. Social influence in HR departments may include the influence of the departmental leaders and co-workers, thus legitimizing the use of analytics (Ekka & Singh, 2022). The reason why social influence is significant to this research is that HR practitioners normally operate within an institutional and interpersonal setting, where the demands of managers and their peers significantly influence technology adoption (Kalvakolanu et al., 2023).
Facilitating conditions pertain to how an individual feels that there are organizational and technological resources available to support the use of the system (Venkatesh et al., 2003). Regarding HR analytics, facilitating conditions may comprise software accessibility, training opportunities, technical assistance, data quality, management support, and readiness of organizations to engage in analytics-based practices (Ekka & Singh, 2022). Individuals may have positive intentions towards HR analytics; however, its adoption and use may not occur due to the absence of facilitative conditions. Therefore, facilitating conditions become essential in analyzing HR analytics adoption, as it requires both technological capacity and organizational readiness (Kalvakolanu et al., 2023).
The dependent variables in UTAUT include behavioral intention and use behavior. Behavioral intention is defined as the intention of an individual to use the technology in question, while use behavior shows whether the technology is used in reality (Venkatesh et al., 2003). In the present study, behavioral intention is considered an important variable explaining why HR professionals understand the benefits of HR analytics but do not use them accordingly. This is in line with previous research on HR analytics, which found that favorable attitudes towards HR analytics do not guarantee their adoption (Vargas et al., 2018).
Unlike TAM, UTAUT is more appropriate in explaining technology adoption since it offers a more comprehensive model that considers usefulness, ease of use, social influence, and enabling technology, among others (Venkatesh et al., 2003). Although TAM has also been used in previous studies to explain the adoption of HR analytics, particularly perceived usefulness and perceived ease of use, modern research proves that there are many other variables that can have an impact on the adoption of HR analytics (Dhiman et al., 2023). The Technology Acceptance Model identifies perceived usefulness and perceived ease of use as central determinants of users’ acceptance of information technology (Davis, 1989). Given that HR analytics is adopted in an organizational context and that both technical and social legitimacy need to be taken into consideration when adopting HR analytics, UTAUT theory will be more appropriate in providing an explanation of the adoption behavior.
Thus, this thesis will employ UTAUT theory as the best-fitting and most appropriate theory for exploring HR professionals' adoption of HR analytics. This theory provides a sound theoretical basis for analyzing the intention to adopt HR analytics and actual HR analytics usage based on perceptions about its usefulness, ease of use, social influences, and organizational support (Ekka & Singh, 2022; Venkatesh et al., 2003).

[bookmark: _Toc235439193]Literature Survey
Digitalization has had a significant impact on the way human resource management (HRM) functions are carried out. The use of data-driven strategies is becoming more common among organizations to enhance decision-making, operational efficiency, and strategic planning. HR Analytics has proven to be an important tool in this scenario as it enables companies to gather, analyze, and interpret employee-related data to inform evidence-based HR decisions (Marler & Boudreau, 2017). Workforce planning, talent management, employee retention, performance management, recruitment, and strategic HR decision-making are among the most common areas where HR analytics is used. Researchers have proposed that through the use of HR analytics, organizations can shift from HR practices that rely on intuition to those that are more objective and are driven by data (Dasari & Devi, 2025).
The literature on HR analytics has indicated that the use of HR analytics-based HR systems is gaining importance day by day in the present organizations. Marler and Boudreau (2017) discussed how HR analytics further reinforces the strategic function of HR by connecting HR practices to organizational results. Likewise, Fernandez and Gallardo-Gallardo (2021) noted that human resource firms that embrace HR analytics can better make smart decisions about their workforce and increase their competitiveness. Although HR Analytics is an important topic, the use of HR Analytics across organizations has been uneven due to the fact that many organizations experience user acceptance, data quality, organizational support, and technological readiness issues. Research also suggests that the HR analytics adoption is not just a technical problem but a behavioral and organizational problem, as perceptions, attitudes, and institutional support are key factors in it (Fernandez & Gallardo-Gallardo, 2021; Pongpisutsopa et al., 2020). Struggling to change can further slow the actual adoption of HR analytics, even when employees have access to the necessary technology and organizational resources (Arora, Prakash, Mittal, et al., 2023). Related research has also highlighted continuing user-level and organizational barriers that hold employees back from effectively using HR analytics (Arora et al., 2024b)
A bibliometric review of 127 HR analytics publications found that the field had expanded considerably but continued to contain important research gaps requiring further empirical investigation (Arora, Prakash, Dixit, et al., 2023). Few studies have explored the factors that drive the adoption of HR analytics based on technology adoption theories. The theory that is most commonly adopted in this field is the Unified Theory of Acceptance and Use of Technology (UTAUT) proposed by Venkatesh et al. (2003). The UTAUT proposes that the main factors affecting technology adoption are the perceived benefits of using a technology (performance expectancy), the effort required to use a technology (effort expectancy), the social influence on using a technology (social influence), and the facilitating conditions needed to use a technology (facilitating conditions) (Venkatesh et al., 2003). The theory has been extensively used in the field of digital technology acceptance studies due to its good explanatory power. In relation to HR analytics, researchers have increasingly used UTAUT to account for HR professionals' intentions to adopt the HR analytics-based systems (Ekka & Singh, 2022; Kalvakolanu et al., 2023).
Furthermore, one of the most important studies directly related to HR Analytics adoption, which employed UTAUT model was done by Ekka and Singh (2022). More specifically, effort expectancy had a positive and statistically significant relationship with behavioral intention (β = .130, p = .018), while social influence also had a positive and statistically significant relationship with behavioral intention (β = .186, p = .004). Their model explained 51.6% of the variance in behavioral intention (Ekka & Singh, 2022). These findings indicate that the study variables such as performance expectancy, social influence, facilitating conditions, and effort expectancy all have significant positive relationship with the study variable (behavioral intention to use HR analytics) suggesting that HR professionals would have greater intention to adopt HR analytics when they believe that HR analytics are useful, easy to use, socially influenced, and organizationally facilitated (Ekka & Singh, 2022). The present study is of special significance as it directly analyses HR professionals' HR Analytics adoption based upon UTAUT.
Citing UTAUT as a theoretical framework, Kalvakolanu et al. (2023) explored the adoption of HR analytics among HR professionals. They found that performance expectancy, social influence, and facilitating conditions had a significant impact on the adoption of HR analytics. Social influence had a positive and statistically significant relationship with adoption (β = .29, p < .001), whereas effort expectancy was not statistically significant (β = .08, p = .090) (Kalvakolanu et al., 2023). This lack of consensus in results is significant as it has implications for the effect of effort expectancy varying across organizational context, familiarity with technology and respondent characteristics. Thus, the study of effort expectancy is still relevant especially in developing country like Bangladesh. Recent conference research has also examined technology-related determinants of HR analytics adoption in manufacturing organizations (Mahendran & Krithika, 2024). 
Effort expectancy has also been extensively justified in the general UTAUT literature. Effort expectancy is the ease of use of a system (Venkatesh et al., 2003). Studies indicate that people tend to use a technology if they believe it is easy to learn, understand and use. The authors of Dhiman et al. (2023) explored how the use of HR analytics is affected by various perceptions and intentions of employees in an extended Technology Acceptance Model (TAM). They identified that ease of use and self-efficacy had the greatest impact on users' perceptions and intentions to use HR analytics (Dhiman et al., 2023). Similarly, HR analytics is also technically complex and has posed some adoption difficulties in HR professionals as reported in Saxena et al. (2025). n their structural model, effort expectancy was positively and significantly associated with HR analytics adoption (β = .118, p < .001), while social influence was also positively and significantly associated with adoption (β = .384, p < .001). The model explained 54.9% of the variance in HR analytics adoption (Saxena et al., 2025). Individual readiness also plays an important role in adoption. Dhankhar and Singh (2023) found that technology readiness facilitated HR professionals’ adoption of HR analytics and that adoption was associated with their organizational career growth.
There are also other pieces of evidence to support the influence of effort expectancy in general technology adoption studies. Ease of use has been consistently shown to have a strong effect on behavioral intention in studies that have used UTAUT in various technological settings. For instance, Alrawashdeh et al. (2012) showed that effort expectancy was a factor affecting the intent to use HR web-based training systems, and a study on e-government adoption and digital platforms revealed that ease of use and manageability of systems was another factor that shaped the adoption intention of the users. These findings support the notion that effort expectancy can be another factor that affects HR professionals' intention to embrace HR analytics.
Social influence is another determinant that has been also pointed out many times in literature on technology adoption. Social influence is how much individuals feel that important others feel they should use a technology (Venkatesh et al., 2003). Social influence can be from leadership, supervisor, peers, colleagues, or general rules within the organization. Research indicates that people are more inclined to use technologies when influential organizational members promote or normalize the use of these technologies.
Social influence has consistently been found to significantly impact adoption intention in HR analytics research. Ekka and Singh (2022) determined social influence's positive impact on HR professionals' intention to adopt HR analytics, while Kalvakolanu et al. (2023) revealed that social interactions with peers, organizational stakeholders, and professional networks fostered HR professionals' intention to use HR analytics. The findings also indicated that social and organizational context is extremely important in determining the HR professionals' acceptance of the HR analytics-based technologies, as highlighted by Saxena et al. (2025). Recent evidence from Sri Lanka’s apparel sector likewise found a positive relationship between social influence and HR analytics adoption, providing further support from another South Asian developing-country context (Dissanayake & Kumari, 2025). Harlianto et al. (2024) also found that social influence significantly affected HR analytics adoption intention (β = .255, p = .019), whereas effort expectancy was not statistically significant (β = −.066, p = .353) among HR professionals in Jakarta. Their model explained 32.1% of the variance in adoption intention.
The overall UTAUT literature also reinforces the importance of social influence on the adoption of technologies. Multiple studies using digital technologies, AI systems, e-learning systems, and digital platforms have been conducted showing that social expectations and organizational encouragement significantly influence users' behavioral intentions, albeit some studies reported a less significant or insignificant influence of social expectation in certain types of technology (Alrawashdeh, 2012). Most of the organizational technology adoption studies showed that social expectation is an important factor in predicting behavioral intention, although some studies found a less significant or insignificant effect of social expectation in specific technological contexts.
In addition to effort expectancy and social influence, HR analytics adoption is shaped by broader data-governance, technical, organizational, and stakeholder-related challenges. A systematic review of 110 studies recommended the development of a data-driven organizational culture, stronger training and development, improved collaboration, and greater stakeholder engagement to address these challenges (Alam et al., 2026). Further, the results of the present systematic literature review on the factors affecting the adoption of HR analytics revealed thirteen important factors, including top management support, data availability, quantitative self-efficacy, organization readiness and technological infrastructure, which show that HR analytics adoption is not only dependent on individual perceptions, but also on organizational preparedness and institutional support (Pongpisutsopa et al., 2020). 
Literature also suggests that there are differences in the adoption of HR analytics between the national and organizational contexts. Most of the empirical studies have been done in countries like India, Pakistan and other emerging nations. Although the adoption of HR analytics has garnered a lot of interest among HR professionals in Pakistan, limited research has been conducted in Bangladesh so far; as put by Muhammad et al. (2024), “Demographic and contextual factors also influence HR analytics adoption behavior”. This resulted in a limited understanding of the HR professionals regarding their HR analytics perception and factors affecting HR analytics adoption intent in Bangladesh.
The literature indicates that HR analytics has a promising potential to enhance the decision making and strategic HR practices in the organizations. But several factors are important from behavioral, technological and organizational points of view to promote successful adoption. Of these, effort expectancy and social influence seem to be especially relevant as they directly impact users' beliefs about ease of use and social legitimacy of the technology. While some previous research has explored these connections in different settings, there has been no consistent context-independent consensus on these relationships. Thus, more studies are required to understand the relationship between effort expectancy, social influence and HR analytics adoption intention among HR professionals in Bangladesh.
[bookmark: _Toc235439194]Hypothesis Development
[bookmark: _Toc235439195]Factors influencing adoption of HR Analytics: Effort Expectancy
The concept of effort expectancy is part of the Unified Theory of Acceptance and Use of Technology (UTAUT). Effort expectancy is defined as the ease of operation of a system by Venkatesh et al. (2003) In technology adoption research, people tend to develop a positive intention towards a technology if they think the technology is easy to learn, easy to use and not cognitively demanding. Additionally, UTAUT indicates the role of effort expectancy is particularly relevant to the initial phases of technology adoption when users are still getting acquainted with the technology (Venkatesh et al., 2003).
When it comes to HR analytics, effort expectancy plays a crucial role since HR analytics is the use of data, analytical tools, HR dashboards, and Evidence Based Decision Making processes (Marler & Boudreau, 2017). HR professionals might not have technical or statistical backgrounds, and therefore the intention to adopt HR analytics tools can be affected when it is perceived as complex or difficult to use. Past research indicates that HR professionals struggle with analytical skills, the complexity of technology, and confidence in the analytical tools (Saxena et al., 2025; Vargas et al., 2018). Similarly, in their study, Saxena et al. (2025) discovered that effort expectancy significantly affected HR analytics adoption and said that adoption likelihood will be boosted if HR analytics tools are easy to use and require minimal training.
In their research paper, Ekka and Singh (2022) have discovered that effort expectancy exerted a significant positive effect on HR professionals’ behavioral intention to use HR analytics. From this discovery, it can be concluded that perceived ease of use is a factor that can foster the intention to use HR analytics once HR professionals understand its usability. The same reasoning was confirmed by Dhiman et al. (2023) in an extended technology acceptance model that revealed the relationship between perceived ease of use and employees' attitudes and intentions regarding HR analytics.
The results are not completely comparable between studies, however. Kalvakolanu et al. (2023) did not show a strong relationship between effort expectancy and HR analytics adoption, but other factors of the UTAUT were significant. Further opposing evidence was reported by Arora et al. (2024a), who found that effort expectancy did not operate as a positive driver of HR analytics adoption in the Indian engineering and construction sector. This reinforces the possibility that the importance of effort expectancy varies across industries and organizational environments. The inconsistency implies that the relationship between effort expectancy and its impact might be different for different contexts, respondents’ backgrounds, and organizational readiness. Given the lack of empirical evidence in a Bangladeshi context, it is crucial to explore whether effort expectancy has any impact on HR analytics adoption intention for HR professionals in Bangladesh. So, the following hypothesis is formulated:
H1: Effort expectancy positively influences HR analytics adoption intention among HR professionals in Bangladesh.
[bookmark: _Toc235439196]Factors influencing adoption of HR Analytics: Social Influence
Social influence is one of the key factors in UTAUT that affects behavioral intention. Venkatesh et al. (2003) described social influence as the extent to which important others think that he or she should use a specific system. In a work environment these “important others” could be supervisors, senior management, colleagues, professional peers and other influential members of the work environment. Based on the above, UTAUT suggests that social influence can impact the behavioral intention, particularly when technology use is encouraged or expected by the organization (Venkatesh et al., 2003).
Social influence is especially relevant in the context of HR analytics adoption, as HR practitioners typically work in an organizational context with leaders and managers who have expectations and requirements for HR technology decisions, peers whose actions and behaviors are affecting HR technology decisions, and an environment that is structured and formal. HR professionals might feel that HR analytics is more legitimate and valuable, if senior management encourages data-driven HR practices or if peers and networks encourage HR analytics usage. This is particularly true in companies where new technologies are to be accepted in the culture and encouraged by the management.
Ekka and Singh (2022) identified that the social influence significantly positively influenced HR professionals' intention to adopt HR analytics. This reinforces the notion that HR professionals are more inclined to embrace HR analytics when they feel encouraged or expected to do so by influential individuals who are around them. In the same way, Kalvakolanu et al. (2023) discovered that social influence had a significant influence on the adoption of HR analytics among HR practitioners and recommended that HR practitioners need to be guided by senior managers to embrace HR analytics.
The findings are also supported by Muhammad et al. (2024) who studied the adoption of HR analytics among HR professionals in Pakistan and concluded that social influence is one of the important factors that influenced HR analytics adoption (t = 6.199, p < .001). Their research also revealed that statistical background had an impact on how social influence was associated with HR analytics adoption, which suggests that there might be combined effects of social and personal factors on adoption behavior. Saxena et al. (2025) also showed that social influence is significant in the Indian IT industry in predicting HR analytics adoption, which indicates that hierarchical and interpersonal relationships have a significant influence on users' acceptance of analytics tools.
Furthermore, Dhiman et al. (2023) noted that social influence played a significant impact on the perceived usefulness of HR analytics (β = .452, p < .001); social support from colleagues, media, and management can enhance users' attitudes toward the usefulness of HR analytics. Perceived ease of use also had a significant influence on attitudes towards HR analytics (β = .365, p < .001), while attitude had a significant effect on behavioral intention (β = .638, p < .001). Their model explained 40.7% of the variance in behavioral intention. It implies that social influence has the potential to indirectly influence users' perception of usefulness as well as to directly impact intention. In other settings, such as in developing countries, social and organizational variables may be even more significant as the decisions made in adopting technology are influenced by the managerial support, organizational culture, and institutional resources available to them (Bahanni et al., 2026). Hence, the following hypothesis is put forward:
H2: Social influence positively influences HR analytics adoption intention among HR professionals in Bangladesh.
[bookmark: _Toc235439197]Research Methodology
[bookmark: _Toc235439198]Research Design
The current study has used quantitative research design to analyze the impact of effort expectancy and social influence on the intent to adopt HR analytics among HR professionals in Bangladesh. Since the study seeks to examine hypothesized relationships among the clearly defined variables by using numerical data from respondents, it is suitable to use quantitative research design. Quantitative research is appropriate when a study seeks to test theoretically derived hypotheses and examine relationships among measurable variables using numerical data (Creswell & Creswell, 2023). Because of the ability to statistically investigate the relationships between variables and test theoretical models (e.g., Unified Theory of Acceptance and Use of Technology [UTAUT]) in their study of technology adoption and behavioral intention, quantitative approaches are widely used in the study of technology adoption and behavioral intention. There have also been previous studies that explored how HR analysts perceive the technology, their intentions and decisions to adopt it, but the focus has been on quantitative methods (Dhiman et al., 2023; Ekka & Singh, 2022; Kalvakolanu et al., 2023).
A deductive research approach is used in the study; the research framework and the research hypotheses are based on the existing theories and literature. A deductive approach begins with an existing theory, develops hypotheses from that theory, and then evaluates those hypotheses using empirical observations (Creswell & Creswell, 2023). The Unified Theory of Acceptance and Use of Technology (UTAUT) was adopted as the theoretical basis for the present study as it proposes that the elements of effort expectancy, social influence, performance expectancy, and facilitating conditions affects the intent to use technology (Venkatesh et al., 2003). There is a need to find whether the relationship proposed in UTAUT model is applicable in the context of HR Professionals in Bangladesh therefore deductive approach is considered suitable. The same adoption study methodology using UTAUT has been used to study the behavioral intention on technological systems and digital platforms in other studies (Alrawashdeh, 2012; Kabra et al., 2017).
Study design adopted in this study is cross sectional survey. In a cross-sectional design, the data is collected from the respondents at one time point, and the perception, attitude and intention of respondents is measured at that time (Saunders, 2019). This design is suitable as the current study aims at capturing HR professionals' perceptions towards the adoption intention of HR analytics, effort expectancy, and social influence. The cross-sectional survey design is commonly employed in technology acceptance and HR analytics adoption research as it allows for obtaining standardized answers from a relatively large number of respondents in a fairly short time (Dhiman et al., 2023; Ekka & Singh, 2022; Muhammad et al., 2024). The same research approach has also been used in the study of the adoption of e-learning, Adoption of digital health, Innovation adoption and organizational technology acceptance.
The three constructs of the respondents' perceptions will be measured using a 5-point Likert Scale that ranges from strongly disagree to strongly agree, with a neutral point in the middle. There are 5 questions on the response scale with 1 = Strongly Disagree and 5 = Strongly Agree. Likert-scale measurement has been widely used in UTAUT based research due to its ability to allow the respondent to indicate their degree of agreement or disagreement about technology acceptance and behavioral intention simply and standardly (Venkatesh et al., 2003). Previous HR analytics adoption studies have also used Likert-scale questionnaires to measure perceptions toward HR analytics systems (Ekka & Singh, 2022; Kalvakolanu et al., 2023). Additionally, the use of Likert scale measures has been used in the study of technology adoption in behavioral intention in other domains like e-commerce, digital learning system, mobile health system, and innovation adoption studies (Alrawashdeh, 2012; Kabra et al., 2017).
The study would target HR professionals who work in the organizations of Bangladesh. HR professionals are chosen as they are the key stakeholders or potential stakeholders of the HR analytics systems in organizations. Their perceptions are directly linked with the intention to adopt HR analytics. Previous studies about adoption of HR Analytics have also been conducted with HR professionals, as these are the ones who are directly engaged in HR decision making, managing employees, HR planning, and in the analytics related activities (Ekka & Singh, 2022; Kalvakolanu et al., 2023; Saxena et al., 2025). Furthermore, HR professionals are seen as the best respondents to assess the readiness of the organization and the intention of individual to implement HR analytics.

[bookmark: _Toc235439199]Sample and Sampling Technique
This research is conducted on the target population, HR practitioners of the organizations in Bangladesh. The HR professionals are chosen as the respondents as they are the main users and/or potential users of HR analytics systems in organizations. Their perceptions, attitudes and behavioral intentions are directly related to the understanding of the factors which influence the intention of adopting HR analytics. Studies on HR analytics adoption have also been largely on HR professionals since they are actively engaged in HR decision making, workforce planning, managing employees, and HR analytics-related activities (Ekka & Singh, 2022; Kalvakolanu et al., 2023).
A non-probability sampling technique, namely purposive sampling was used in the selection of respondents in the study. Purposive sampling allows respondents to be selected because they possess characteristics, experience, or knowledge directly relevant to the research question (Saunders, 2019). The study aims to collect data from HR professionals, so the respondents are intentionally selected because they possess relevant professional knowledge, so purposive sampling is an appropriate method for the study. Purposive sampling is commonly applied in technology adoption and behavioral intention research in situations where respondents possess specialized professional knowledge related to the research technique (Kabra et al., 2017; Muhammad et al., 2024). Purposive sampling is particularly suitable for HR professionals because they are a specialized group of professionals who possess knowledge regarding HR-related technologies and organizational decision-making processes.
The respondents will be chosen from different groups of institutions and organizations including private organizations, multinational organizations, business institutions in which HR personnel are involved with HR related activities in Bangladesh. Respondents from various backgrounds of the organizations will enhance the diversity of responses, and give a more comprehensive perspective on the intention to use HR analytics in the Bangladeshi organizational context.
The questionnaire was distributed manually through Google Forms. Because of the reduced time and geographical constraints, and for more efficient professional respondent reaches, recent studies of the adoption of technology have widely employed online data collection methods (Alrawashdeh, 2012). In addition, Online questionnaires can provide an efficient means of reaching geographically dispersed respondents and collecting standardized data within limited time and resource conditions (Saunders, 2019).
[bookmark: _Toc235439200]Sample Size Determination
The sample size was calculated using an A Priori power analysis with the program G*Power (Faul et al., 2009). The analysis was made with the use of the family of F-test and linear multiple regression with a fixed model and R² deviation from zero. In this research model, two predictors were identified, which are effort expectancy (EE) and social influence (SI). An expected effect size of f² = .15, an alpha error probability of .10, and a statistical power of .80 were used as conditions of the analysis. The outcome revealed that a minimum of 52 respondents were needed. The actual power obtained was .801 which was slightly higher than the generally accepted value of .80. Thus, the number of HR professionals in the final sample fulfilled the minimum sample-size requirement for testing the proposed model.

[bookmark: _Toc235439201]Questionnaire Development
Structured questionnaire was used as the major data collection method because it allows the same predetermined questions and response options to be presented consistently to all respondents (Bougie & Sekaran, 2020). In quantitative research, structured questionnaires are extensively used to get standardized and measurable responses from the questions from the respondents in an organized way. Structured questionnaires are especially useful in technology adoption and behavioral intention research to measure the perceptions, attitudes and intentions about a technological system using predetermined constructs and indicators (Venkatesh et al., 2003). Structured questionnaires have also been used in previous HR analytics adoption studies to assess HR professionals' intention to adopt HR analytics (Ekka & Singh, 2022; Kalvakolanu et al., 2023). Additionally, the use of Likert scale measures has been used in the study of technology adoption in behavioral intention in other domains like e-commerce, digital learning system, mobile health system, and innovation adoption studies (Alrawashdeh, 2012; Kabra et al., 2017).
The questionnaire of this study is designed by using measurement scales that have been validated in the previous studies adapted from the research related to UTAUT, HR analytics adoption, and technology acceptance. The effort expectancy and social influence items in the questionnaire were largely adapted from Venkatesh et al. (2003) which was further adapted from HR analytics adoption studies by Ekka and Singh (2022), Kalvakolanu et al. (2023), and Dhiman et al. (2023). The items related to the intention to adopt HR analytics were also drawn from the previous research on behavioral intentions and HR analytics adoption (Saxena et al., 2025; Vargas et al., 2018). It makes the questionnaire more reliable and content valid by adapting the items of the questionnaire from the previously validated studies, which results in consistency with previous empirical studies.
The questionnaire is divided into two main parts. The first part of the questionnaire contains the demographic details of the respondents like gender, age, educational qualification, years of experience etc. This information is gathered to gain a better understanding of the characteristics of those respondents who are in the study. The second part includes questions on the constructs of the main study, which are effort expectancy, social influence and HR analytics adoption intention.
The responses to the items in the questionnaire will be represented on a five-point Likert scale indicating the degree of agreement. A Likert scale enables respondents to indicate the degree of their agreement with a series of statements in a standardized and measurable form (Bougie & Sekaran, 2020). The scale is based on the following:
1 = Strongly Disagree; 2 = Disagree; 3 = Neutral; 4 = Agree; 5 = Strongly Agree
Likert scale measurement is very commonly employed in technology acceptance and organizational behavior research because it offers a straightforward and uniform way for respondents to communicate their opinion and perceptions about a phenomenon (Venkatesh et al., 2003). The constructs of behavioral intention and technology acceptance have also been measured in previous HR analytics adoption studies by using the five-point Likert scale (Ekka & Singh, 2022; Kalvakolanu et al., 2023).
The effort expectancy construct is captured by the six items on the questionnaire, which captures the respondents' perception of how easy it would be to learn, understand, and use HR analytics systems. The items are geared towards respondents' perception of ease of use, ease to understand and cognitive load associated with HR analytics use. Social influence is assessed through seven items that capture how much organizational leaders, colleagues, peers and workplace culture support the use of HR analytics. Finally, HR analytics adoption intention is determined by seven items that evaluate the respondents' willingness, interest and future intention in using HR analytics for HR related activities and HR decision making processes.
Items in the questionnaire were slightly adapted to the context of HR professionals in Bangladesh without altering its meaning of the validated scales. In technology adoption literature, this type of contextual adaptation takes place to help the respondents understand the questionnaire items while having no impact on the construct validity (Vargas et al., 2018).

[bookmark: _Toc235439202]Data Collection
Primary quantitative data will be collected from HR professionals of the organizations in Bangladesh in the present study. Primary data collection is suitable for this study as it helps the researcher to directly gather the perceptions, attitudes and behavior intention of the respondents concerning the adoption of HR analytics. Primary survey data are usually collected to assess constructs like effort expectancy, social influence, and adoption intention in technology adoption and behavioral intention studies using standardized questionnaires (Venkatesh et al., 2003).
Data will be collected using a structured questionnaire based on validated scales. The questionnaire will comprise of statement-based items for effort expectancy, social influence, and intention to adopt HR analytics along with demographic information. Sufficient reliability and validity of questionnaire items are obtained by adapting the items from the previous studies which have been conducted in implementing the HR analytics and based on UTAUT (Ekka & Singh, 2022; Kalvakolanu et al., 2023).
Data will be collected mostly by an online survey method. The soft copy of questionnaire will be sent to HR professionals of various organizations in Bangladesh. Online distribution of questionnaires is deemed acceptable as the researcher has the opportunity to interact virtually with the respondent and explain the study if needed and ensure that the respondents are real HR practitioners. Virtual contact with respondents can also help to generate accurate, serious and complete responses.
Purposive sampling is used to select the respondents, as HR professionals possessing relevant knowledge regarding HR practices and organizational technologies are intentionally selected for participation in the study. Purposive sampling is considered suitable because HR professionals represent a specialized professional group directly related to HR analytics adoption and usage. Previous HR analytics adoption and technology acceptance studies have also relied on professionally relevant respondents for survey-based data collection (Dhiman et al., 2023; Muhammad et al., 2024).
While the study will mainly focus on virtual distribution of questionnaires, online data collection methods like email communication, LinkedIn and professional networking platforms will also be implemented to a limited extent should direct virtually access to respondents reach limitations. Online survey approaches have also been used in previous technology adoption studies to enhance the accessibility and geographical reach of the respondents (Alrawashdeh, 2012).
Respondents will be given an explanation of the academic purpose of the study beforehand and will be told that responses will be kept anonymous to the researcher and used for research purposes only before providing the questionnaire. The survey will be conducted voluntarily and the respondents will be able to exit from the process of data collection at any point of the survey process. In quantitative survey research, it is essential to ensure confidentiality and ensure that the participants give honest answers to the questions asked and that the research is conducted ethically (Creswell & Creswell, 2023).
The total number of HR professionals in this study is 52. Once the answers are gathered, the completed questionnaires will be checked for incompleteness, inconsistencies or data that cannot be used, before moving on to the analysis of the data stage.
The data will be coded and analyzed using statistical analysis software later on. The information gathered from the questionnaire survey will be analyzed to study the relationship between effort expectancy, social influence and HR analytics adoption intention of HR professionals in Bangladesh.

[bookmark: _Toc235439203]Data Analysis Technique
The responses were coded and screened after data collection using IBM SPSS Statistics. The demographic data of the respondents was summarized using frequencies and percentages. The prepared dataset was then imported into the software of Partial Least Squares Structural Equation Modeling (PLS-SEM). SmartPLS is chosen as the major software for the analysis of this study due to the analysis needed to run in this study is measurement model analysis and structural relationship between the latent constructs.
Following Hair et al. (2022), the reflective measurement model was evaluated using outer loadings, Cronbach's alpha, rho_A, composite reliability, average variance extracted, and heterotrait-monotrait ratios. Path analysis was performed to evaluate the structural model based on path coefficients, t values, p values, confidence intervals, R², adjusted R² and f value effect size. Bootstrapping (10,000 subsamples), two-tailed test, .05 significance level, and 95% percentile confidence intervals were used to explore the significance of hypothesized relationships.





[bookmark: _Toc235439204]Findings and Analysis
[bookmark: _Toc235439205]Introduction
This chapter illustrates the findings of the study on the influence of effort expectancy (EE) and social influence (SI) on HR analytics adoption intention (HRAI) among HR professionals in Bangladesh. SmartPLS was then used as the main analytical technique because it allows the simultaneous assessment of the measurement model and the structural relationships among the study constructs. 
The analysis is presented in a logical sequence. First, the demographic profile of the respondents is presented. Second, the SmartPLS measurement model is evaluated through indicator loadings, Cronbach’s alpha, rho_A, composite reliability, average variance extracted, and the heterotrait-monotrait (HTMT) ratio. Third, path coefficients, bootstrapping results, the coefficient of determination, and effect sizes are used to assess the structural model. Finally, the findings are discussed in relation to previous studies. 
[bookmark: _Toc235439206]Respondents’ Demographic Profile
[bookmark: _Toc235327743]Table 4.1 Respondents’ Demographics
	Category
	Items
	No. of Respondents
	Percentage

	Gender
	Male
	41
	78.8%

	
	Female
	11
	21.2%

	
	Grand Total
	52
	100.0%

	Age
	Below 25 years
	1
	1.9%

	
	25–34 years
	37
	71.2%

	
	35–44 years
	12
	23.1%

	
	45 years or above
	2
	3.8%

	
	Grand Total
	52
	100.0%

	Education
	Bachelor's Degree
	16
	30.8%

	
	Master's Degree
	34
	65.4%

	
	Professional Certification (CA, CMA, ACCA, CPA, CISCO, ICAB, ICMAB, etc.)
	2
	3.8%

	
	Grand Total
	52
	100.0%

	Experience
	1–3 years
	25
	48.1%

	
	3–7 years
	10
	19.2%

	
	7–10 years
	5
	9.6%

	
	More than 10 years
	12
	23.1%

	
	Grand Total
	52
	100.0%

	HR Analytics Use
	Yes
	37
	71.2%

	
	No
	13
	25.0%

	
	Not sure
	2
	3.8%

	
	Grand Total
	52
	100.0%

	Industry
	Garments, pharmaceuticals, automobiles, electronics, FMCG
	20
	38.5%

	
	Banking, healthcare, education, tourism, IT services, consulting
	9
	17.3%

	
	Retail, e-commerce, wholesalers
	3
	5.8%

	
	Software companies, telecom, fintech
	4
	7.7%

	
	Other
	16
	30.8%

	
	Grand Total
	52
	100.0%


Note. N = 52. Percentages are based on valid responses; totals may differ slightly because of rounding. Source: SPSS output.
Table 4.1 shows the demographic characteristics of the 52 respondents. The profile includes gender, age, educational qualification, years of experience, organizational use of HR analytics, and type of industry. The results indicate that the respondents had different education, experience, and industry backgrounds.
[bookmark: _Toc235439207]SmartPLS Analysis
The PLS-SEM analysis was conducted in two stages as recommended by Hair et al. (2022). The first stage assessed the reflective measurement model to determine whether the indicators measured their respective constructs reliably and validly. The second stage assessed the structural model to examine the hypothesized relationships between effort expectancy, social influence, and HR analytics adoption intention. The final SmartPLS model contained six effort expectancy indicators, seven social influence indicators, and seven HR analytics adoption intention indicators. 
[bookmark: _Toc235439208]Evaluation of the Measurement Model
The reflective measurement model was analyzed through indicator reliability, convergent validity, and discriminant validity. Hair et al. (2022) recommend outer loading of approximately .708 or higher. Indicators with loadings between .40 and .70 may be kept when construct reliability and average variance extracted remain acceptable and when the indicators contribute to the content of the construct. 
[bookmark: _Toc235327744]Table 4.2 Summary of Indicator Loadings
	Construct
	Loading Range
	Indicators Below 0.708
	Assessment

	Effort Expectancy
	0.509 to 0.850
	EE1 = 0.655; EE4 = 0.509
	Acceptable with caution

	Social Influence
	0.623 to 0.809
	SI1 = 0.625; SI6 = 0.623
	Acceptable with caution

	HR Analytics Adoption Intention
	0.751 to 0.952
	None
	Acceptable


Source: SmartPLS Algorithm output.
The HR analytics adoption intention indicators showed the strongest loading pattern, as all seven loadings surpass 0.708. Four indicators from EE and SI were below the preferred 0.708 level: EE1, EE4, SI1, and SI6. However, none of these indicators had a loading below 0.40. Since the construct reliability and convergent validity results were acceptable, the indicators were kept to preserve the conceptual coverage of the adapted scales. Among them, EE4 had the weakest loading (0.509), which suggests that this item represented effort expectancy less strongly than the other indicators and should be considered in future scale improvement.
[bookmark: _Toc235439209]Construct Reliability and Convergent Validity
Internal consistency reliability was assessed using Cronbach’s alpha. Convergent validity was assessed using the average variance extracted. According to Hair et al. (2022), reliability values between 0.70 and 0.90 are generally satisfactory, while an AVE value of 0.50 or higher indicates that a construct explains at least half of the variance in its indicators. 
[bookmark: _Toc235327745]Table 4.3 Construct Reliability and Convergent Validity
	Construct
	Cronbach's Alpha
	rho_A
	Composite Reliability
	AVE
	Decision

	Effort Expectancy
	0.829
	0.858
	0.876
	0.547
	Accepted

	Social Influence
	0.866
	0.882
	0.897
	0.557
	Accepted

	HR Analytics Adoption Intention
	0.956
	0.959
	0.965
	0.797
	Accepted*


Note: AVE= Average Variance Extracted. *Very high reliability may suggest overlapping item wording. Source: SmartPLS Algorithm output.
All three constructs exceeded the minimum reliability and AVE requirements. Effort expectancy recorded a Cronbach’s alpha of 0.829, composite reliability of 0.876, and AVE of 0.547. Social influence recorded a Cronbach’s alpha of 0.866, composite reliability of 0.897, and AVE of 0.557. HR analytics adoption intention recorded a Cronbach’s alpha of 0.956, composite reliability of 0.965 and AVE of 0.797. These findings support the internal consistency and convergent validity of the measurement model. 
The reliability values of HR analytics adoption intention were above 0.95. Hair et al. (2022) explain that reliability values above 0.95 may indicate that some indicators are very similar or redundant. This result does not invalidate the construct, particularly because its AVE and indicator loadings were strong. However, it suggests that the wording of the HRAI items could be revised in future studies to reduce possible overlap. 
[bookmark: _Toc235439210]Discriminant Validity
Discriminant validity analyzes whether the constructs are empirically distinct from one another. It was assessed using the heterotrait-monotrait ratio of correlations (HTMT). Hair et al. (2022) recommend that HTMT values should generally remain below 0.85 for conceptually distinct constructs, although a threshold of 0.90 may be used for closely related constructs.
[bookmark: _Toc235327746]Table 4.4 Heterotrait-Monotrait Ratio (HTMT)
	Construct
	1
	2
	3

	1. Effort Expectancy
	-
	
	

	2. HR Analytics Adoption Intention
	0.696
	-
	

	3. Social Influence
	0.683
	.613
	-


Source: SmartPLS Algorithm output
The HTMT values ranged from 0.613 to 0.696, and all values were below 0.85. Therefore, the results indicate that effort expectancy, social influence, and HR analytics adoption intention are sufficiently distinct from one another, establishing discriminant validity.
[bookmark: _Toc235439211]Evaluation of the Structural Model
[image: ]After the measurement model was found to be acceptable, the structural model was analyzed. The significance of the path coefficients was assessed through bootstrapping with 10,000 subsamples, a two-tailed test, a significance level of .05, and 95% percentile confidence intervals. A path was considered statistically significant when its p-value was below .05 and its confidence interval did not include zero.
Source: Prepared from the SmartPLS Bootstrapping output.
[bookmark: _Toc235327695]Figure 4.1: Bootstrapped Structural Model Results
[bookmark: _Toc235439212]Path Coefficients and Hypothesis Testing
[bookmark: _Toc235327747]Table 4.5 SmartPLS Path Coefficients and Hypothesis Decisions
	Hypothesis
	Relationship
	Beta (β)
	t-value
	p-value
	95% CI
	Decision

	H1
	EE -> HRAI
	0.451
	3.130
	.002
	0.130, 0.705
	Supported

	H2
	SI -> HRAI
	0.313
	2.486
	.013
	0.109, 0.610
	Supported


Note: CI= Bootstrap confidence interval. Source: SmartPLS Bootstrapping output
The path from effort expectancy to HR analytics adoption intention was positive and statistically significant (beta, β = 0.451, t = 3.130, p = 0.002). The 95% confidence interval ranged from 0.130 to 0.705 and did not include zero. Therefore, H1 was supported. This finding means that HR professionals who perceive HR analytics as easier to learn, understand, and use are more likely to develop a stronger intention to adopt it.
The path from social influence to HR analytics adoption intention was also positive and statistically significant (beta, β = 0.313, t = 2.486, p = 0.013). Its 95% confidence interval ranged from 0.109 to 0.610 and did not include zero. Therefore, H2 was supported. This indicates that encouragement, expectations, and support from supervisors, colleagues, management, and other important professional groups can strengthen HR professionals' intention to adopt HR analytics.
The coefficient for effort expectancy was larger than the coefficient for social influence. Therefore, effort expectancy emerged as the stronger predictor of HR analytics adoption intention in the current sample.
[bookmark: _Toc235439213]Coefficient of Determination and Effect Sizes
[bookmark: _Toc235327748]Table 4.6 Explanatory Power and Effect Sizes
	Endogenous Construct
	R Square
	Adjusted R Square
	Predictor
	f Square
	Effect

	HR Analytics Adoption Intention
	0.464
	0.442
	Effort Expectancy
	0.253
	Medium

	
	
	
	Social Influence
	0.122
	Small


Source: SmartPLS Algorithm output
The R square value for HR analytics adoption intention was 0.464, while the adjusted R square was 0.442. This means that effort expectancy and social influence collectively explained 46.4% of the variance in HR analytics adoption intention. Hair et al. (2022) highlight that R square should be interpreted in relation to research context and model complexity rather than through rigid universal labels. Since the current model has only two predictors and analyses a behavioral intention outcome, the explained variance represents meaningful explanatory power, while the remaining 53.6% may be associated with factors that were outside the scope of the study. 
The f square value of effort expectancy was 0.253, indicating a medium effect on HR analytics adoption intention. The f square value of social influence was 0.122, indicating a small effect. These results further confirm that effort expectancy made the larger relative contribution to the model.
[bookmark: _Toc235439214]Discussion in Relation to Previous Studies
The results of the present study supported both proposed hypotheses. Effort expectancy was positively and statistically significantly related to HR analytics adoption intention (β = .451, p = .002) and social influence was also positively and statistically significantly related to HR analytics adoption intention (β = .313, p = .013). These results support the central propositions of the Unified Theory of Acceptance and Use of Technology, which identifies effort expectancy and social influence as determinants of behavioral intention to use technology (Venkatesh et al., 2003). More importantly, the findings are supported by several empirical studies that investigated HR analytics adoption with similar constructs, respondents, and dependent variables.
The comparison can be drawn with Ekka and Singh (2022), who used PLS-SEM to investigate the relationship between UTAUT variables and behavioral intention to adopt HR analytics. They found a positive and statistically significant relationships between effort expectancy and adoption intention. Additionally, social influence also had a positive and statistically significant relationship with adoption intention. The indicators of effort expectancy were aimed at determining if learning HR analytics was going to be simple, if users could develop the skills needed to use it, if they fully understood how to use it, and if they could explain the benefits of doing so. The social influence indicators were aimed at establishing if important people thought HR analytics should be used.  These are very similar to the indicators used in the current study. Therefore, the agreement between the two studies is strengthened by the similarity of their constructs, measurement indicators, and dependent variables.
Saxena et al. (2025) provide additional support through their study of the antecedents of HR analytics adoption. Their model included effort expectancy and social influence as predictors of HR analytics adoption, and both relationships were positive and statistically significant. Although their model contained several additional antecedents, the direction and statistical significance of both relationships were consistent with the present findings. They also found that usability of the analytics systems and encouragement by organizational and interpersonal sources may help drive adoption of HR analytics.
However, the positive effect of effort expectancy has not been found consistently across all HR analytics studies. Kalvakolanu et al. (2023) found that effort expectancy did not significantly predict HR analytics adoption among HR professionals. A similar result was reported by Harlianto et al. (2024), who found that effort expectancy was not statistically significant. The indicators measured in the latter study were very similar to those in the present study such as level of proficiency, ease of learning, level of understanding of how to use HR analytics, etc. Therefore, the difference cannot simply be attributed to completely different measurements. On the contrary, it suggests that the significance of effort expectancy can differ based on the respondents’ experiences, organizational context, familiarity with analytics and the situation in which HR analytics is implemented. It is important to note that these explanations were not tested in the current study as moderators, and thus can only be considered possibilities and not actual causes. Arora et al. (2024a) also reported contrasting evidence from the Indian engineering and construction sector, where effort expectancy and social influence acted as barriers rather than positive adoption drivers.
Support for social influence is more consistent across the HR analytics literature. Kalvakolanu et al. (2023), Harlianto et al. (2024), Muhammad et al. (2024), and Dissanayake and Kumari (2025) reported findings that were similar to the current result. Together with the findings of Ekka and Singh (2022) and Saxena et al. (2025), these studies suggest that managerial encouragement, supervisor support, peer behavior, and organizational expectations can strengthen HR professionals’ intentions to adopt HR analytics.
Dhiman et al. (2023) provide additional, although indirect, support for these relationships. Their extended Technology Acceptance Model did not examine direct paths from effort expectancy and social influence to behavioral intention in the same manner as the present study. However, they discovered that social influence had a significant effect on perceived usefulness of HR analytics, perceived ease of use had a significant influence on attitudes towards HR analytics, and attitude had a significant effect on behavioral intention to use HR analytics. These results suggest that ease-related perceptions and social influence may contribute to adoption intention either directly or indirectly through perceived usefulness and attitude. Therefore, their findings should be interpreted as mechanism-level support rather than as an exact replication of the present model. 
In the present study, effort expectancy was the stronger predictor than social influence, as the coefficient of effort expectancy was greater. But this relative ranking is not a constant from all previous studies Thus, the current results confirm the significance of both variables, and indicate that the relative influence of effort expectancy and social influence may be context specific. The perception of learning, understanding and using HR analytics conveniently seemed to be especially important for the HR professionals who participated in Bangladesh.
Effort expectancy and social influence, taken together, have explained 46.4% of the variability in adoption intention for HR analytics. Considering that the model contained only two predictors, this represents meaningful explanatory power. Overall, the results are not isolated from the existing literature. Several studies have supported the positive relationship between effort expectancy and intention to adopt HR analytics, while some studies reported that the relationship was not significant. The positive relationship between social influence and HR analytics adoption intention has been found more consistently across different samples, sectors, and emerging-country contexts.

[bookmark: _Toc235439215]CONCLUSION AND RECOMMENDATIONS
[bookmark: _Toc235439216]Conclusion
This study aimed to explore the effect of EE and SI on the adoption intention of HR analytics among HR professionals in Bangladesh. The study was based on the Unified Theory of Acceptance and Use of Technology and focused on two factors that are directly connected with the ease of using a system and the influence of important people in the organizational environment. The data were gathered from 52 HR professionals by using a structured questionnaire, followed by the assessment of the measurement model, and the structural relationships among the study constructs were performed with the help of SmartPLS.
The measurement model obtained satisfactory results. Effort expectancy, social influence and HR analytics adoption intention showed the reliability values above the recommended level and the average variance extracted values were also above 0.50. The HTMT values were kept under 0.85, meaning that the constructs were sufficiently different from each other. Some of the indicators had loadings less than the desired threshold of 0.708, but none were less than 0.40, and reliability and convergent validity of indicators remained at acceptable levels. Thus, the measurement model was appropriate to test the proposed relationships.
The results supported the first hypothesis of the study. The effort expectancy had a positive and statistically significant relationship with HR analytics adoption intention. This means that HR professionals are more likely to form a positive intention to use HR analytics when they feel that the system is easy to learn, understand and use. The effort expectancy had a medium effect size. In the two predictors in the model, effort expectancy had the larger path coefficient and thus was the stronger predictor of HR analytics adoption intention.
The second hypothesis was also supported. Results showed that social influence had a positive and statistically significant effect on intention to adopt HR analytics. This finding suggests that the attitudes, encouragement and support from supervisors, senior management, colleagues and other significance professional groups can enhance HR professionals' intention to embrace HR analytics. The effect size of social influence represented a small effect. Despite its lesser effect on the adoption intention than effort expectancy, social influence still played an important role in explaining the intention to adopt.
The combined effect of effort expectancy and social influence accounted for 46.4% of the variance in intention to adopt HR analytics, and the adjusted R square value was 44.2%. When there were only two predictors in the research model, this is significant explanatory power. Concurrently, the other variance suggests that other individual, technological and organizational factors may also affect the deployment of HR analytics. These can range from performance expectancy, facilitating conditions, analytical skills, availability of data, readiness of the organization, management support, and resistance to change.
The overall findings of the study reveal that HR professionals' intentions to implement HR analytics in Bangladesh are affected by the usability of the system and the organizational environment. HR decision makers are more likely to use HR analytics if they think that the system is easy to deal with and they are supported by influential individuals in their organization. The results also indicate that ease of learning and using HR analytics may be relevant and significant in the context of Bangladesh. So, it's not a case of simply buying software for HR analytics. Other factors that help make adoption successful are user experience, employee capability, leadership encouragement, and workplace acceptance.
The study adds to the sparse literature available on HR analytics adoption in Bangladesh by using a simplified model of UTAUT with a specific professional group. The findings reveal that effort expectancy and social influence are still important constructs to explain the intention to adopt HR analytics, but their relative contribution can differ according to the different contexts in which HR analytics are used in organizations and the nation. The study thus has both theoretical and practical significance in its consideration of technology adoption in the context of HR analytics in a developing country.

[bookmark: _Toc235439217]Scope for Future Study
The present study used purposive sampling as it involved 52 HR professionals. Future studies should consider a greater number of respondents from various regions and industries of the country, Bangladesh. A larger and more varied sample might give a more representative picture of HR analytics use and enhance the extent to which the results can be generalized. When a complete and accessible sampling frame of HR practitioners is available, then probing can also be done by using a method called probability sampling.
The model used in the current study contained only two of these factors: effort expectancy and social influence. Other variables of UTAUT, such as performance expectancy and facilitating conditions, can be added to the model for further research. Other specific factors that are very important to HR analytics can also be taken into account such as analytical self-efficacy, data quality, organizational readiness, technology infrastructure, management support, resistance to change, perceived risk, trust, and trained employees. Some of these factors might account for the residual variance in adoption intention.
More research can be conducted to determine if the relationships vary by gender, age, educational attainment, HR experience, industry, organization size and HR analytics experience. These characteristics could be explored as moderators or with multi-group analysis. Comparative study can also be carried out between Bangladesh and other countries of developing world to find out whether the influence of effort expectancy and social influence are equally applicable in national context.
Future researchers will have some qualitative and quantitative research combined. Interviews with HR professionals, managers and technology specialists can yield insights into why organisations have adopted or not adopted, or why there has been resistance. Qualitative evidence can be particularly valuable in uncovering practices in the organisation, cultural expectations, gaps in skills, and implementation difficulties which may not be adequately captured through a structured questionnaire.


[bookmark: _Toc235439218]Recommendations
As per the results, organizations need to concentrate on how easy it is to use HR analytics, and how much support HR personnel are getting from management and fellow employees. Factors for a successful implementation are a user-friendly system, training, leadership support, reliable data and regular evaluation.
· Choose HR analytics tools that are user-friendly, accessible, and easy to learn and understand during the day-to-day HR work.
· Offer hands-on training, demonstration and ongoing technical assistance to HR professionals.
· Make it clear to the employees that senior management, supervisors, and HR leaders are there to support the adoption.
· Start HR analytics in a measured and phased manner via pilot projects, and leverage the expertise of existing staff for internal support.
· Ensure HR information is recorded accurately, secure users' information, and gather feedback from users regularly to enhance the system.
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