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In twenty-first century, the use of mobile payment has significantly increased both in numbers and in volumes. All over the world, more and more people are getting engaged in cashless transactions by initiating the use of mobile payment without relying much on the need to carry cash with them. Bangladesh is no different; such trends are also apparent in this country. This study is an attempt to understand the behavioral intention of using mobile payment in Bangladesh. 
The precise objective of the study is to evaluate the impact of perceived ease of use, perceived security, individual mobility, and perceived social influence on the behavioral intention of using mobile payment in Bangladesh. Data were collected from 508 respondents currently living in Dhaka city. The sampling technique used was purposive in nature to ensure the representation from different segments of the mobile payment market. The questionnaires prepared from the established measures for measuring the aforesaid variables were administered through Google Form; therefore no missing values were found because the items measuring all the variables considered were made compulsory to be answered through setting. A multiple regression analysis was conducted considering the behavioral intention as the dependent variable and perceived ease of use, perceived security, individual mobility, and perceived social influence as the independent variables
The impact of perceived ease of use, perceived security, individual mobility, and perceived social influence on the behavioral intention of using mobile payment in Bangladesh is found to be statistically significant. The changes in the behavioral intention of using mobile payment can be explained by the changes in perceived ease of use, perceived security, individual mobility, and perceived social influence by 52.78 percent. No multicollinearity was found among the independent variables and error terms were found to be normally distributed. All other assumptions of conducting the multiple regressions were also checked and found to be not violated. So it can be logically concluded that managers and policy decision-makers may attempt to increase the behavioral intention of using mobile payment by improving perceived ease of use, perceived security, individual mobility, and perceived social influences.
Keywords: Behavioral Intention, Mobile Payment
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[bookmark: _GoBack]With the civilization of modern generations, the lifestyle of people has changed a lot. Starting from barter trade system then came up with money transactions; now in twenty-first century the transaction is becoming cashless day by day. It doesn’t mean that people do not have money, rather people are trading money without cash in hand. As already implied, the trend towards a cashless means of payment can be observed in the virtual realm as well as in the real world. The extensive use of credit and debit cards for proximity purchases has already demonstrated the possibility of considerably reducing the volume of cash-based transactions. This conversion from physical to virtual payments has already brought significant benefits to consumers and merchants alike in terms of convenience and speed (Ondrus et al. 2006).
They are doing it through different digital payment system worldwide. Some of them are- Browser based transaction, QR code payment, App based payments, Payment links etc. The purpose of using mobile payment is convenience, security, reliability and the success of e- commerce grew. With digitalization the treat of mobile payment has increased with time such as hacking, online fraud etc. But a few is so popular in worldwide such as- debit card, credit cards, pay-pal etc. In Bangladeshi context along with debit credit cards baksh, nagad, rocket etc. are some famous forms of mobile payment. 
Technological innovation has revolutionized the payment system. For customer convenience, especially during covid-19 period; peoples’ less intention in exchanging money has increased the adoption of mobile payments. The neighbor country of Bangladesh, as an example- According to the World Payments Report, 2019 India’s digital payments sector has witnessed an upsurge in recent years aided by easy access to smartphone, infrastructure upgrades and favorable regulatory support (Abdullah et al. 2021). As per the report titled “India Internet 2019” the number of active internet users in India stands at 451 million (Abdullah et al. 2021), (Nielsen Holdings). According to a report by Worldline titled “India Digital Payments Report 2019” Unified Payment Interface (UPI) emerged as having the most preferred mode of payment (Abdullah et al. 2021). Mobile payment services due to its convenience and easy to use interface have grown significantly in India in the past few years (Abdullah et al. 2021).  Demonetization of the specified banknotes and the subsequent Government policy of Digital India have fostered the adoption of mobile-based payment solution. The Faster Payment Innovation Index of Fidelity National Information Services recognized India as having (Abdullah et al. 2021), the most evolved digital payment system among the 25 Countries that were evaluated (Abdullah et al. 2021). The vast development of mobile phone technology enables the growth of internet services. Internet brings the electronic transaction systems (Preuveneers et al. 2016) to the mobile phones and also m-commerce (Turban et al 2016) becomes an alternative for e-commerce. As m-commerce is growing at a tremendous pace, it is getting much more attention than e-commerce nowadays. M-commerce has the same characteristics (Hubert et al. 2017) as e-commerce with some extra advantages like Mobile Payment System, which allows clients to perform transactions in real-time by using mobile phones anywhere; all it needs is internet connectivity. Another advantage is that, unlike a PC, one can carry his/her mobile phone anywhere. Some other benefits are interoperability, speed, cost, and cross-border payments (Ahmed et al. 2021).
Other than this from the statistic prediction of world report, the global m payment market is anticipated to grow between 2023 and 2031. In 2022 the market was growing at a steady rate. The global Mobile Payments market size was valued at USD 1694358.89 million in 2021 and is expected to expand at a CAGR of 28.2% during the forecast period, reaching USD 7520693.28 million by 2027. (Mobile Payment Market Size, Trend, and Overview, 2024).
The main reason for the promotion of mobile payments services is to make the citizens digitally empowered, reduce intermediation and thereby make the society cashless, paperless and faceless. Mobile payments services play a vital role in this twenty-first century, as in this digital world, the users have their own phone and through few clicks users can easily transfer money without the constraints of geographical distance between payer and payee, access to paper bills and time (Grover et al. 2017). Mobile payments is a subset of electronic payments which enables payments of good and services without any use of paper cash and payments is done by using wireless and other communication channels (Dahlberg et al. 2008). In other words, mobile payments empower individuals to make online payments for any products and services such that there is no constraints of physical proximity, geographical barriers and traceability of payments through a mobile phone with internet connectivity. (Kar, 2021).
 The condition of mobile payment system in Bangladesh; According to Mustafa Jabbar (Posts and Telecommunications Minister)
“We should not doubt the need to transition into a cashless society; that is the trend which is rampant worldwide and we must follow suit. We must evaluate how much of a stride we have made in building up a good physical infrastructure. Additionally, the legal infrastructure must also be looked into and analyzed. Regarding the physical structure of the financial system, the internet plays an important role. During this pandemic, internet usage has increased by around 40 percent and phone calls have seen a decrease of around 20 percent. Back in January, our bandwidth usage was about 1,000 Gbps. Bangladesh currently has access to 2,100 Gbps bandwidth. This is a vast improvement. The Info-Sarker Phase 3 program plans to connect 2,600 unions to the internet. In regards to areas which are out of reach or tough to access, we are looking into providing internet access via the Bangabandhu satellite. The crisis, in today's world, occurs when internet is not accessible. We started 3G internet in the country, followed by 4G internet in 2018. We are still trying to make 4G available in many rural areas. We are looking forward to the future and it is our dream to see all rural areas of Bangladesh have access to quality internet. We have begun manufacturing smartphones in the country minimizing the costs for the customers as well as creating more employment opportunities. We are also looking into 5G as a successor to 4G.” (Digital Bangladesh 2021: Payment Systems and Fintech, 2021).
The transition from an eons-old unit of payment like cash to myriad cashless forms like cards, QR codes, online payments, wallets etc. takes a lot more than just time. Consumers have seen, experienced and got used to the benefits of cashless payments. It eliminates the need to shuffle for change, making it much faster. It helps one keep track of spends and has embedded security that protects transactions, along with fraud detection and prevention and redressal mechanisms, none of which can happen with cash payments.
Data from Bangladesh Bank shows the exponential growth in card usage. At point of sale (POS), the transaction value through cards jumped 58% from February'20 to February'23 touching Tk 2,392 crore, while online/ecommerce payments grew 3.3 times in the same period to touch Tk 1,072 crore (Bangladesh Bank, n.d.). Cashless payments are clearly gaining momentum, aided by increased regulatory support that is fueling innovation, a prime example being mobile payments. In Bangladesh, mobile payments were introduced in 2018 for credit cards only. Currently, cardholders can tap to pay via credit, debit and prepaid cards for up to Tk 5,000 without entering their PIN or two-factor-authentication (2FA); they can simply tap to pay. Users receive SMS alerts with details, ensuring the safety of their cards and money.
mobile payments come with inherent benefits of safety, speed and convenience. One is rid of the hassle of using cash and can pay for purchases in mere seconds by tapping the card. It is a natural fit for places that witness long queues and peak time rush – like transit, quick service restaurants, supermarkets, fuel stations etc. Currently the government of Bangladesh is working to make the country's transactions go cashless by 75% within the next four years. (75% Cashless Transactions by 2027: Governor, 2027).
Cards now come with a chip-and-PIN technology that makes them impossible to clone. Now with contactless cards, there are multiple layers of security and real time fraud detection that minimize the risk of fraud. For businesses, cashless payments through commercial cards and other solutions can help streamline operations, provide better working capital support and increase efficiency ensuring transparency within money flows, both for the business and the authorities. (The Benefits of a Cashless Society, 2020). 
Eventually, this creates positive impact in controlling corruption, tax evasion, and other nefarious activities. (Going Cashless: A Path Towards Sustainable Growth, n.d.) 
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[bookmark: _Toc171231326]1.1 A Brief Overview of Related Theories
Several theories have the potential to explain the acceptance of innovation or technological breakthroughs among certain populations. This section is concerned with those theoretical underpinnings in relation to the behavioral intention of using mobile payment in the context of Bangladesh. 
The theory of reasoned action is a mathematical model that allows scientists to predict behavioral intentions as a function of attitudes and subjective norms. It was first proposed by psychologists Martin Fishbein and Icek Ajzen as an improvement of the information integration theory, another model of human behavior. The three most important components of the theory of reasoned action are beliefs, attitudes, and intentions. Beliefs usually describe the probability that a person thinks some action will cause a certain outcome; attitudes concern whether or not someone thinks that outcome is favorable or unfavorable; and intention is the way that someone intends to behave in response to beliefs and attitudes. Fishbein and Ajzen proposed a hierarchy for the theory of reasoned action. They believed that attitude, subjective norms, and perceived behavior control all contribute to intention, which leads to some extent to behavior. The behavioral, normative, and control beliefs underlying these are influenced by external variables such as demographics and personality. Another improvement that Fishbein and Ajzen (1975) made to the theory of reasoned action is the inclusion of two new elements in predicting behavioral intent: attitude and the expectations of other people. Theory of Reasoned Action (fishbein and Ajzen, 1975)
The TPB is also a widely applied behavioral model. It helps us understand how the behavior of people can change. The model assumes that behavior is planned; hence, it predicts deliberate behavior (Ajzen, 1991);(Kagee et al 2008). According to the theory of planned behavior (Ajzen, 1991), behaviors are influenced by intentions, which are determined by three factors: attitudes, subjective norms, and perceived behavioral control. It is also possible for external factors to directly force or prevent behaviors, regardless of the intention, depending on the degree to which a behavior is actually controlled by the individual, and the degree to which perceived behavioral control is an accurate measure of actual behavioral control. (Theory of Planned Behavior, n.d.)
The primary objective of TAM was to shed light on the processes underpinning the acceptance of technology, in order to predict the behavior of and provide a theoretical explanation for the successful implementation of technology. The practical objective of TAM was to inform practitioners about measures that they might take prior to the implementation of systems. To fulfil the objectives of the theory, several steps were carried out (Davis, 1989; Davis, 1993). Davis embarked on the development of the model of technology acceptance by framing the processes mediating the relationship between IS characteristics (external factors) and actual system use. (Technology Acceptance Model - Theoryhub - Academic Theories Reviews for Research and T&L, n.d.)
  
The theoretical model of UTAUT suggests that the actual use of technology is determined by behavioral intention. The perceived likelihood of adopting the technology is dependent on the direct effect of four key constructs, namely performance expectancy, effort expectancy, social influence, and facilitating conditions. The effect of predictors is moderated by age, gender, experience and voluntariness of use (Venkatesh et al., 2003). 
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This section of the report is concerned with the evaluation underlying theories and current scenarios surrounding mobile payment across Bangladesh and the rest of the world.
[bookmark: _Toc170803079]
[bookmark: _Toc171231328]2.1 Related Theories

Though the theoretical underpinnings were summarized in the previous section, this section will elaborate on those theories for the purpose generating and/or developing the relevant research hypotheses to investigate the impact of various proposed variables on the behavioral intention of using mobile payment in the context of Bangladesh.
Theory of Reasoned Action: 
The aim of the TRA is to explain volitional behaviors. It’s explanatory scope excludes a wide range of behaviors such as those that are spontaneous, impulsive, habitual, the result of cravings, or simply scripted or mindless (Bentler et al. 1979), (Langer 1989). Such behaviors are excluded because their performance might not be voluntary or because engaging in the behaviors might not involve a conscious decision on the part of the actor. The TRA also excludes from its scope those behaviors that may require special skills, unique opportunities or resources, or the cooperation of others to be performed (Liska, 1984). One may be prevented from performing a behavior because of a skill deficit, lack of opportunity, or lack of cooperation from others and not because of a voluntary decision not to engage in the behavior. (Hale et al. 2002). The TRA posits that the strongest or most proximal predictor of volitional behavior is one's behavior intention. Behavioral intentions are thought to be the result of both an individual influence and a normative influence. The individual influence on intention is a person's attitude toward performing the volitional behavior. The normative influence on intention is what Fishbein and Ajzen referred to as some one’s subjective norm (Hale et al. 2002).
Theory of Planned Behavior:
The theory of planned behavior was first described in 1985 (Ajzen, 1985), TPB is today one of the most popular social psychological models for the prediction of behavior. It has its roots in Ajzen and Fishbein's (1980) theory of reasoned action, which was developed in response to observed lack of correspondence between general dispositions, such as racial or religious attitudes, and actual behavior. Instead of dealing with broad attitudes of this kind, the TPB focuses on the behavior itself, and it goes beyond attitudes to consider such other influences on behavior as social norms and self-efficacy beliefs (Ajzen, 2005).
According to the theory of planned behavior, human action is influenced by three major factors: a favorable or unfavorable evaluation of the behavior (attitude toward the behavior); perceived social pressure to perform or not perform the behavior (subjective norm); and perceived capability to perform the behavior (self-efficacy [Bandura, 19971), or perceived behavioral control. In combination, attitude toward the behavior, subjective norm, and perception of behavioral controlled to the formation of a behavioral intention. As a general rule, the more favorable the attitude and subjective norm, and the greater the perceived behavioral control, the stronger should be the person's intention to perform the behavior in question. The relative importance of the three predictors as determinants of intentions can vary from behavior to behavior and from population to population. Finally, given a sufficient degree of control over the behavior, people are expected to carry out their intentions when the opportunity arises. Unfortunately, although we may be able to measure some aspects of actual control, in most instances we lack sufficient information about all the relevant factors that may facilitate or impede performance of the behavior (Ajzen, 2011).
Technology Acceptance Model:
With growing technology needs in the 1970's, and increasing failures of system adoption in organizations, predicting system use became an area of interest for many researchers. However, most of the studies carried out failed to produce reliable measures that could explain system acceptance or rejection (Davis, 1989). In 1985, Fred Davis proposed the Technology Acceptance Model (TAM) in his doctoral thesis at the MIT Sloan School of Management (Davis, 1985). He proposed that system use is a response that can be explained or predicted by user motivation, which, in turn, is directly influenced by an external stimulus consisting of the actual system's features and capabilities (Chuttur, 2009). TAM focuses on perceived ease-of-use and usability as the main indicators to investigate the impact of a new technology on its users (Persico, 2014). TAM model is used for both academic and industrial research (wang et al. 2023). The Technology Acceptance Model is indeed a very popular model for explaining and predicting system use. To date, there have been an impressive number of studies on TAM, but while several confirmatory results have been obtained, there are skepticisms shared among some researchers regarding the application and theoretical accuracy of the model. Consequently, it is tempting to conclude that research on TAM may have reached a saturation level, such that future research will focus in developing new models that would exploit the strengths of the TAM model while discarding its weaknesses (Chuttur, 2009).
Unified Theory of Acceptance and Use of Technology:
The theoretical model of UTAUT suggests that the actual use of technology is determined by behavioral intention. The perceived likelihood of adopting the technology is dependent on the direct effect of four key constructs, namely performance expectancy, effort expectancy, social influence, and facilitating conditions. The effect of predictors is moderated by age, gender, experience and voluntariness of use (Venkatesh et al. 2003) (Unified Theory of Acceptance and Use of Technology – Theoryhub - Academic Theories Reviews for Research and T&L, n.d.). UTAUT has distilled the critical factors and contingencies related to the prediction of behavioral intention to use a technology and technology used primarily in organizational contexts. In longitudinal field studies of employee technology acceptance, UTAUT explained about 70 percent of the variance in behavioral intention to use a technology and about 50 percent of the variance in technology use (Venkatesh et al. 2012). UTAUT has served as a base-line model and has been applied to the study of a variety of technologies in both organizational and non-organizational settings. There have been many applications and replications of the entire model or part of the model in organizational settings that have contributed to fortifying its generalizability (e.g., Neufeld et al. 2007). There are three broad types of UTAUT extensions/integrations. The first type of extension/integration examined UTAUT in new contexts, such as new technologies (e.g., collaborative technology, health information systems; Chang et al. 2007), new user populations (e.g. healthcare professionals, consumers; Yi et al. 2006) and new cultural settings (e.g., China, India; Gupta et al. 2008). The second type is the addition of new constructs in order to expand the scope of the endogenous theoretical mechanisms outlined in UTAUT (e.g., Chan et al. 2008; Sun et al, 2009). Finally, the third type is the inclusion of exogenous predictors of the UTAUT variables (e.g-, Neufeld et al. 2007; Yi et al.2006). These extensive replications, applications, and extensions/integrations of UTAUT have been valuable in expanding our understanding of technology adoption and extending the theoretical boundaries of the theory (Venkatesh et al. 2012). 

[bookmark: _Toc170803080][bookmark: _Toc171231329]2.2 Contemporary Issues of Mobile Payment

In recent years, as consumers have sought out more convenient and secure payment methods, mobile payments and digital wallets have grown in popularity. However, despite their benefits, there are still issues that must be resolved before mobile payments and digital wallets are widely used. Security issues are one of the biggest obstacles to the adoption of mobile payments and digital wallets. When using mobile payments or digital wallets, consumers are concerned about the security of their financial information.
They worry that someone might steal or jeopardize their personal information, causing them to suffer financial losses. To protect the security of customers' financial information, it is essential to have secure encryption and authentication methods in place.
Another obstacle to the adoption of mobile payments and digital wallets is a lack of confidence. Due to worries about security and fraud, some consumers are still hesitant to use mobile payments or digital wallets. The acceptance of mobile payments and digital wallets may be significantly hampered by this lack of trust.
Thus, it is essential to inform customers about the advantages and security of mobile payments and digital wallets in order to boost their confidence and promote wider usage. (Challenges Facing the Future Adoption of Mobile Payments and Digital Wallets, n.d.)
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Perceived ease of use
Perceived social influence
Effects of individual mobility
Perceived security
Usage behavior of mobile payment
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This section of the report will attempt to systematically develop the research hypotheses based on the theoretical underpinnings.
Perceived Ease of Use:
[bookmark: _Hlk165980744]Ease of use is the term that describes how an individual portrays any process or system to be completed within a short period without much hassle and thus being easy to handle (Taylor & Todd, 1995). Henceforth, ease of use is one of the essential variables to consider while researching a consumer’s willingness to use. The relationship between ease of use, attitude, and intention to use has also often been examined (Schepers & Wetzels, 2007). Perceived ease of use in mobile payment includes ease of handling, fast processing of the payment transaction, the high number of accepting merchants, easy learnability of payment procedure, no installation of software on the mobile device, and no pre-registration necessary (Chaveesuk et al. 2018). The era of globalization has primarily converted consumers’ mobile payments into everyday activities based on their ease of use (Nguyen & Ao, 2022). Many researchers have previously studied digital mobile payments’ convenience among consumers and have demonstrated how perceived ease of use coerces users to continue usage of mobile payments (Aydin & Burnaz, 2016; Ramos de Luna et al., 2019; Madan & Yadav, 2018; Thakur & Srivastava, 2014; Zegrean & Paraschiv, 2013). Studies showed how perceived ease of use could enhance long-term satisfaction among consumers (Singh et al., 2020). The Payment and Clearing Association of China study revealed how 95.6% of consumers used mobile payment services based on ease of use and convenience (Chen, 2022). (Keramati et al., 2012) focused on how mobile payment services are adopted through a conceptual model where the behavioral intention is variable, including ease of use. Therefore, mobile payment providers should effectively understand how intention and loyalty to continue their usage are positively affected by ease of use or convenience (Naher et al., 2022). 
H1a. Perceived ease of use positively influences behavioral intention to adopt digital wallets.
H1b. Users’ behavioral intention to adopt digital wallets mediates the relationship between perceived ease of use and continued usage behavior of digital wallets.

Perceived Social Influence:
[bookmark: _Hlk165986497]With the intensity of social networks being practiced daily, potential users of new technology are heavily influenced to use digital wallets. Previous research finds that the degree to which potential users believe their social network services affect the intention to use mobile payment and its actual use (Ramos de Luna et al., 2019, Oliveira et al., 2016, Singh et al., 2020). Social Influence is majorly focused on how the technology acceptance process is focused in greater detail, depending on the attributes of people around the users (Singh et al., 2020). Perceived social influence is the primary driver of behavioral intention, followed by performance expectancy and personal attitude, while trust did not affect the customers’ behavioral intention (Curtale & Liao, 2021). Social influence allows the consumers to gather information from other users regarding their experience and the service users consider the information provided by peers on social media (Haught et al., 2014). Social influence is the strongest predictor of behavioral intention (Curtale & Liao, 2021) (Naher et al., 2022).  
H2a. Perceived social influence positively influences behavioral intention to adopt digital wallets. H2b. Users’ behavioral intention to adopt digital wallets mediates the relationship between perceived social influence and continued usage behavior of Digital wallet.

Effects of Individual Mobility:
 Mobile technology is most widely appreciated for its mobility function, which allows users to access services ubiquitously while on the move, using wireless networks and a variety of mobile devices, including PDAs and mobile phones (Au & Kauffman, 2008). LiébanaCabanillas (2012) conducted a review of hundreds of articles and concluded that the most highly valued quality of mobile commerce is the ease of movement offered by mobile phones. This mobility is also precisely what has become fundamental to m-payments (Jamshidi et al., 2018; Mallat & Tuunainen, 2005). The present study characterizes IM as the unfettered capacity to carry out tasks at any point and in any location (Liébana-Cabanillas et al., 2018b). Schierz et al. (2010) found that IM positively impacts on intention to use m-payment services. Based on the above points, we propose the following research hypothesis:
 H3a. Individual mobility has a positive impact on behavioral intention.
H3b. Individual mobility has no positive impact on behavioral intention.
(Liébana-Cabanillas et al., 2021)
Perceived Security:
To fully adopt technology like mobile payments, there have always been barriers like perceived security due to privacy issues (Phonthanukitithaworn et al., 2016). The mobile payment service provider directly impacts consumer intentions to use m-payment services. In contrast, a lack of consumer trust may impede the uptake of this type of payment service (The Model of Mobile Payment System Acceptance on Social Networks in Thailand: A Conceptual Framework, 2018). In Iran, a study on the factors that affect trust in online banking was discovered, and their influences were managed, which provided support concerning mobile payments (Zhou & Wang, 2013). A recent study shows current users are highly concerned about the issue of trust with entities involved in the mobile payment process and activities as they are very much aware of giving the mobile payment service providers their personal information (e.g., telephone number, date of birth, address, credit card number) when conducting such payment transactions (The Model of Mobile Payment System Acceptance on Social Networks in Thailand: A Conceptual Framework, 2018). While addressing mobile payments, in general, a consumer uses four personality traits: optimism, innovativeness, discomfort, and insecurity. Optimism and innovativeness are drivers of TR, while discomfort and insecurity are inhibitors (Balakrishnan & Mohd Shuib, 2021). Security issue of the consumers can be reduced by providing a positive user experience (Zhou, 2011). Trust and mutual complementarity are also proven to promote behavioral intention, which can increase mobile payment usage (Phonthanukitithaworn et al., 2016). This willingness to have confidence and reliance on an exchange partner is a cornerstone in building trust and helps customers make the behavioral intention of labeling an exchange partner trustworthy (Gao & Waechter, 2017; (Ventre & Kolbe, 2020), (Naher et al., 2022).  
[bookmark: _Hlk165986260]H4a. Perceived security positively influences behavioral intention to adopt mobile payments.
H4b. Perceived security nehatively influences behavioral intention to adopt mobile payments.


Behavioral Intention:
To many researchers (e.g. Tang et al., 2022; Tian et al., 2023; Xiao & Goulias, 2022), behavioral intention can be termed as “the degree to which a person is intended to use a certain technology”. It can also be referred to as a person’s propensity to use technology or to maintain current level of technology use in the perspective of different factors or determinants that may impact technology use (Tang et al., 2022). This study uses customers’ stated intentions to predict their usage patterns, while some researchers (e.g. Alassafi, 2022) indicated that customers’ behavioral intentions have impacts on their actual actions. Even though there are substantial number of studies (e.g. Berndt, 2023; Hooda et al., 2022), utilization of financial technology and mobile payment were less emphasized (Alkhowaiter, 2022), Hu et al. Thus, the hypothesis proposed is as under:
[bookmark: _Hlk166405790] H5a: Behavioral intention has a significant and positive effect on the user behavior of mobile payments.
H5b: Behavioral intention has no significant and positive effect on the user behavior of mobile payments.
[bookmark: _Toc170803075]

[bookmark: _Toc171231332]4.0 Methodology and Limitations of the Study

Data were collected both from primary and secondary sources. Secondary sources of the data basically inform the theoretical underpinnings of the study and in the development of research hypotheses; whereas primary data were collected to test the proposed research hypotheses.
The precise objective of the study is to evaluate the impact of perceived ease of use, perceived security, individual mobility, and perceived social influence on the behavioral intention of using mobile payment in Bangladesh. Data were collected from 508 respondents currently living in Dhaka city. The sampling technique used was purposive in nature to ensure the representation from different segments of the mobile payment market. The questionnaires prepared from the established measures for measuring the aforesaid variables were administered through Google Form; therefore no missing values were found because the items measuring all the variables considered were made compulsory to be answered through setting. The sample size used is well above the sample size suggested by G*Power, 104+K rule, and 30*K rule.
The primary limitation of the research is the sampling technique used in this study. Purposive sampling is restrictive in a sense that the findings cannot be generalized beyond the sample used for the study. Hence the findings of the study must be generalized with some cautious reservations,
Another important limitation of the study is related to the geographical coverage of the sample. Though the study claims to be about behavioral intention of mobile payment in Bangladesh, data were collected from respondents only living in Dhaka city.
[bookmark: _Toc170803083]

[bookmark: _Toc171231333]5.0 Findings of the Study
The major findings of the study will be explained in the subsequent sections.
[bookmark: _Toc170803084][bookmark: _Toc171231334]5.1 Regression Analysis and Data Requirement

G*power is a free statistical software that allows the user to determine statistical power based on a wide variety of tests. The user can specify the type of test being run, their desired level of power, and alpha level to determine the sample size needed. (How to Determine Sample Size from G*power, n.d.) Kelley and Maxwell (2003).https://stats.oarc.ucla.edu/other/gpower/

[bookmark: _Hlk170719778]104+K rules is a guideline for suggesting appropriate sample size for the analysis. This rule suggests that for each predictor variables in a sample size at least should have 104 observations in the sample size. These guidelines help to ensure there are enough data points to estimate parameters of the regression model reliably. Green (1991); Van Voorhis and Morgan (2007).
30*K rules suggest that in the sample size there should be at least 30 observations per predictor variables in the regression analysis. The reason behind the guideline to ensure that there is enough degree of freedom to estimate the coefficient of the regression model reliably. Green S.B (1991).
All of the three data requirements are fulfilled in this regression analysis.
[bookmark: _Toc170803085][bookmark: _Toc171231335]5.2 Variation of Dependent and Independent Variables

describe(myData)
##     vars   n mean   sd median trimmed  mad min  max range  skew kurtosis   se
## PEU    1 508 4.17 0.91    4.2    4.19 0.89 1.6 6.60  5.00 -0.18    -0.12 0.04
## PSI    2 508 3.94 0.90    4.0    3.93 1.11 1.5 6.50  5.00  0.03    -0.23 0.04
## IM     3 508 3.96 0.95    4.0    3.96 1.11 1.0 6.75  5.75 -0.08    -0.24 0.04
## PS     4 508 4.02 1.06    4.0    4.04 0.99 1.0 7.00  6.00 -0.11    -0.18 0.05
## BI     5 508 4.05 1.03    4.0    4.05 0.89 1.2 7.00  5.80 -0.05    -0.02 0.05
fit <- lm(BI ~ PEU + PSI + IM + PS, data = myData)

From the above analysis we can see that the value of standard deviation is not equal to zero. That means the variables do vary from one to another.
[bookmark: _Toc170803086][bookmark: _Toc171231336]5.3 Measurement Scale of the Variables

In this analysis rating scale was used. It was a seven-point Likert scale. Ratio scale can be considered as interval scale at the point of two conditions.
· Equidistance indicates the distance from one scale to another is equal. Here 7-point Likert scale was used and it has miniated the characteristics of equidistance.
· Number of the category should be five or above, in this analysis 7 point Likert scale was used.
It is originally a survey rating scale. Conceptually is it usually considered as the ordinal scale but under the following two conditions, these scales can be considered as the interval scale. 
[bookmark: _Toc170803087][bookmark: _Toc171231337]5.4 Multi Collinearity

Multi Collinearity is not present here, because all of the VIF index values are less than 10. 
 “Car” package was used here in R to identify if multi collinearity is present here or not.
library(car)
## Loading required package: carData
## 
## Attaching package: 'car'
## The following object is masked from 'package:psych':
## 
##     logit
scatterplotMatrix(myData)

 
[image: ]
## 
## Suggested power transformation:  1.150806
car::vif(fit)
##      PEU      PSI       IM       PS 
## 1.009833 1.000344 1.004018 1.005800
vif(fit) > 10
##   PEU   PSI    IM    PS 
## FALSE FALSE FALSE FALSE
R Core Team (2023). R: A Language and Environment for Statistical Computing. R Foundation for Statistical Computing, Vienna, Austria. <https://www.R-project.org/>.
Fox J, Weisberg S (2019). An R Companion to Applied Regression, Third edition. Sage, Thousand Oaks CA. <https://socialsciences.mcmaster.ca/jfox/Books/Companion/>.




[bookmark: _Toc170803088][bookmark: _Toc171231338]5.5 Model Specification

The following regression model was used here for the calculation;
Y=b0+b1*x1+b2*x2+b3*x3+b4*x4
BI= b0+b1*PEU+b2*PSI+b3*IM+b4*PS
summary(fit)
## 
## Call:
## lm(formula = BI ~ PEU + PSI + IM + PS, data = myData)
## 
## Residuals:
##      Min       1Q   Median       3Q      Max 
## -1.70306 -0.51506 -0.02257  0.45748  1.96600 
## 
## Coefficients:
##             Estimate Std. Error t value Pr(>|t|)    
## (Intercept) -2.25846    0.26670  -8.468 2.76e-16 ***
## PEU          0.43236    0.03450  12.534  < 2e-16 ***
## PSI          0.37451    0.03467  10.803  < 2e-16 ***
## IM           0.39597    0.03284  12.059  < 2e-16 ***
## PS           0.36274    0.02972  12.207  < 2e-16 ***
## ---
## Signif. codes:  0 '***' 0.001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1
## 
## Residual standard error: 0.7045 on 503 degrees of freedom
## Multiple R-squared:  0.5314, Adjusted R-squared:  0.5277 
## F-statistic: 142.6 on 4 and 503 DF,  p-value: < 2.2e-16
Here y is the dependent variable and x is independent value.
[bookmark: _Toc170803089][bookmark: _Toc171231339]5.6 Regression Analysis Assumption

Ols model was used here for the regression equation. By definition it’s a liner model. So, it can be said that this is a liner model. Y=b0+b1*x1+b2*x2+b3*x3+b4*x4
The relationship between the independent and dependent variables is liner. 
Ordinary least-squares (OLS) models assume that the analysis is fitting a model of a relationship between one or more explanatory variables and a continuous or at least interval outcome variable that minimizes the sum of square errors, where an error is the difference between the actual and the predicted value of the outcome variable. The most common analytical method that utilizes OLS models is linear regression (with a single or multiple predictor variables). (Ordinary Least-squares (OLS) Model, 2008)
ncvTest(fit)
## Non-constant Variance Score Test 
## Variance formula: ~ fitted.values 
## Chisquare = 0.8639136, Df = 1, p = 0.35265
spreadLevelPlot(fit)
Null hypothesis is accepted here because p value was > .05. That means variances are equal. Across the variables the variances are not varying. 
There is no time sensitive data in this report. No autocorrelation. It is not appropriate for this report. In this report all the data was cross-sectional data. For this Durbin Watson test is not required here.
durbinWatsonTest(fit)
##  lag Autocorrelation D-W Statistic p-value
##    1     -0.02864183      2.057096    0.49
##  Alternative hypothesis: rho != 0
crPlots(fit)

[image: regressionR_files/figure-docx/unnamed-chunk-1-11.png]
Car package was used here to identify are the errors normally distributed or not.
Fox J, Weisberg S (2019). An R Companion to Applied Regression, Third edition. Sage, Thousand Oaks CA. <https://socialsciences.mcmaster.ca/jfox/Books/Companion/>.
The errors are normally distributed.
[image: regressionR_files/figure-docx/unnamed-chunk-1-10.png]
[bookmark: _Toc170803090][bookmark: _Toc171231340]5.7 Regression Model Interpretation

summary(fit)
## 
## Call:
## lm(formula = BI ~ PEU + PSI + IM + PS, data = myData)
## 
## Residuals:
##      Min       1Q   Median       3Q      Max 
## -1.70306 -0.51506 -0.02257  0.45748  1.96600 
## 
## Coefficients:
##             Estimate Std. Error t value Pr(>|t|)    
## (Intercept) -2.25846    0.26670  -8.468 2.76e-16 ***
## PEU          0.43236    0.03450  12.534  < 2e-16 ***
## PSI          0.37451    0.03467  10.803  < 2e-16 ***
## IM           0.39597    0.03284  12.059  < 2e-16 ***
## PS           0.36274    0.02972  12.207  < 2e-16 ***
## ---
## Signif. codes:  0 '***' 0.001 '**' 0.01 '*' 0.05 '.' 0.1 ' ' 1
## 
## Residual standard error: 0.7045 on 503 degrees of freedom
## Multiple R-squared:  0.5314, Adjusted R-squared:  0.5277 
## F-statistic: 142.6 on 4 and 503 DF,  p-value: < 2.2e-16


Here tested R2 value is .5277 or 52.78 %. That means the dependent variable, BI (behavioral intention) is 52. 78 % dependent on the independent variables. That means perceived ease of use, perceived social influence, individual mobility and perceived security has an impact on the behavioral intention of the mobile payment users.
[bookmark: _Toc170803091]

[bookmark: _Toc171231341]6.0 Discussion of the Findings

Behavioral intention of mobile payment is influenced by perceived ease of use, perceived social influences, perceived security, individual mobility. This was only based on Bangladeshi people. The study could have been done from different region. But the sample was only from Bangladesh. The study could have been done based on demographic characteristics, such as age, profession. That might give us other suggestion about the study result. Also, cross cultural study could have been done from different region. Some other variables also can be considered other than the variables that was suggested in this theory. That could suggest that do the theory need any extension or not. In this report the theory was explained only.  Another study could be held that, if the service provider does have any impact on the acceptance or behavior of mobile payment. This study was only based on Bangladesh. And there are no demographic and geographic differences on the sample collection. Based on the sample it says that behavioral intention of using mobile payment do have 52.78% impact based on the other constant variables.

[bookmark: _Toc170803092]

[bookmark: _Toc171231342]7.0 Future Scope of the Research
A successful study must spawn subsequent studies. This section is mainly concerned with the identification of the future research scope.
Geographical location: The sample of this report was collected from Bangladesh only. So, the findings and result show the tendency of Bangladeshi people about using mobile payment. In future the researchers can conduct the study based on different geographic location. That will show different result and will define the attitude of the people regarding mobile payment. 
Demographic characteristics: The sample size can be divided based on age, profession etc. Based on age the researcher can define how much the senior citizen are interested about the mobile payment. Age diversity can define the impact of user’s dependence on other family members while using mobile payment. It can be added to the future research. 
Cross cultural study: If the study can be conducted based on different region, then the result can be compared in different location. Such example- the behavior of Bangladeshi people may be different from Pakistani people etc.
Some other variables can be considered: In this report the theory was only described rather than discussing about the extension of the theory. If some other variables are added apart from the theories, then it can be explained whether the theory needs any extension or not. Future researchers can see if the theory needs any extension. 
Impact of the service provider: Future researchers can see that if the service provider has any impact on the usage of mobile payment. Suppose some people are liking mobile payment for specific service provider. So, study can be conducted to see if the service provider it self a factor about using mobile payment.
Sociocultural diversity: If the model was run among different profession of people, then the study result can be different. Future researchers can conduct it based on different sociocultural diversity. Then it can show different result than a general study.
In conclusion, as the society is expected to be cashless, the impact of mobile payment will be big. Not only digital banking system Bangladeshi government is introducing digital bank. So the question of mobile payment will be more relevant in near future. 
 
[bookmark: _Toc170803093][bookmark: _Toc171231343]Appendix

A Survey about mobile payment 
(Evaluating Relationships among Brand Experience, Brand Trust, Brand Satisfaction, and Brand Loyalty)

Name (optional):

Phone Number (optional):

Gender:       Male         Female

Education:        SSC or below	HSC       Bachelor       Masters or equivalent professional degree or above

Profession:       Student       Service Holder       Business       Others

Average Monthly Family Income:       30,000 or below        30,000—60,000        60,000—90,000
				         90,000 – 1,20,000         above 1,20,000         

Please indicate your level of agreement with the following statements. Where 
1 = highly disagreed,
2 = disagreed 
3 = somewhat disagree 
4 = neutral 
5 = somewhat agree 
6 = agreed
7 = highly agreed.

	SN
	Statements
	1
	2
	3
	4
	5
	6
	7

	PEU1
	The payment process with mobile apps is clear and understandable.

	
	
	
	
	
	
	

	PEU2
	The payment process with mobile apps is clear and understandable.

	
	
	
	
	
	
	

	PEU3
	The payment process with mobile apps does not require a lot of mental effort.
	
	
	
	
	
	
	

	PEU4
	 It is easy to follow all the steps to using the mobile payment system.

	
	
	
	
	
	
	

	PEU5
	I find it convenient to pay digitally.

	
	
	
	
	
	
	

	PSI1
	 People who influence my behavior would think I should use mobile payment (when available).
	
	
	
	
	
	
	

	PSI2
	People whose opinions I appreciate prefer to use the mobile payment system.
	
	
	
	
	
	
	

	PSI3
	In the future, organizations that offer mobile payment services will guarantee its proper functioning.

	
	
	
	
	
	
	

	PSI4
	People who are important to me could assist me in the use of mobile payment (when available).
	
	
	
	
	
	
	

	IM1
	I would like to be able to keep in touch everywhere I am.
	
	
	
	
	
	
	

	IM2
	I would like to be able to coordinate my daily tasks everywhere I am.
	
	
	
	
	
	
	

	IM3
	I could imagine having multiple jobs at a time.
	
	
	
	
	
	
	

	IM4
	I would like to be able to coordinate my daily tasks no matter what time it is.

	
	
	
	
	
	
	

	PS1
	I would find mobile payment services secure in conducting my payment transactions.

	
	
	
	
	
	
	

	PS2
	I am concerned about my online privacy
	
	
	
	
	
	
	

	PS3
	I feel insecure in using mobile payment services.
	
	
	
	
	
	
	

	BI1
	BI1. I intend to use mobile payment services in the future. 
	
	
	
	
	
	
	

	BI2
	If I had access to mobile payment services, I would really use them.
	
	
	
	
	
	
	

	BI3
	 Using mobile payment in my everyday life increases my productivity.

	
	
	
	
	
	
	

	BI4
	I am open to using mobile payments when the opportunity arises.

	
	
	
	
	
	
	

	BI5
	Using mobile payments enhances the effectiveness of my daily life
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