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[bookmark: _Toc33533227]Abstract
Nowadays, information technology especially Internet of Things (IoT) has taken the world by storm. These days it is seeing how drastically we are depending on intelligent virtual objects. Since the present studies speak a lot about IoT concepts through systematic review of academic research papers, conference proceedings. Moreover, this research article focuses on the purpose and uses of CA, both negative and positive sides of using CA. Therefore, the foremost purpose of the study was to examine the adoption of conversational assistants among consumers by utilizing TAM which stands for technology acceptance model. Quantitative Data analysis had been followed using a structured questionnaire. The sample size consisted of 181 respondents from a variety of backgrounds. Multiple regression analysis showed that out of five independent variables, four variables affected intention to use Conversational Assistant. However, perceived usefulness was found insignificant to have an insignificant impact on intention. It has got implication for the Bank marketing managers regarding how consumers adopt conversational assistant.  So, marketers should focus on increasing perceived ease of use, enjoyment, trust and reduce the perceived risk in their CA.
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[bookmark: _Toc33533229]CHAPTER I: INTRODUCTION
I.1 [bookmark: _Toc33533230]Background of the study
According to the definition, the Internet of things (IoT) is the device or system of gadgets, vehicles, electronic appliances and home gadgets that are connected to wireless networks. These devices contain hardware, actuators, programming and network which allows these things to the interface, connect and trade information. The devices have sensors which collect data and it uploads the data to the cloud directly and exchanges data with other connected devices.
The internet of things comes from a mix of different kinds of advances, continuous investigation, and machine learning, item sensors, and installed frameworks. According to industry reports, the next mainstream computing platform will be voiced-based computing. Conventional fields of implanted frameworks, remote sensor systems, control frameworks, mechanization (counting home and building robotization), and others all add to empowering the Internet of things.
IoT involves spreading Internet connectivity standard devices, such as desktops, laptops, smartphones and tablets, to any range of traditionally dumb or non-internet-enabled physical devices and everyday objects. Surrounded by technology, these devices connect and interact over the Internet, and they can be slightly checked and controlled.
I.2 [bookmark: _Toc33533231]Statement of the Problem
The traditional way of banking seems too difficult to cope with this new technological era. In this report, the important use of IoT on banking sectors and what IOT adds value to banking sectors was mainly enforced. Since the banking sector is dealing with massive data transfer, gathering and analyzing data, the IoT leaving a huge impact on banking service and customers by saving their time and making the banking process, information and also the banking hospitality available to them.
CA can be the key to the tool of IoT in banking services. Though it is not widely used and still under development it is still a very sensitive topic, associated with great risk of mismanagement of private financial information. Following this trend, This paper focused on conversational assistants in banking, as there was not much research in this area of the Internet of Things. Most of the research was stumbled upon entertainment or medical purposes. 
I.3 [bookmark: _Toc33533232]Objectives of the Study
Broad objective: here the objective conducted from the study was to investigate the adoption of conversational assistant among consumers using the technology acceptance model (TAM). 
Specific objectives:
· To identify the impact of perceived usefulness on the intention of using CA. 
· To identify the impact of Perceived Ease of use on the intention of using CA. 
· To identify the impact of Perceived trust on the intention of using CA. 
· To identify the impact of Perceived enjoyment on the intention of using CA. 
· To identify the impact of Perceived risk on the intention of using CA. 

I.4 [bookmark: _Toc33533233]Theoretical Framework and Research Hypotheses 
[image: ]
Figure 1. Conceptual model

H1: Perceived usefulness significantly affects consumer usage intention of CA.  
H2: Perceived Ease of use significantly affects consumer usage intention of CA.
H3: Perceived trust significantly affects consumer usage intention of CA. 
H4: Perceived enjoyment significantly affects consumer usage intention of CA. 
H5: Perceived risk significantly affects consumer usage intention of CA. 
I.5 [bookmark: _Toc33533234]Motivation of the Study
Though there is not much research on adopting CA in banking and CA is now becoming a hot topic among all so for this reason, Adoption CA in banking had been chosen. And also to reduce the cost of employee .and to know the perception of consumers using CA for their Banking purpose. 
I.6 [bookmark: _Toc33533235]Scope and limitations of the Study
Every research has its limitations and scope for further research. The research has also been conducted in Dhaka city, the other divisions of the country have not been considered. Still, there are opportunities to broaden the scope of the research by including other cities of the country in this research. The sample respondents were limited to 181 which should be increased for the precision of the research. The technology acceptance model was used to conduct the research, however, other models can also be used to analyze customer usage intention of the technology. Cronbach’s alpha value of intention and perceived use of use scale were found low. Thus, new scale items should be used to measure these two constructs. 


[bookmark: _Toc33533236]CHAPTER II: REVIEW OF THE LITERATURE
2.1 [bookmark: _Toc33533237]Introduction 
From the study of many kinds of literature, most of them are focusing on the general adoption of conversational and IOT devices. However, some recent studies are focusing on specific areas like the adoption of CA for movie recommendation (2017, Lee, S. and Choi, J.) or the implementation of IOT devices Smart Homes or even Smart cities. Adaptation of CA for financial purpose, more closely related to our research topic, mobile banking adoption models are still being developed for specific developing countries like Bangladesh (2018, Shareef, M. A., Baabdullah, A., Dutta, S., Kumar, V., & Dwivedi, Y. K.), Sri Lanka (2018, Aboobucker, I., & Bao, Y.) and Oman (2018, Sharma, S. K., & Sharma, M.). Until today there is limited research similar to adoption of IOT and CA in banking. 
The first part of the chapter begins with the introduction of the IOT and its benefit of using IOT in various sectors. This is followed by a discussion of the overall industry analysis with also including the external economic factors. Here for the better result, a PESTEL analysis along with Porter's 5 forces of the model was conducted. For further discussion, a SWOT analysis was also performed.
The trend that observed is that these conversational assistants are rapidly gaining in scope and capabilities expanding their functionalities to the point where they can understand the mood you are in, remind of things that you should have done and recommend you content or activities to do, such as what to watch in the cinema or at home. The companies that are currently developing such solutions are gaining more and more users and are investing more and more in functionalities and developments of such products. 
Currently, the coolest use of the internet of things in banking is online banking. Online banking or Internet banking refers the system that allows users and clients of a bank or a financial institution to perform financial transactions without having to physically be present at the bank. This can be usually done for most types of transactions and it is usually done through the financial institution’s website or their mobile app. In recent times, the launch of banks that do not even perform as a typical bank, but, just as virtual banks that provide only internet services. The usual things that can be done through internet banking include checking your account balance, obtaining statements, making payments, investing in various financial products. The access is not as facile as going to the bank, so there are certain security levels in place. For example, as most access is done through the web, this includes using secure websites, authenticating yourself through a username or password, and then confirming your authentication by receiving a phone text on your mobile device or through fingerprint.
In the past, banks used to give their users remote security tokens for logging in to their bank accounts. IoT can bring major benefits to the financial sector, namely time-saving, personalized solutions and convenience. Conversational banking allows users to manage their financial assets through a device by voice or text. Most of the existing solutions are through catboats and allow a faster communication interaction than normal human interaction.
Self-disclosure can be the description as the process of revealing personal information, emotions or thoughts to others. The artificial intelligence developing enabled human-machine communication through Conversational Assistants. CA require a significant amount of personal information disclosed to learn user preferences and provide a better and more personalized response. The main challenge is to find ways that increase user satisfaction and openness to share information so that companies can create a greater value to the customer. In the previous studies, the predominant suggestion is the creation of CA with human-like communication qualities, such as self-disclosure and reciprocity. Supporting the Computers-Are-Social Actors (CASA) social response theory, that defends that humans apply the same social heuristics for both human-human interactions and human-computer interactions, such as gender stereotyping, reciprocity and personality personification. The gender aspect can be seen in the most famous CA, like Alexa and Siri that are usually associated with a female figure. The main idea was that CA self-disclosure triggers user reciprocal self-disclosure, increasing the liking and warmth in the relationship, affecting directly the interpersonal trust level. Another study, performed by Choi and Lee analyzed how the user-CA relationship can affect user satisfaction and desire to use. The relationship between the user and the CA is built and influenced by self-disclosure, reciprocity and levels of intimacy, trust and interaction enjoyment. The research findings concluded that CA self-disclosure is important to gain bigger user trust.
Both studies emphasized the importance of self-disclosure and reciprocation in human-CA interactions to make the devices more believable and realistic. In the future, CA-human interaction will increasingly approximate to normal human interactions. The studies referred above are important to understand the trade-off between personalization and privacy. The more information disclosed by the users, the greater the value they receive from the CA; however, due to personal information privacy concerns, users tend to disclose information and the CA is not used at his full potential. Conversational Assistant adoption is usually tested with prototypes to measure user response, a good example is the use of conversational assistants for movie recommendation. Unfortunately, we cannot reproduce a real banking conversation due to the confidentiality of the financial information involved.
2.2 [bookmark: _Toc33533238]Literature survey 
1. Conversational Assistant
A Conversational Assistant (CA) is a software agent that acts like an intelligent virtual assistant that can perform tasks or services for the user. By using a Chat boat for interaction with the customer's bank to engage in a two-way conversation and recapture the leading position that they used to enjoy in their customer’s financial life. 
Through familiar text there are more types of virtual assistants, depending on the method of interaction between the user and the assistant, usually by text or by speech recognition. 
To give an example, these conversational assistants act like Personal assistants in real life, meaning that they help you with different persons, find a recipe for your food, book a table for you at a restaurant, play music, or any other small or bigger task that does not require human interaction.
CA can be the key to the tool of IoT in banking services. Though it is not widely used and still under development it is still a very sensitive topic, associated with great risk of mismanagement of private financial information. Following this trend, this paper focused on conversational assistants in banking, as there was not much research in this area of the Internet of Things. Most of the research was stumbled upon entertainment or medical purposes. 
This is the positive side of CA but here what I found, CA requires a significant amount of personal information from users in order to learn their preferences and provide users with personalized responses.  The main challenge, here is the personalization privacy trade-off, the more information disclosed by the users the greater is the value-added but at the same time the personal information (PI) privacy concerns also increase. In this research there will some other issues associated with the use of AI and leaving negative impact was found:
1. Replacing the workforce with the machine can cause a wide range of unemployment problems in a country like Bangladesh, Pakistan, SriLanka the third world country.
2. If people started depending much on machines they can lose their creative power
3. AI can provide a lot of power to the number of people who are using it. While it is dehumanizing actions by taking control away from humans.
4. If AI delivered to the wrong hand it can cause a serious threat to the privacy concern.
These are the negative side at the same time AI has come with its own benefit
People are nowadays wanting self-service options which allow them to chat with virtual assistants as if it was a live customer representative.AI is now offering a new level of comfortability. Nowadays the immense growth of scam and fraud can be detected through AI. It prevents financial security with advanced fraud detection tactics. One of the significant advantages of AI is its ability to finish the exhausting tasks through complex automation, resulting in better productivity.

2. Internet of Things (IoT)
The human-computer interaction happens through ubiquitous computing which is referred to as (Ubicomp). IoT uses the ubicomp concept and allows the connection, interaction and data exchange between different devices. The IoT refers to the system of interrelated computing devices/things which embedded with the sensors, network connectivity and other electronics which enables them to collect and exchange data and makes them responsive. The terms Internet of things is a relatively recent term, that is usually mistaken by web-based systems. The main advantages and disadvantages associated with the internet of things have been studied in Weinberg et al.’s Internet of Things: Convenience vs. Privacy and secrecy (2015), this study consists of a clear discrepancy between Web-based and IoT-based environments. Therefrom the study, found the key distinguishing characteristics are data, data entry, data sharing, learning and decision making. The main differences between the Web-based environments and IoT based environments are data collection procedure. Where in web-based environment data collected through online introduced by the consumers in the digital worlds and IoT based environment data are collected through real-world consumers? Basically, IoT connects devices and can be used in any place, by anyone in any contexts/business. Weinberg (2015) also delivered important suggestions for companies who are planning to adopt IoT into the managerial routines, which include “more critical analytics skills, the human conditions, real-time network minded, further blurring of lines between professional and personal lives and privacy by design” (Weinberg et al. 2015).
Hsu and Lin surveyed 508 users in Taiwan to test the consumers’ perceived benefits and privacy concerns when it comes to the adoption of IoT services. The results indicate that users’ perception of usage benefits have a higher impact on the continuous intention of use than privacy concerns. The perceived benefits are affected by network externalities, defined as “the value or effect that users obtain from a product or service will bring about more value to consumers with the increase of users, complementary products, or services” (Katz & Shapiro, 1985). The results of this study prove the importance of informing and educating users to have a positive approach toward IoT devices.
Using Chatbot has been added a new value to customer satisfaction in the banking industry. From the definition of Chatbot, it,s a computer programming that designed to mimic conversation with a human. Say for example: “I have lost my debit card”
Replying: Okay I understand you lost your debit card. Are you ready for me to put a                    hold on your account and send a new card?
The amount of personal information that can be collected by IoT devices is too large to expect users to receive notifications per each collection event. This creates a notice and content challenge, i.e. how can the user gain feedback and exhibit control over the collected information. Several studies studied notification simplification system through a specific user interface that could allow the user to control all the devices simultaneously. According to Rau, P., Huang, E., Mao, M., Gao, Q., Feng, C. and Zhang, Y. (2015), studied the impact of culture on user experience and interaction with IoT devices, in the Smart home’s context, with potential Chinese users. The research consisted of a four-phase study to design a ‘room manager’ based on the users’ perception and interaction needs. Some user needs are shared among worldwide users, “such as efficiency, consistency and perceived privacy among worldwide users”. However, models including distinctive Chinese characteristics can increase the companies’ success by creating an easier and more natural way of communication between the Chinese users and the IoT technology.
IoT devices bring privacy concerns to his users about the loss of control over their personal information, a result of bad organizational practices, such as improper access or unauthorized leak to third parties. For this reason, a large number of recent studies focus particularly in the privacy by design concept, emphasizing the idea that the product development team and IoT devices’ companies should include privacy concern solutions in the early design stages. In Security and Privacy in the Internet of Things (IOTs) Models, Algorithms, and Implementations,(Fei Hu (2016) comprised skilful answers and ideas of the top IoT security experts worldwide to the four main privacy issues: “confidentiality, authentication, integrity and availability” (Hu 2016). This paper focus on cybersecurity in IoT devices and the importance of competent algorithms and models’ solutions to assure secure data gathering and collection. Other previous studies emphasized similar models, including identity verification system, with voice recognition and other features. The solution consisted of the creation of virtual “faces” with different privacy concerns that could be used according to each situation. The different user profiles were created by the user with a different set of privacy preferences and permissions, for example, online shopper, friend and husband/wife. The selection of faces for each daily situation could be easily done by the user in a friendly UI.
Technology Acceptance Model: 
The technology acceptance model (TAM) is an information systems theory that models how users come to accept and use technology. In 1989, Devis invented this model with the purpose of examining the acceptance of new technologies in the information system. (Yen, Y. S., & Wu, F. S.2016).This model was adapted from the theory of reasoned action and identified the causal relationship among perceived ease of use, perceived usefulness, attitudes, and behavioural intentions toward the use of technology (Fishbein & Ajzen, 1975). 
The TAM says about user acceptance that can be described by two beliefs: perceived usefulness and perceived ease of use. This model has been examined in the fields of information systems, marketing, and electronic commerce (Chau & Lai, 2003; Chen, Gillenson, & Sherrell, 2002; Igbaria, Zinatelli, Cragg, & Cavaye, 1997; O'Cass & Fenech, 2003). 
Although TAM is a very cost-effective model to gather information.
This paper develops a technology acceptance model in order to give light on what factors determine user acceptance of using CA for transactions and all banking purposes.
The TAM was theoretically tested by doing online survey (applying structural equation modelling, SEM) and using those data. The results of this study shows how attitude determines mainly the intended use of mobile apps, leaving usefulness and risk as factors that directly improve its use.
According to Davis et al., 1989; Pavlou, 2003, The TAM has is the most healthy, stingy and influential model in innovations acceptance behaviour and therefore, we consider this theoretical model as a base for the purpose of the present study(Munoz-Leiva, F., Climent-Climent, S., & Liébana-Cabanillas, F. 2017).
Perceived usefulness: 
From the original TAM perceived usefulness already been applied to wide range of ITs to measure the innovation in performance for job, life and study.(Liu & Li, 2011).
Perceived usefulness can be defined as using a system can increase someone’s job performance.
This variable is relevant to the study since CA in banking is considered innovative within online banking. And its usefulness is considered as it’s advantages which is given to the consumers is closely related to the advantages that it offers.
The perceived usefulness of using CA by asking how it helps to accomplish the task more quickly. For this, I have done with the semantic differential scale. I tend to show you how people are prone to use CA in baking and how much they think of its usefulness. 
Perceived Ease of use
According to Pavlou (2002,2003) and Bounagui and Nel (2009), a positive relationship between trust and ease of use have been identified by them in the context of the Internet.
It refers the how it is comfortable to use or you can say how much you are getting pleasure using it.it basically differs from person to person. What is found, people who are up to 40 they are not comfortable using CA. Maybe it because they are not friendly to CA or there something reliability issue.
Perceived enjoyment: 
Through CA, customers can enjoy the atmosphere and they can also access amusement through their interaction with financial services (Hill & Roldan, 2005). 
By using CA customers can interact with financial services anytime and anywhere. Thus, we can assume that perceived mobility can create customer enjoyment while using the conversational assistant.
Perceived trust:
In this research trust is recommended as a prerequisite to simplicity of use, dependent on the idea, that trust reduces the need for understand, governor and monitor the situation, simplifying the use of the tool for the user not doing much effort. There are also other studies that have showed that there is also a positive relationship between attitude and trust.
Perceived risk:
Trust is associated with risk. Bauer (1960) was initially identified as the perceived risk through the analysis of two factors: 
1. Uncertainty (lack of consumer knowledge regarding the possible outcome of a certain transaction) and 
2. From the purchasing procedure (transaction the possible negative consequences derived. He was also later identified that user behavior associated with risk which is particular as the significances of that behavior cannot be measured earlier. (Bauer, 1967). Gerrard and Cunningham (2003) also approached the same idea as ‘‘there is uncertainty about what the innovation is going to give’’ (p. 19); and Gupta and Kim (2010) as ‘‘when customer transact with a vendor their perception about the transaction is uncertain and consequences are adverse’’ (p. 19). 
Perceived risk founds a multidimensional construct put up from several different factors explaining the overall risk associated with the adoption of a certain innovation, purchase or service (Featherman & Pavlou, 2003; Aldás et al., 2011), as we have defined in this research.
 Numerous studies have discovered that attitude is changed by perceived risk (Zimmer et al., 2010) and, therefore, customers intention of adopting e-commerce (Crespo & del Bosque, 2010; Herrero & San Martín, 2012) and remote or mobile payment systems (Liébana-Cabanillas et al., 2014a; Liébana-Cabanillas, Munoz-Leiva, ˜ & Sánchez-Fernández, 2017; Slade et al., 2015).
Intention to Use:
It is a dependent variable. Intention to use refers users willingness to use CA in their transactions and all other banking purposes. With this also what other factors are triggered by users to use CA.
During the adaptation of the Theory of Reasoned Action (TRA), Davis (1986) proposed TAM (Fishbein & Ajzen, 1975). TAM is a theory-based model that explains user’s acceptance of information technology.
According to the TRA, one's intention to use technology is determined by the individual’s actual behavior to use technology. Additionally, people’s attitude and subject norm manipulate their behavior. And attitude is mostly influenced by the individual’s beliefs and their value system (Ajzen & Fishbein, 1980).
TAM has identified the perceived usefulness and perceived ease of use as core beliefs
of explaining users' intention to accept information technology.
To know the characteristics of innovation, IDT (Rogers, 1995) is used. Behind innovation diffusion the core idea of it, is the process through which an innovation is communicated by certain channels over time among the members of a social system. The TAM (Davis, 1989) mostly refers a consumer’s willingness to use technology and is derived from TRA (Fishbein & Ajzen, 1975). The TAM is tailor-made for the IS context; it is an intention-based model, relying on behavioral intention to predict usage, that was designed to predict information technology acceptance and usage in an organization. 

[bookmark: _Toc33533239]CHAPTER III: RESEARCH METHODS
3.1 Introduction
One of the most vital parts of any research activity is methodology. It refers to the blueprint or roadmap for conducting and implementing research or study. It includes the nuts and bolts of the research process. It includes research design, sample, questionnaire development, collection and analysis plan of data. 
3.2 Research design 
Three main types of research designs include exploratory, descriptive and causal research. A survey questionnaire is used and quantitative data analysis has been followed to conduct research, the descriptive research design is more pertinent to this study.
3.3 Sample 
Total of 181 respondents was participated in this study by filling up the survey questionnaire through Google form. From two main sampling methods such as probability and non-probability sampling, non-probability sampling tactic is used. Under the non-probability sampling, the convenience sampling technique is utilized to select the sample respondents from the population. 
3.4 Development of Questionnaire 
A structured questionnaire is prepared for collecting primary data from the respondents. The survey Questionnaire has three sections including demographic questions, conversational assistant related questions and measurement scale questions. The demographic section includes gender, age, education, occupation and monthly income. Conversational assistant related questions include whether they use CA or not and for what purpose they use CA. Finally, the last part is related to scale items for measuring all the six latent constructs.

3.4.1 Measurement instrument
The measurement scale items used in this research were adapted from the previously conducted research where these measurement scale items were found both valid and reliable. The following table shows the constructs and observed variables. Before conducting the analysis, a composite score was calculated for each latent construct by averaging the respective scale item values. Larger Cronbach’s α value ensured the internal consistency among the constructs. (Nunnally, 1978). 


Table 1. Dimensions and observed variables
	Dimensions 
	Variables 
	Cronbach’s alpha
	Source

	Intention (IU)

	IU1: I would like to use Conversational Assistant. 
	0.58
	Akter (2015)

	
	IU2: I do not intend to use Conversational Assistant (reversed). 
	
	

	
	IU3: I intend to use Conversational Assistant. 
	
	

	Perceived usefulness
	PU1: Using Conversational Assistant helps me accomplish task more quickly.
	0.72
	Davis (1989)

	
	PU2: Using Conversational Assistant enhances my tasks effectiveness.
	
	

	
	PU3: Using Conversational Assistant makes it easier to do my tasks.
	
	

	Perceived ease of use
	PEOU1: Learning how to use Conversational Assistant is difficult for me (reversed).
	0.48
	Parthasarathy & Bhattacherjee (1998)

	
	PEOU2: It is difficult for me to become skilful at using Conversational Assistant (reversed).
	
	

	
	PEOU3: Overall, using Conversational Assistant is easy for me.
	
	

	Perceived enjoyment
	PE1: Using Conversational Assistant is pleasurable.
	0.76
	Davis et al. (1992)

	
	PE2: Using Conversational Assistant provides me with enjoyment.
	
	

	
	PE3: Overall, using Conversational Assistant is interesting.
	
	

	Perceived trust

	PT1: I think that Conversational Assistant will maintain the terms and commitments.
	0.72
	Munoz-Leiva et al. (2017)

	
	PT2: I think that Conversational Assistant is reliable. 
	
	

	
	PT3: In general, I trust Conversational Assistant 
	
	

	Perceived risk

	PR1: Others may know information about my online transactions if I use Conversational Assistant.
	0.70
	Munoz-Leiva et al. (2017)

	
	PR2: There is a significant risk when making my queries and/or my banking transactions. 
	
	

	
	PR3: I believe that making queries and/or banking transactions with Conversational Assistant is a risky choice.  
	
	



3.5 Data collection
Secondary data are collected from different journals, publications, websites, articles, newspapers etc. After exhausting the secondary date properly, a survey was done to collect primary data. In the scale items of the survey questionnaire, the participants were asked to rate the extent to which they agree or disagree on a 5 point Likert scale ranging from highly disagree (1) to highly agree (5). The data collection continued during the month of January 2020. Some questionnaire were rejected due to incomplete information. The sample consists of 70% male and 30% female participants. 
3.6 Data analysis plan 
Survey data were analyzed using SPSS software. First of all, Frequency distribution and percentile measures were used primarily for sample distribution. Collinearity statistics had been used to test multicollinearity among the independent variables. Then, to test the hypotheses, multiple regression was performed. Moreover, the score of coefficients of Cronbach’s alpha was used to test the reliability of the scale items.  


[bookmark: _Toc33533240]CHAPTER IV: RESEARCH FINDINGS
All the independent variables primarily analyzed using the scores of mean and standard deviation. The elements were ranked based on their calculated mean values. As illustrated in Table1, perceived usefulness generates the highest mean score (M=3.69) whereas perceived ease of use has the lowest mean score (M=3.11). Apart from the perceived ease of use, other elements generated moderate mean scores. 
Table 2. Descriptive statistics
	Independent variables 
	N
	Mean
	Std. Deviation
	Rank 

	Perceived usefulness 
	181
	3.69
	.87
	1

	Perceived ease of use
	181
	3.11
	.82
	5

	Perceived enjoyment 
	181
	3.63
	.90
	2

	Perceived trust
	181
	3.59
	.83
	3

	Perceived risk 
	181
	3.19
	.93
	4



The following table shows the demographic analysis of survey participants:  
Table 3. Demographic analysis of respondents
	Category 
	Subcategory 
	Frequency 
	Percent (%)

	Gender
	Female
	54
	29.8

	
	Male
	127
	70.2

	Age
	21 - 30
	127
	70.2

	
	31 - 40
	11
	6.1

	
	41 - 50
	12
	6.6

	
	Above 50
	9
	5.0

	
	Below 21
	22
	12.2

	Education Level 
	Graduate
	46
	25.4

	
	HSC
	8
	4.4

	
	Post-graduate and above
	39
	21.5

	
	Undergraduate
	88
	48.6

	Occupation 
	Businessman
	10
	5.5

	
	Professional
	22
	12.2

	
	Self-employed
	7
	3.9

	
	Service
	24
	13.3

	
	Student
	118
	65.2

	Income 
	21,000 - 30,000
	26
	14.4

	
	31,000 - 40,000
	23
	12.7

	
	41,000 - 50,000
	22
	12.2

	
	Above 50,000
	59
	32.6

	
	Below 20,000
	51
	28.2



As table 4 indicates correlations among all the constructs where all the correlations are significant at p<0.01 and p<0.05. All the independent variables except perceived risk are positively and significantly correlated with intention. The intention is highly correlated with perceived trust (r=0.551). On the other hand, the lowest correlation was found between intention and perceived risk (r=-0.134). 

Table 4. Correlation matrix
	
	Perceived usefulness
	Perceived ease of use
	Perceived enjoyment 
	Perceived trust
	Perceived risk 

	Perceived usefulness 
	
	
	
	
	

	Perceived ease of use
	.200**
	
	
	
	

	Perceived enjoyment 
	.664**
	.194**
	
	
	

	Perceived trust
	.619**
	.286**
	.649**
	
	

	Perceived risk 
	.240**
	-.354**
	.253**
	.148*
	

	Intention
	.407**
	.395**
	.466**
	.551**
	-.134


Note: Significant correlation is indicated by ** (0.01 level) and * (0.05 level) 2-tailed 
Test of Multicollinearity
Following table displays that lack of autocorrelation among the independent variables as Durbin-Watson statistics 1.975 falls within the acceptable range (1.5 and 2.5). Multicollinearity can be detected if the VIF (Variance Inflation Factor) value exceeds 10 (Hair et al., 1995), 5 (Rogerson, 2001), 4 (Pan & Jackson, 2008). Here, maximum VIF 2.194 which falls in the acceptable level. Tolerance value also falls within the acceptable range (0.1 and 1). So, regression analysis is appropriate for analyzing the data.
Table 5. Results of Multicollinearity test
	Independent Variable
	Tolerance
	VIF

	Perceived usefulness 
	.488
	2.048

	Perceived ease of use
	.743
	1.347

	Perceived enjoyment 
	.456
	2.194

	Perceived trust
	.496
	2.017

	Perceived risk 
	.747
	1.338

	Durbin-Watson 2.049



The regression analysis has been conducted for testing the formulated hypotheses. The following table includes the result of multiple regression between the independent variables and intention. The result shows the value of R2, the standardized regression coefficients (Beta), t statistics and associated p-value. 
Table 7. Results of multiple regressions
	Independent Variables
	Dependent Variable
	R2
	Beta
	t
	Sig
	Impact

	PU 
	Intention
	0.413
	0.057
	.687
	.493
	Insignificant

	PEU
	
	
	0.172
	2.563
	.011
	Significant

	PE 
	
	
	0.212
	2.472
	.014
	Significant

	PT
	
	
	0.357
	4.342
	.000
	Significant

	PR 
	
	
	-0.193
	-2.887
	.004
	Significant


The above multiple regression analysis indicates that four out of five independent variables were significantly related to intention to use a conversational assistant. Conversely, perceived usefulness had no significant relationship with intention. Perceived ease of use (=0.172, t=2.563) and perceived enjoyment (=0.212, t=2.472) significantly related to intention at p<0.05. Perceived trust (=0.357, t=4.342) was significant at p<0.001. Perceived risk (=-0.193, t=-2.887) was significant at p<0.01. The relationship is further supported by the R2 value (0.413) which implies that around 41% variance in intention is explained by all the independent variables. 
Thus, the hypotheses H2, H3, H4 and H5 were supported. Conversely, H1 was rejected as perceived usefulness had no significant relationship with intention. 





[bookmark: _Toc33533241]CHAPTER V: DISCUSSION 
[bookmark: _Toc33533242][bookmark: _Toc24743512]5.1 Conclusions
The paramount objective of the research was to explore the adoption of a conversational assistant. The study context of the research is banking industry with application of the technology acceptance model. Besides two predictors of technology acceptance model such as perceived usefulness and perceived ease of use, the other three independent variables namely perceived enjoyment, perceived trust and perceived risk were incorporated with the model. The research has found that among the five independent variables, four variables significantly affected consumer usage intention of a conversational assistant in banking. However, perceived usefulness was found insignificant related to intention. As perceived usefulness was found significant related to intention, perhaps consumers perceive conversational assistant of banks less useful. Hence, banking service marketer should concentrate on the increasing use of conversational assistant and shape the perception of the customers about that. Usage intention of consumers was significantly influenced by perceived ease of use, enjoyment and trust. Thus, marketers and decision-makers should focus more on these factors. However, there was a significant negative association between perceived risk and usage intention of conversational assistant. It indicates that as the perceived risk increases, intention to use decreases. Therefore, marketers should strive to reduce the perceived risk of consumers to make them pursue conversational assistant. This study finds a similar result in the study conducted by Laumer et al. (2019) where they found that the consumer was driven by trust to adopt conversational agents for diseases diagnosis and privacy risk expectancy negatively affect the adoption.  Kim et al. (2019) also found that trust of information and trust of security significantly affected intention to use chatbot service. Richad et al. (2019) found that perceived ease of use affected behavioural intention toward chatbot. However, these study findings on perceived usefulness conflicts with the findings of Richad et al. (2019) who found perceived usefulness as a significant factor. 
5.2 Suggestions for Future Research
Every research has its limitations and scope for further research. The research has also been conducted in Dhaka city, the other divisions of the country have not been considered. Still, there are opportunities to broaden the scope of the research by including other cities of the country in this research. The sample respondents were limited to 181 which should be increased for the exactness of the research. The technology acceptance model was used to conduct the research, however, other models can also be used to analyze customer usage intention of the technology. Cronbach’s alpha value of intention and perceived use of use scale were found low. Thus, new scale items should be used to measure these two constructs. 
[bookmark: _Toc33533243]5.3 Recommendations 
· As this study identified four out of five factors were significant in forecasting the usage intention of conversational assistant, marketers should consider these four variables such as perceived ease of use, perceived enjoyment, perceived trust, perceived risk as to the most important elements from the perspective of banking service. 
· Managers of service marketers also should improve the perceived usefulness of their conversational assistant. 
· They should also shape the perception of customers toward the use of conversational assistant regarding perceived usefulness. 
· Finally, risk perception among consumers should also be reduced to augment conversational assistant usage. 

Project Outline
The initial chapter briefly presents the background, objective, problem statement and method of use. The second chapter discusses the literature review of basic concepts. More important is the methodology used in the design and implementation of Chapter three of the project. Chapter four introduces elaborate simulation and network problem solving with different results. Chapter five gives Smart City the format of smart cities and ideas and finally, chapter six concludes with brief conclusions and suggestions for future projects.
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[bookmark: _Toc33533245]Appendix-A: 	Comment by Administrator: Survey questionnaire, if any
SPSS output 
 
	Use of Conversational assistant 

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	No
	53
	29.3
	29.3
	29.3

	
	Not Sure
	31
	17.1
	17.1
	46.4

	
	Yes
	97
	53.6
	53.6
	100.0

	
	Total
	181
	100.0
	100.0
	




	Purpose of use 

	
	Frequency
	Percent
	Valid Percent
	Cumulative Percent

	Valid
	
	12
	6.6
	6.6
	6.6

	
	Checking Account Balance
	39
	21.5
	21.5
	28.2

	
	Faster Communication
	37
	20.4
	20.4
	48.6

	
	Making Payment
	28
	15.5
	15.5
	64.1

	
	Managing financial assets
	21
	11.6
	11.6
	75.7

	
	Others
	44
	24.3
	24.3
	100.0

	
	Total
	181
	100.0
	100.0
	



	Model Summaryb

	Model
	R
	R Square
	Adjusted R Square
	Std. Error of the Estimate
	Durbin-Watson

	1
	.642a
	.413
	.396
	.66193
	2.049

	a. Predictors: (Constant), PR, PT, PEOU, PU, PE

	b. Dependent Variable: Intention



	ANOVAa

	Model
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	1
	Regression
	53.905
	5
	10.781
	24.605
	.000b

	
	Residual
	76.677
	175
	.438
	
	

	
	Total
	130.582
	180
	
	
	

	a. Dependent Variable: Intention

	b. Predictors: (Constant), PR, PT, PEOU, PU, PE



	Coefficientsa

	Model
	Unstandardized Coefficients
	Standardized Coefficients
	t
	Sig.
	Collinearity Statistics

	
	B
	Std. Error
	Beta
	
	
	Tolerance
	VIF

	1
	(Constant)
	1.257
	.337
	
	3.734
	.000
	
	

	
	PU
	.055
	.081
	.057
	.687
	.493
	.488
	2.048

	
	PEOU
	.180
	.070
	.172
	2.563
	.011
	.743
	1.347

	
	PE
	.201
	.081
	.212
	2.472
	.014
	.456
	2.194

	
	PT
	.366
	.084
	.357
	4.342
	.000
	.496
	2.017

	
	PR
	-.176
	.061
	-.193
	-2.887
	.004
	.747
	1.338

	a. Dependent Variable: Intention
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