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Abstract 

This paper aims to evaluate the implications of TAM (Technology Acceptance Model) in the realm of streaming services. The paper investigates the various dimensions of user acceptance based on the theoretical framework of TAM. The paper also investigates the relationship among TAM variables in relation to demographic characteristics such as gender, age, education level, and user experience. The study was conducted in order to understand the acceptance level of streaming services based on a dominant theory of technology acceptance.  

The streaming service is a market that is currently experiencing exponential growth, therefore understanding the user acceptance of such services allows the academicians to understand the reasons behind such a massive growth in the streaming content consumption worldwide. The study highlights that the streaming service is going under transformation and the need for novelty is continuously increasing to stay relevant in the market. A critical review of the existing literature shows that there is a paucity of academic literature regarding the implications of TAM in the domain of streaming services; hence the paper aims to bridge the aforesaid gap. This study will allow the participants in the industry to understand how the user interface of the applications or platforms used can influence the acceptance level of users of various streaming services.

The primary objective of the study was to evaluate a set of relationships among the TAM variables: Perceived Usefulness, Perceived Ease of Use, Subjective Norms & Trust, Attitude towards Use, Behavioral Intention to Use, and Actual Use. The study also aimed to examine whether there is any relationship between the demographic variables (Gender, Age, and Education) and the aforesaid TAM variables. The study was conducted on the basis of the responses from 230 respondents which were collected primarily on the basis of purposive sampling technique.   

[bookmark: _GoBack]The findings of the study show that Subjective Norms have a positive impact on Perceived Usefulness and Perceived Ease of Use. Similarly, Trust has a positive effect on Perceived Usefulness and Perceived Ease of Use. The construct Perceived Ease of Use has a positive association with Perceived Usefulness. Attitude towards Use was found to be positively related with Behavioral Intention to Use, which was found to have a positive association with Actual Use. But the study didn’t find any statistically significant variations in the TAM variables across demographic characteristics of the respondents in term of Gender, Age, and Education. In general, the study found that the Technology Acceptance Model (TAM) can explain the acceptance of the streaming services by the Bangladeshi users,
The study adds theoretical and practical knowledge for adopting the Technology Acceptance Model (TAM) in understanding the acceptance of the streaming services by the Bangladeshi users. The study sheds light on how Bangladeshi streaming service providers can implement TAM framework for the purpose of ensuring acceptance of their services by the target users.
Key Words: Technology Acceptance Model (TAM), Streaming Services
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A significant portion of the scholarly literature highlights that the modern media technologies are altering the way the individual consumers are consuming contents (Tefertiller, 2018; Aldea & Vidales, 2012; Hirsjärvi & Tayie, 2011). In recent times, various media companies are delivering video streaming services streaming original high quality content accessible through various digital and mobile devices (Kostyrka-Allchorne et al., 2017; Groshek & Krongard, 2016). Historically the consumption of multimedia services has increased dramatically and is much likely to grow in the near future as well. As per the Cisco visual networking index (VNI) forecasts, “82% of the IP traffic will be based on Video by 2022” (Cisco, 2015). Primary reason for that is internet based mobile devices are likely to have reached 14.6 billion by 2022, as a result exceeding the projected population of the world of 8 billion by 2022 (Cisco, 2019). The number of smartphone users in US is likely to reach 307 million by the year 2040, showcasing the higher  growth of multimedia consumption (Smartphone Users in the US 2009-2040, 2022). 
The COVID-19 epidemic acted as a catalyst, as due to the preemptive social distancing mechanism, in a drastic increase in the subscription of paid streaming services (Camilleri & Falzon, 2021). Similarly increasing subscriptions to the online TV Channels and video streaming services is a perceptible phenomenon among the young demographics (Panda & Pandey, 2017). Video streaming has also impacted broadcast media significantly.  People are now consuming contents on a real-time basis, as the format of the contents are not linear any more, due to the fact that streaming contents on smartphones requires only internet and subscription to online streaming services (Spilker et al., 2020; Sørensen, 2016; Flavian & Gurrea, 2007).  The prominent consumers of video streaming services are mostly young adults  (G.W.I., 2019). However, it cannot be oversimplified that all of the young individuals will follow similar consumption behaviors, as consequences of which streaming service companies are increasingly investing in generating various contents to tailor to the consumption behavior of various individuals and age groups, for example companies such as Hulu, Netflix, HBO, and Amazon prime videos all investing in generating new contents and programs, because of the increased competitions within the market (Jenner, 2016, p. 20; W.S.J., 2019).   
One of the primary difference between streaming services and the traditional ways of consuming content is that streaming services allows an extremely convenient way to consume the content (DiscoverDigital, 2017). Smartphones and laptops are readily available which allows the content to be delivered with the tap of a figure tip (INFONETICS, 2011), hence providing the user the opportunity to consume content any time and in any place they desire, removing the limitations of a fixed schedule (Tryon, 2013). As a result of such phenomenon, consumers are feeling more liberated than ever before, as the control is now in their hands, they can consume contents on their own demands, whenever and wherever they want (Bond & Garraghan, 2015). That being said there are indicators that shows, consumers now are emphasizing a higher value on immediacy, accessibility and mobility, when it comes to consuming their preferred contents (PwC, 2017). During the year 2007 Netflix started providing video streaming services, ever since then the market of streaming service has become more diverse, consumers around the globe now had access to a large number of US based streaming options which spend billions to generate new contents and provide large collections of valuable IP (Vlassis, 2021). Competition among the pay based streaming service providers rose to provide the local consumers with the international and local content (Raats & Evens, 2021). In order to enhance the relationship with younger demographic and to accomplish the time honored commitments public service broadcasters initiated the use of streaming services (Donders, 2019). Moreover, the number of streaming services has significantly increased due to the drastic growth of niche market platforms. According to some scholars however, framing the entire competitive arena as “streaming war” obfuscates the more multifaceted spectrum reality, that is streaming companies now are increasingly targeting the diverse audiences, with unique libraries of contents at different price options (Lotz & Lobato, 2019). However, the indication regarding the competition of streaming services is a “zero sum game” is backed by little findings, as market research highlights a usual US household has 4 streaming service subscription where as a typical European household have subscription to only 2 service (Balderston, 2021). 
The concept of streaming video contents, erupted within the media industry and is associated with the how the visual contents are being delivered. It is based on technology that includes a library of stored contents which can be accessed anywhere and anytime, with the help of a smart phone or laptop and an Internet connection. This mechanism allows the content to be paused, skipped, rewound, and downloaded. The phenomenon is completely different from consuming contents in traditional television, which allows the user to consume content only during the time  when the program is being aired (Abreu et al., 2017; Nielsen, 2016; Pereira & Tam, 2021). Along with the upgradation of technology and its impact on the world,, the prominent media corporations started to reconfigure their approach of delivering the contents, hence as a consequence media corporations around the world, who took delivering media contents through satellite or cable as their key business operations, realized the potential of implementing the video streaming on demand  (Yu et al., 2006). Some organizations on the other hand incorporated the full technology as their new business model such as Netflix after 2007 and TiVo  (Allen et al., 2014; Pereira & Tam, 2021).  
To access such on-demand video streaming platforms, users need to have a device with internet connection, the device could be anything such as a smartphone, tablet, laptop or a smart television, then the user also needs to have a subscription of the streaming service provider, which are based on yearly, monthly or one off fee, such with the case of Amazon prime TV and Amazon video (Amazon, 2018; Pereira & Tam, 2021).   The surge of such digital video streaming platforms along with the OTT (Over the Top) outlets was propelled by the need for tailored content offering; the major players within the industry have been heavy investors for developing new pathways for delivering contents and a tailored experience for all. Leading to a changed way of consuming contents, media channels striving to survive, can not only consider technology rather the culture comes in to play as well. For instance, the European public broadcasters are going at lengths to protect their free model, while at the same time striving to satisfy their shareholders. the phenomenon is completely unprecedented within the history of media industry, which showcase how big of an impact the evolution of such digital streaming platforms have created (Hallur et al., 2023). 
The heightened levels of competition in the subscription based video streaming market is grabbing the attention of the scholars at significant rate, as relatively new player such as Disney+ and HBO max are joining the battlefield with the existing incumbents such as Netflix and Amazon. Scholars however were specifically interested in understanding the distribution practices of the media industry (Elkins, 2019; Jenner, 2016; Lobato, 2019). That being said, the “anti-transparency policy” of the streaming platforms (Wayne, 2022) along with the lack of accessibility to the decision makers (Sundet, 2021a)  limits the ability of the scholars to the type of research on distribution that is justifiable (Perren, 2013). Despite these limitations, an increasing strong body of literature has been cultivated, which allows the usage of qualitative interviews and participant observation to understand the distribution practices involved in the small scale streaming platforms in terms of local and global context (Simon, 2021; Sundet, 2021b). These type of work produces crucial perspectives on how key players of the industry dominates the competition (Camilleri & Falzon, 2021; Pereira & Tam, 2021).
In recent times people are consuming contents directly with the help of their smartphones and digital devices, which enables the consumption of contents anywhere and anytime. People are often indulging in consuming various TV programs, series, movies and Reality shows through the help of their portable devices such as tablets, smartphones and laptops (Camilleri & Falzon, 2021). According to a report published in US, around 70.1% individuals browse the internet while consuming their favorite contents (eMarketer, 2019). Similarly, latest global web index Trend shows that consumers between the age of 16 to 24 spend around 8 hours per day online though their smart digital devices. This particular demographic segment also spends around 2.5 hours per day in their social networking apps and more than 1 hour consuming online TV every day on average (G.W.I., 2019). 
The age group of 25 to 34 also switched from the traditional TV to online content consumption, the subscription based model of streaming services and availability of smart digital devices allowed the transition smoothly, not to mention smartphone and tablets allow the streaming of contents from any place and at any time (eMarketer, 2019; G.W.I., 2019). The contents are usually accessed through virtual private networks and therefore leading to huge investment made by the media corporations to generate new contents (G.W.I., 2019).    

[bookmark: _Toc157593637]1.2 Streaming Services in the International Market 
The captivating success story of Disney+ has encouraged them to be more ambitious and to increase their investments in considerable amount to generate further higher quality contents (Whitten, 2021). Such action plan allowed them to increase their current customer base to 238 million global paid subscribers (Rodriguez, 2023).  The progressive evolution of technology in the last decade, especially in the realm of Information system is opening up the doorway for consuming on-demand contents. According to a report published in EU, the traffic for streaming services will likely to double within the year 2024 in the EU region  (Cisco, 2015). More importantly the report also highlighted an increase of 14% in the CAGR (compound annual growth rate) along with a 2 times increase in the traffic in the UK region, similarly the in western European countries the CAGR is expected to be 25 %, the Generation Y demographic validates as a crucial segment for streaming service industry(Markert, 2004).  In many developing markets such as south Africa (Matangira, 2018), the emergence of streaming services is leading to a steady decline of DVDs and CDs, as it has become less attractive to the consumers to own a physical library in this day and age of digital technology, allowing consumer to access contents at anywhere and anytime (Allan, 2017; Records, 2017).  
One of many differentiating aspects of the video streaming services is that it allows the user to consume the contents whenever they want; it removed the restrictions of a fixed schedule out of the consumption pattern  (Faiz Ibne Hossain et al., 2020; Lotz, 2017). Subscription based video seeming services have become a popular option to the consumers, as it allows the streaming of content without any restrictions. In the year 2021 the number of international users was 1.2 billion, which is expected to increase to around 400 million in the next 6 years in the United States, where the majority of the streaming services are widely available. As number of corporations entering the streaming market is increasing, the overall number of users will likely to increase as well along with the total amount of subscription. Similarly, the increasing subscription cost and the superfluity of contents are also leading to the plunge of subscribers count (Statista, 2023) in some cases. 
Similarly, the growth of OTT platforms will also be expanding and the market will likely to reach 235 billion in USD by the year 2028. The market have increased almost ten folds from the 6.1billion in the year 2010 to the year 2021 (OTT Video Revenue Worldwide 2028, 2023). The market will likely to have estimated total of 4.4 billion subscribers (Statista Research Department, 2023). Having said that this largely increasing market will likely to have a growth impacts on streaming service market as well (Statista Research Department, 2023). Current investments within the emerging markets have led to substantial growth is the strewing service market, especially evident by the performance of key incumbents such Netflix, highlighting the usage of personalized content distribution (Grand View Research, 2017). 
From observing the European statistics, it can be confirmed that the consumption pattern of streaming services varies from one region to another (Eurostat, 2017). The consumption pattern is driven by various behaviors, such behaviors have various sources of influences, therefore business need to understand the usage pattern of different markets, as it will impact their business operations because it will influence how they retain existing customers and gain new ones (Hong et al., 2006; Pereira & Tam, 2021). As empirical evidences suggest that increase in customer retention by 5% can increase profit by 25 to 95 percent (Reicheld & Schefter, 2000; Sharma & Sharma, 2019). 
For a business that follows a subscription based model for revenue generation, their prominent scope of future cash flow is customers (McCarthy et al., 2017). The company gets advantage from cost reduction thought the use of streaming technology which allows them to invest more in gaining new customers, which then upholds the  steady stream of revenue, crucial for the continual functionality of the corporation (Nascimento et al., 2018; Pereira & Tam, 2021). The more the screen time for the individual, there is more likelihood of spending more on the platform. In short, the higher the enjoyment for the user, the greater likelihood of spending more time on using the service (Rubenking & Bracken, 2018) .
One more crucial factor to reflect upon is the ability of individuals to access the internet by household, which varies among the region as well, for instance the metric for internet accessibility is 98%  for Netherlands and Denmark and for UK is 94%, therefore the technology required for streaming visual contents have been adopted by many countries, which varies from country to country and there is scope for future improvements to take place (Nielsen, 2016). The generation Y up until now has the most exposure to digital technology, and are much more technologically conscious than their predecessors, which makes them feel naturally attracted to the concept of on demand streaming services (Howe, 2019). This generation consists of a large chunk of the total user base, as per the statistics of South Africa, the generation Y individuals takes up to 36 percent of South Africa’s population. 

[bookmark: _Toc157593638]1.3 Streaming Services at Bangladesh 
The worldwide boom of streaming video contents with the help of the internet has reached the local arena of Bangladeshi. Past literature highlights how the piracy in the online entertainment had gained a significant attention in the local market, however the proposition is not relevant with streaming platforms (Faiz Ibne Hossain et al., 2020). The primary problems of conventional media are that it has a complexity in potential generation of revenues, no scope for enlarging the current market size for consumers which could induce the consumers to checkout new industry entrants, as a consequence industry leaders in entertainment and media industry are forced to alter their product offerings and figure out ways to replace the revenue form the conventional streams to  something of higher value to the consumers (Berman et al., 2011).
During the last 10 years of time, Bangladesh experienced a transition in the entertainment paradigm. The propelling force for that was consuming visual materials “on the go” from anywhere and anytime, made available with the help of smart digital devices and a stable internet connection. The entertainment industry was expected to have a shift for betterment during the beginning phase of 21st century. Streaming services have changed the content consumption pattern of most consumers, the prominent force behind is mostly Netflix. This removed the urge to watch movies in cinemas at the appointing time to watch the latest release of a movie. Streaming platforms have rewired the pattern of content consumption. The value addition of streaming platforms are based on three factors, introducing original contents, flexibility of consumption experience, and wide varieties of contents to choose from. Streaming platform added the “mobility” factor in the content consumption pattern, which produced larger scope for consuming visual contents, as a consequence of which a huge momentum was achieved in the “online content consumption” during the recent years (The Daily Star, 2019). 


Because of the particular transition, there could be seen a significant growth among the online platforms even in the context of Bangladesh as well, various service providers like ZEE5, Hoichoi, iflix, bioscope, have achieved commendable, recognition, approval, and following from the Bangladeshi consumers along with various global platforms, such as Netflix, Amazon prime and more. As the platforms are subscription driven, one of the vital problems was the payment procedure, due to the low availability of online transaction rate. Considering that issue platforms considered easy subscription procedures, for instance Hoichoi allows the consumer to pay through debit and credit card, along with locally available mobile wallets and also allowing the consumer to pay though “offline subscription cards”, available at various super shops and mobile gadgets outlets  (Mynul Karim & The Daily Star, 2022; The Daily Star, 2019).

Streaming services have added the “liberty of creativity” within the entertainment industry. It allowed the directors and actors to be flexible at their endeavors, unlike traditional channels which were rigid and fixed schedule driven. It allowed a scope for creative exploration for the artistes through the pathway of smart digital technologies (The Daily Star, 2019). The telecommunication regulatory commission of Bangladesh enabled Netflix to install their cache servers in Bangladesh, however, as per the year 2023, it is not yet initiated its marketing campaign in Bangladesh, not particularly for this local market, due to which initially many consumers were not aware of Netflix presence in Bangladesh, so far no TVC or PVC were made available from Netflix to grab the attention of local consumers, neither are there any social media campaign. A lot of the consumers still haven’t  heard any relevant advertisement related to Bangladeshi based streaming services (The Financial Express, 2020).  

In every market, the increase in competition increases the need to be “exclusive”, because the increases in competition lead to an increase in options to choose from, hence allowing the customers to gain more freedom of choice, at the same time making it more challenging for the competing firms to retain and gain more customer base for which the companies than prioritizes innovation and adding new product offerings. The same phenomenon can be observed in the Bangladeshi streaming services market, the increase in alternatives have led to the adoption of niche market targeting to retain customers, this where brands like Netflix, Hulu, are trying to create “exclusivity”,  brands are trying to produce their own exclusive shows and movies, making it available only in the their platforms.  However some brands like Disney+ are removing their previously released contents from other platforms to gain exclusivity, leading to a situation where the user have to use multiple platforms to watch a single piece of content (Mynul Karim & The Daily Star, 2022).  
The projected revenue for the video streaming market in Bangladesh is expected to reach 152.70 million US dollars in 2023, and the CAGR (compound annual growth rate) of the market is expected to reach 13.91%, leading to estimated market volume of 292.90 million US dollars by 2028. Based on  the average revenue calculation per year streaming service market in Bangladesh will reach 18.24 million in revenue in the year 2023, estimation for the total number of users will be expected to reach 12 million within the year 2028, the rate for user penetration is expected to be 4.9% within the year 2023 and will likely to increase to 6.8% by the year 2028 (Statista, 2022; Statista Research Department, 2023).


[bookmark: _Toc157593639]1.4 A Brief Overview of Technology Acceptance Model 
TAM was built upon the theoretical model of TRA i.e. theory of reasoned action (Davis, 1986), which states that an individual’s behavior is a product of their of “intention” to orchestrate the behavior and this intention is further the function of their “attitude” toward s the behavior and the “subjective norms” of the individual (Fishbein, 1975).  The most prominent projector of behavior is instrumentality (belief that a behavior will lead to particular outcome) i.e. intention. Instrumentality is based on three components, attitude of an individual towards a particular behavior, subjective norms involving the behavior, perceived control over the behavior, the strength of the person’s intention to execute the behavior (Silverman et al., 2016). Overall a person’s intention to perform a particular action will be strong if they observe that the people important to them thinks they should perform the behavior and the they view the action as favorable. The degree of importance of these two factors varies according to the behaviors and populations.   
Researchers have continuously pursuing the efforts to investigate and understand how consumers adopt new technologies (C. Wang et al., 2023). As per the well documented scholarly literature, some of the model for  analyzing consumer acceptance of technology are, theory of reasoned action (Sanchez-Prieto & García-Penalvo, 2017),  “theory of planned behavior” (Ajzen & Fishbein, 1980; Fishbein, 1975), “Technology acceptance model i.e. TAM”, “Innovation diffusion theory” (Davis, 1986), the “technology readiness Index” (Rajagopal, 2002), “Unified theory of acceptance and use of technology” (Parasuraman, 2000), all of the mentioned have their strength and prowess, however TAM is much more widely accepted , based on the scholarly literature (V. M. Venkatesh Michael G. ;. Davis, Gordon B. ;. Davis, Fred D., 2003; C. Wang et al., 2023), it also elaborates on the behavior of consumers on how they accept or reject information technology (V. Venkatesh, 2000), hence the paper will apply TAM as its framework of analyses. 
The Model of technology acceptance proposed by Davis, had 2 main purposes to address, first one was that, it ought to explain the acceptance of technology processes, enabling to generate academic insights, leading to more cohesive design and flawless execution of information system. Second purpose is to provide a theoretical framework for testing the acceptance level for a typical user, as a consequence of which it allows the investigation of the design and implantation of information system prior to the execution of the system, leading to tailored alternatives (Davis, 1985). 
Incorporation of such model in testing the user acceptance includes the users to be exposed to the porotypes system and then evaluating their motivation to use a system alternative to it. These sort of testing will produce useful insights regarding the possibility of success of proposed systems during the developmental phase, a phase where such information can add tremendous value (Ginzberg, 1981) . 
The TAM model have gone through the various extension and adaptation, however as per the recommendation of previous scholars the TAM model proposed by Davis, 1980 was the most prominent one (C. Wang et.al 2023). The TAM or technology acceptance model was initially proposed by Davis, and from that point in time TAM became a providential force within the academic literature regarding the acceptance of various technology. Many researchers have added and investigated various variables as a proposed extension of TAM (Marangunić & Granić, 2015). 
As per the well documented existing literature there are various extensions of TAM, but the original model of TAM, has prominence over the others, TAM undertakes a moderating role between perceived ease of use and perceived usefulness which shares an association with usage attitude, the perceived ease of use has a direct association with the behavioral intention, similarly behavioral intention also has relationship between actual usage (Davis, 1986; C. Wang et al., 2023). 
TAM have been a widely used model to describe the perception of an individual’s usage and acceptance of various technologies, according to scholars the model encompasses constructs which are responsible for measuring the motivation of the individuals to engage with a particular technology, specifically, the “perceived ease of use”, “perceived usefulness”, “Attitudes”. The outcome of such construct are “behavioral intentions” and “technology usage” (Scherer et al., 2019). As a consequence, TAM investigates how an individual’s determine acceptance or rejection of a Particular technology (Davis, 1989, p. 18; Lee, 2010). The perceived usefulness and perceived ease of use are the variables are the core variables determining the outcomes mentioned (Marangunić & Granić, 2015; Rauniar, 2014).     
Various scholars have reformed and extended TAM (V. Venkatesh, 2000; V. Venkatesh & Davis, 2000).  However, many have criticized the model, due to its limited predictive prowess and stinginess (V. Venkatesh, 2000; V. Venkatesh et al., 2003). Some argued that the model ignores the social processes of information system (Benbasat & Barki, 2007).  Other scholars have argued that various other variables need to be incorporated with TAM. Eventually some scholars expanded the original TAM to add clarity in to the concepts of perceived usefulness and perceived usage based on social influences and cognitive instrumental procedures (V. Venkatesh & Davis, 2000). The new model incorporated new variables, including facilitating circumstances, along with social influences and demographic factors, which was referred to as the unified theory of acceptance and use of technology model (UTAUT). Ultimately some scholars also proposed TAM3 as well (V. Venkatesh & Bala, 2008).  However, the focus of this paper will remain entirely on the original model of TAM proposed by Davis in 1989.     
TAM model was applied in to the food delivery application industry, where the scholars applied an extended version of TAM which highlighted personal innovativeness lead to impact on perceived ease of use which has a significant association with the intention to use the food delivery application (An et al., 2023; Y. Wang et al., 2020). A similarly the TAM model was also incorporated in the realm of Artificial intelligent and ecommerce, study highlighted that “trust” and perceived usefulness showed no associations behavioral intention and actual use of technology share positive affiliations (C. Wang et al., 2023).  
Similarly, in the personal health sector another extended model of technology acceptance was applied, to verify and investigate the acceptance of personal health records within the medical service users and professionals, findings showcase that perceived ease of use, perceived usefulness and safety are three components that are the determinants of the perceived usage of personal health record system (Alsyouf et al., 2023). 
Another prominent study highlighted an integrated theoretical model comprised of “self-determinant theory”, “self-efficacy” and TAM model to observe and understand the acceptance of student’s acceptance of E leaning during the COVID 19 pandemic, findings showcased “intrinsic motivation”, “motivation”, “amotivation” and “technology induced self-efficacy” are the crucial factors determining the perceived ease of use, however variables gender played a moderating role between perceived ease of use and amotivation. The study also highlighted a considerable affiliation between perceived usefulness and technology induced self-efficacy (Rosli & Saleh, 2023).    	
This study will incorporate the original TAM model proposed by Davis and will aim to highlight how, the TAM model highlights the user acceptance of streaming services, how it allows the user to use the streaming service platforms based on the variables of TAM. TAM includes components such as perceived usefulness, perceived ease of use, attitude towards use, behavioral intention to use, and actual use. According to Davis, the external components of TAM directly influences perceived usefulness and perceived ease of use, which are the two primary determinants of cognitive belief. Perceived ease of use has a direct association with perceived ease of use and attitude, whereas perceived usefulness shares a direct association with behavioral intention, that impacts actual usage. 
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Throughout the academic literature many scholars have proposed many different models of technology acceptance and have added many themes to the current literature, however the TAM model showcased by Davis (1980) is a model that is well established and recommended by many scholars (C. Wang et.al 2023). 
This segment of the paper will highlight how the TAM model came into its existence and where was its origin. The technology acceptance model i.e. TAM was coined by Davis during the 1980, From that point onward the TAM become a propelling force in the academic literature regarding acceptance of technology. Many scholars have investigated and examined the various variables that could be added as an extension for TAM (Marangunić & Granić, 2015). 
The development of TAM had two main objectives, the first one is to understand the how an Individual accepts the technology, which can create insights for the development of designs resulting in successful implementation of information systems and secondly it facilitates the testing of user acceptance (Ginzberg, 1981; Davis, 1980). 
The extension of TAM has varied as per the literature but in this paper, the orthodox model proposed by Davis will be taken in to consideration. TAM assumes a moderating role between two variables, known as, perceived ease of use and perceived usefulness that in turn impacts usage attitude, the perceived ease of use variable also has a direct relationship with behavioral intention, similarly behavioral intention also has relationship between actual usage (Davis, 1986; Wang et.al 2023)
TAM have been a popularly utilized model to uncover and showcase the perception of a single user’s usage and their acceptability of different technologies, based on the scholarly explanations the model incorporates variables that are capable of indicating the motivation behind an individual to utilize a particular technology, especially constructs like “Perceived ease of use”, “Perceived usefulness”, “Attitudes”.  The dependent variables of TAM are “behavioral intentions” and “Actual technology usage” (Scherer et al., 2019). TAM, therefore examines the how an individual determines which particular technology to accept or reject (Davis, 1989; Lee, 2010). The crucial determining factors of TAM therefore are “perceived ease of use” and “perceived usefulness” (Marangunić & Granić, 2015; Rauniar, 2014).  
Numerous scholarly discourses have attempted to alter, reform and propose an extended Version of TAM, however on the contrary, many scholars have held criticism regarding the model, primarily due to its limited predictive prowess, tightfisted nature (V. Venkatesh, 2000; V. Venkatesh et al., 2003). Some literature proposed the argument that the TAM ignores the impact of social processes in terms of information system (Benbasat & Barki, 2007). Other researchers have proposed the argument that various other constructs should be incorporated into TAM, eventually leading to an extended version of it, for the purpose of adding clarity to the phenomenon of perceived usefulness and perceived usage on the basis of social influences and cognitive instrumental procedures (V. Venkatesh & Davis, 2000). The extended version of TAM incorporated new variables, such as social influences and demographic variables along with facilitating circumstances and was referred to as UTAUT (Unified theory of acceptance and use of technology). Similarly, some scholars also proposed TAM3 as well (V. Venkatesh & Bala, 2008). 

[bookmark: _Toc157593642]2.2 Contemporary Issues 
TAM has been incorporated into food delivery application industry, in which the researchers incorporated an extended version of the TAM model, the findings suggests that “personal innovativeness” associates to a positive impact on perceived ease of use. similarly, like other previous studies the study concluded that perceived usefulness and perceived ease of use have considerable associations with the intention use food delivery applications. (An et al., 2023; Y. Wang et al., 2020). Another study initiated the TAM model in the realm of Artificial intelligence and ecommerce to understand the acceptance of AI in e commerce, the study incorporates the variable “trust” the findings suggests that perceived usefulness and trust do not share any associations, and behavioral intention to use has a favorable association with actual use of technology (C. Wang et al., 2023). 
A similar study has applied an extended version of TAM model in order to estimate and verify the intention of the students to adopt the Metaverse based learning platforms, the research included the constraining and empowering factors from both the technological and personal dimensions, the results showcased that the perceived cyber risk restraints the student’s intention to adopt Metaverse, also found that variables such as self-efficacy, personal innovativeness, and perceived cyber risk are the key driving components of perceived usefulness and perceived ease of use. (Al-Adwan et al., 2023), similarly, TAM model was introduced in order to perceive the acceptance of AI based virtual text assistants i.e. chatbots, in the domain of education, findings highlights that the perceived ease of use and perceived usefulness is associated with the higher chatbots acceptance, aspects such as features and use of formal language also induces greater intent towards use (Chocarro & Marcos-Matas, 2021).  
Another paper highlights how the extended TAM model within the halal tourism application sector reacts to its acceptance, here the researchers incorporated variables such as halal knowledge and religiosity as a variable and found that the relationship between perceived ease of use and perceived usefulness were mediated by trust and halal knowledge has a considerable impact on the intention of individuals, whereas religiosity don’t share any considerable association towards individual intentions (Berakon et al., 2021). A review of the literature suggests that the existing TAM model should be expanded and should incorporate system transparency and user trust to address user reluctances within the context of intelligent systems (Vorm & Combs, 2022). 
Another study incorporated an extended version of the TAM model in the realm of personal health records to test their acceptability among the users, findings highlight that perceived ease of use, perceived usefulness and safety towards intention to use, are the three critical components that can influence the perceived health records system’s usage (Alsyouf et al., 2023). Another prominent study incorporated a combined theoretical model for an integrated investigation of the “self-determinant theory”, “self-efficacy”, and TAM model, within the students to see the acceptance of technology enriched learning during the Covid 19 epidemic, the findings showcased “intrinsic motivation”, “amotivation”, “motivation”, and technology enhanced self-efficacy are the key determining factors of perceived ease of use, whereas gender played a moderating role between perceived ease of use and amotivation also intrinsic motivation and technology enhanced self-efficacy seemed to have significant association with perceived usefulness (Rosli & Saleh, 2023). 

[bookmark: _Toc157593643]2.3 Theoretical Framework 
Subjective norm and perceived usefulness
Subjective norm is explained as the perception of an individual on how their important others in their social environment wants them to act or behave in a certain manner (Moan & Rise, 2006). Subjective norm denotes how the individual perceives the pressure from the peers, friends and how it influences their use of a particular technology (Qaysi et al., 2021). Previous researches highlights that subjective usefulness has a positive impact on perceived usefulness (Gunasagaran et al., 2019; Laifa, 2018; Teo et al., 2019). 
H1: Subjective norms have a positive relationship with perceived usefulness  

Subjective norm perceived ease of use
Subjective norms are beliefs being hold by the individuals which determines their actions and behaviors (Sun et al., 2020; C. Wang et al., 2023). Subjective norms provide a base for determining intentions because of the social pressure or the effect of it on the individual’s perception of other people’s view which acts as a factor determining whether or not to involve in explicit activities (Siagian et al., 2022). Various factors can underwrite on how an Individual customer perceives the usefulness of a product offering, and subjective norm is one of those. Subjective norm of a customer allows them to distinguish which particular product offering the customer finds easy to use (Chen, 2020).  Based on previous studies “resident’s attitudes”, “subjective norms”, and “perception of behavioral control” can drastically inspire an individual’s decision to properly optimize a product offering. It can be commonly acknowledged from the literature that if an ideal person is seen to use a product offering, the individual will more likely to perceive the product easy to use. (Li & Li, 2022). The ideal someone in this regard is highly likely to be the individual’s parents, as parents are people whom an individual’s is primarily impressed with, as result customers likely to use items used by their parents, individuals think the item will be a good product since their parents use them (Ji et al., 2021). 
H2: Subjective norms have a positive relationship with perceived ease of use  



Trust and perceived usefulness
Trust can be explained as having a positive belief regarding the dependability, certainty and ability of a company, product or an Individual (Ji et al., 2021). It is quite common among the consumers to not trust a product, especially when the product is not quite useful for them (Liu, Oct, 2022). Trust is one of the primary precondition for utilizing the product for the consumer, if the consumer fails to trust the product, he will fail to perceive it as valuable(Propheto et al., 2020).  In terms of internet context where uncertainty is out of control, trust tend to diminish it, according to various Information technology literature. Therefore, damaging the brand or product’s reputation in the long run (Grover et al., 2019; Seo, 2021; Singh, 2019). The ability of the consumer to trust the brand mentally, creates profitability for the brand as discussed by various scholars of the past. That is why it is crucial for the brand to gain trust in the minds of the consumers (Siegrist & Bearth, 2021). Trust impacts every aspects of human livelihood when it involves dealing with an individual. However, trust is highly involved when purchasing a product, specifically when the brand is tangibly unavailable (Hromatko & Vranic, 2021). Trust promotes consumer’s loyalty in the direction of the brand, when customer have loyalty towards it, they generally think the product is superior to other brands because of its quality, performance or any other thing (B. Ibrahim et al., 2021). 
H3: trust have a positive relationship with perceived usefulness.


Trust and perceived ease of use
Trust can be referred to as having a firm view or opinion that something or someone is dependable, effective and competent (Saxena & Kumar, 2021; C. Wang et al., 2023). In IT and E commerce domain trust have two components, the trust in the brand or provider, trust in the product offering (J. Z. Y. Liu, 2021). In contexts where ambiguity is involved, trust can have a defining impact in the consumer behavior (To, 2021). Perceived ease of use is the perception of the individuals about how much effort will it take to learn a particular product or technology for use (Wilson et al., 2021). Customer’s trust is crucial for the corporation because of which businesses won’t leave any stoned unturned to save the customer’s opinion regarding their company’s truthfulness and uprightness (Jatimoyo & Djazuli, 2021). Customers trust the product, when they feel it will provide some added benefits. Based on the results of various surveys collected in Asian countries, it was concluded that greater than 70% of the people use the products of the brand due to having trust in them (Castro, 2019). 
H4: Trust have a positive relationship with ease of use. 




Trust and perceived usefulness
Perceived ease of use is explained as the perception of an individual regarding the tangible and psychological effort that would be required to learn a particular technology (To, 2021). Countless research has found the relationship between perceived ease of use and perceived usefulness to be true (Elkaseh & Fung, 2016). In a particular context of “acceptance of e-learning use of technology”, scholars discovered a direct relationship between perceived usefulness and attitude towards use (Saade, 2007). Similarly, past researches have highlighted a positive association between perceived ease of use and perceived usefulness (Ali & B.A.Y.A.D., 2021; M. K. S. Ibrahim & Ahmed, 2014). Because people tend to think a product might be useful when it’s daily usage comes easily to them (Li & Li, 2022), as a result it is crucial for the brand to ensure that their products are easy to use, so they could gain large customer base (Samuel, 2021). In many other surveys it was noticed that customers usually do not observe the usefulness of the product because of its actual usage, rather they attribute it to how easy it is for them to use the product (Haenlein et al., 2020). Based on various contexts and cultures, various literatures of technology acceptance have attributed perceived ease of use as a factor which can considerably influence perceived usefulness (Huang & Scherer, 2022).    
H5: perceived ease of use has a positive relationship with perceived usefulness 


Perceived ease of use and attitude towards the use
Perceived ease of use refers to the extent to which an individual thinks a particular system or tech is painless to use (Kanchanatanee & Jarernvongrayab, 2014). Countless studies have explained the direct and indirect association of perceived ease of use with attitude to use of specific goods and services (Ramayah, 2005). The research recommends that perceived ease of use and perceived usefulness are the two key components that can influence attitudes towards the intent of behavior and adoption of technology (Harrigan et al., 2021). As it can be already comprehending that ease is a preference of individuals, hence individuals like to use products that are easy (Chocarro & Marcos-Matas, 2021). Customers are more likely to purchase via online now days, due to the increasing usage of the Smart phone technology in the world right now (Tandon & Sah, 2016). As result the customers prefer to purchase online rather than shopping at physical store or market, as they perceive the ease behind the buying process (Chao, 2019).  As per the recommendations of several studies it can be denoted that customer only prefer to use products which is easy for them to use. They are likely to move to less easy to use products, simply when there are no options for easy alternatives in the market (Y. Wang et al., 2020).  
H6: perceived ease of use have positive relationship with attitude towards use. 


Perceived usefulness and behavioral intention to use
Perceived usefulness refers to the individualistic view of the user, that using a specific system will improve their quality of work (Guha Majumder et al., 2022).  Though perceived usefulness have a direct association with intention to use (Haenlein et al., 2020). More over purpose of behavior can impact actually used behavior. This association is supported by the tests results examined by many scholars (Hamid et al., 2016). The notion of individuals buying more valued products is rather common (Fjelland, 2020). The base line principle of brand loyalty is related with the brand’s usefulness. More valued the brand is the more loyal the individual would be to the brand, they will likely to use it often and may encourage their family and friends to use it (Rao & Ko, 2021). Perception refer to a social notion within a person, that is developed through a gradual process based on the individual’s unique experiences, judiciousness and understanding of the external environment, the perception then determines in what way they portray their attitude. An individual perceiving decent things about a product will lead to having an attitude towards its use (Prasetyo et al., 2020). One of the crucial elements that guides the attitude of an individual to product is the product’s usefulness (Tandon & Sah, 2017). When an individual makes a purchase they have various alternatives to select from but their choice will be driven by their usefulness (Ha, 2020). 
H7: Perceived usefulness has positive relationship with behavioral intention to use 


Attitude to usage and behavioral intention to use 
Attitude towards usage is the innermost favorable behavior of an individual that is based on their concoction of various favorable experiences resulted from a particular goods or services which reinforces them towards its use (Park, 2009a). Various aspects can have a direct or indirect influence on an individual’s attitude towards a product and behavioral intention is one of those aspects (Yeo et al., 2017). Attitude and behavior share direct proportions between one another. A similar association can be found between them (Cao et al., 2021). For instance, lets assume that the association among attitude and behavior is like an iceberg, then the tip of the iceberg that is visible above the water would be behavior but the remaining part under water would be attitude (Eichorn, 2021). The power of the visible part, i.e. behavior is determined on the basis of the bottom part, i.e. attitude. Therefore, it can be denoted that attitude can determine behavior (Sufiawati & Putri, 2021).  As a result, attitude and behavior constantly remains the issue of discussion in the realm of human psychology, as per the view of psychologists, attitude is the whole of human psychology and behavior is the expressive portion of it (Trip et al., 2019). Therefore, based on the view of psychologist it can be denoted that behavior is based on a person’s attitude as attitude dictates a person’s behavior (Schonegger, 2019).    
H8: Attitude towards has a positive association with behavioral intention to use. 



Behavioral intention and actual use
Behavioral intention can be explained as the individual’s motivation within himself to behave in certain manner (Trip et al., 2019). Several studies can be found, which highlights the elements impacting one’s actual use of technology (Luarn, 2005; Schonegger, 2019). Behavioral intention is some of the major protruding aspect that influences a person’s usage (Chao, 2019; Mailizar & Maulina, 2021; Varzaru et al., 2021). The internal motivation or urge that shapes a person’s action is known as behavioral intention. Therefore, an individual’s actions are shaped by their behavior, the behavior then manifests the action in various ways (Y. Z. He et al., 2021). A number of studies have concluded that an individual’s behavior has a direct relationship with the products they are using, because of which the brands are constantly focused on highlighting and chasing people’s behavior (Mahmud & Hasan, 2021). Initially the elements of behavior were a focus of marketing scholars and based on their opinion customers make the buying decisions in a daily basis. However, psychologists say the all of the individual’s decisions are influenced by their behavior, hence human behavior is extensively studied by marketing researchers to boost sales (T. F. He et al., 2021). Behavioral intention is found to have mutually direct and indirect relationship with a brand’s usage. That’s why brands utilize various strategies to appeal to their behavior, in order to maximize their product usage in market segment (Rather et al., 2021). 
H9: Behavioral intention has a positive association with actual usage  













[bookmark: _Toc157593644]Chapter 3: Objectives of the Study 

The objectives of the study can be briefly summarized below:
1. To investigate whether the TAM variables differ in relation to gender 
2. To inquire whether the TAM variables differ in relation to different age groups 
3. To examine whether the TAM variables differ in relation to education level   
4. To investigate whether Subjective norms have a positive relationship with Perceived Usefulness. 
5. To investigate whether Subjective Norms have a positive relationship with Perceived Ease of Use. 
6. To investigate whether Trust has a positive relationship with Perceived Usefulness.
7. To test whether Trust have a positive relationship with Ease of Use.
8. To inspect whether Perceived Ease of Use has a positive relationship with Perceived Usefulness.  
9. To examine whether Perceived Ease of Use has a positive relationship with Attitude towards Use.
10. To inquire whether Perceived Usefulness has a positive relationship with Attitude towards Use. 
11. To find out whether Perceived Usefulness has a positive relationship with Behavioral Intention to Use.
12. To examine whether Attitude towards Use has a positive association with Behavioral Intention to Use. 
13. To inspect whether Behavioral Intention has a positive association with Actual Usage.









[bookmark: _Toc157593645]Chapter 4: Methodology of the Study   

[bookmark: _Toc157593646]4.1Types of Data 
As per the predominant rules of research, there are two sources of data; the first one is the primary data sources and the second one being the secondary data sources. This paper aims to effectively incorporate both types of data sources in reaching an effective conclusion regarding the topic in hand.    

[bookmark: _Toc157593647]4.2 Secondary Data Sources
Secondary data sources are the sources of data, that was previously documented, analyzed and published, through various sources, such as research articles, blog articles and news articles, also includes various academic books and many other pre-established scholarly literatures (Zikmund et al., 2013). The paper mostly relied on academic literature sources such as various books, scholarly articles, along with various news reports, case studies and country based demographic statistics found online in terms of secondary data sources.  

[bookmark: _Toc157593648]4.3 Primary Data Sources 
Primary data sources are the data generated for the sole purpose of  developing this paper and deriving conclusions for testing the researcher’s hypotheses (Zikmund et al., 2013). The primary data were collected on the basis of online and digital survey using the Google forms questionnaire, along with QR code technology, which was then shared with the student groups of various universities, high schools, and other institutions. On field data were also collected using the QR code technology which was shared with the on-campus students and faculty members to collect and record their responses. During which the ethical code of conduct was thoroughly followed and the participants were asked for their consent before their responses were recorded.
The sampling technique being used in this study, is widely referred as purposive sampling technique, this particular technique for sampling is used in order to aim a small group of individuals to partake in the study, moreover their response can be generalized to the whole population of streaming service users (Davies & Hughes, 2014). Purposive sampling technique is widely recognizable non probabilistic sampling technique, which allowed the author to select the participants based on the purpose of the study (Guest, 2014; C. Wang et al., 2023). 
The study was constructed in Dhaka, Bangladesh, through online questionnaire, and the on field part of the survey was conducted at the campus of United International University (UIU). Bangladesh is one of the developing markets for streaming services where the compound annual growth rate of the market is 13.91% (Statista, 2022) 

[bookmark: _Toc157593649]4.4 Research Instrument Description 
All of instruments used in the study were validated and adjusted as per the requirements of the study. The research instruments are divided in to two segments, the first one is the demographic segment, which highlights the basic demographic information of the participants, such as the gender, age, education level and the experience level of the user. The later part of the instruments involves various constructs which were borrowed from the model. The instruments for the study were adopted from the previous literatures (Al-Qaysi et al., 2023; Chau, 1996; Hernaus et al., 2012; Hu & O’Brien, 2016; Park, 2009b; C. Wang et al., 2023). There are in total 20 items in the questionnaire mentioned in table1.  The constructs that are measured here are perceived usefulness, perceived ease of use, behavioral intention, attitude, trust and lastly subjective norms. First 4 of the items defined perceived usefulness, then 5 items explained perceived ease of use, then 2 items for behavioral intention, 3 items for defining attitude, 2 items designated for trust, and the remaining 2 for subjective norms.  
	Constructs 
	Code 
	Items 

	Perceived usefulness
	PU1

PU2

PU3
PU4
	Using Streaming services (streaming apps and web sites) allows me to find the best contents.
The use of streaming services enhances my effectiveness in content consumption.
The use of streaming services for streaming contents is useful to me.
The use of streaming services saves time for me.


	Perceived ease of use
	PEU1
PEU2

PEU3
PEU4
PEU5

	Streaming based apps and web sites are easy to use.
Consuming content only requires a little mental effort if supported by streaming apps and websites which offers alternatives.
Streaming is simple if the streaming apps and websites offer contents to me.
Learning to use Streaming apps and web sites are easy for me.
Becoming skillful at using streaming apps and web sites is easy.


	Behavioral intention to use
	BIU1
BIU2
	I intend to visit web sites and use apps for streaming contents more frequently.
I am willing to spend more for contents offered by streaming websites and apps


	Actual system use
	AU1
AU2
	I am experienced in using Streaming services (Netflix, Spotify, etc.)
I have already used Streaming service applications (Netflix, Spotify, etc.)


	Attitude
	AT1
AT2
AT3
	Streaming in a website/streaming app is a good idea.
Streaming in a website/Streaming app is a wise idea.
I am positive about the web site/streaming app that I use for streaming.


	Trust
	T1

T2
	I am convinced that streaming apps and websites are used to provide customers with the best contents.
I trust streaming apps and web sites for streaming contents.


	Subjective Norm
	SN1

SN2
	People who influence my behavior prefer I use Streaming apps and web sites for consuming contents
I like using Streaming web sites and Mobile apps based on the similarity of my values and the social values underlying their use.



[bookmark: _Toc157593709]Table 1: Research Instrument Description

[bookmark: _Toc157593650]4.5 Scale of Measurements 
The scale of measurements that was being used in the study is referred to as “Interval scale” of measurement. The study used 5 point Likert scale as the scaling technique, which was recoded into numeric form where 5 means “Strongly agree” and 1 means “Strongly Disagree”. The Likert scale is a type of non-comparative itemized rating scale. Non comparative scale indicates whether or not the object being measured is scaled independently of other objects. Similarly, the itemized rating scale allows the participant to pick their desired option from a measurement scale that are based on numeric values and involves brief explanation about each category, hence such categories are organized based on the position of the scale (Malhotra Naresh, K. and Dash, S., 2015).  Since the 5 point Likert is most widely used and regarded authentically across many literature, the author chose to use the 5 point Likert scale to conduct the study. 

[bookmark: _Toc157593651]4.6 Statistical Analysis used in the Study 
The measurement model refers to diagnostic test that allows the researcher to measure the healthiness of the data. As per the literature there 2 prominent test for such purpose: “reliability and validity”(J. Hair Jr. et al., 2016; Saunders et al., 2007), similarly both of the tests (i.e. reliability and validity) have subcategories such as “item reliability”, “internal reliability”, “convergent validity” discriminant validity (C. Wang et al., 2023).  For the purpose of measuring the reliability and validity of the data, the author will use Cronbach alpha test, and based on that items reliability and validity will be measured. 

Cronbach’s alpha test is a method of addressing the reliability of the items based on the comparison of the shared variances (i.e. covariance) which together forms the instrument quantity of the overall variance. The key concept of this framework is that, when the instruments are reliable then, there ought to be a high amount of covariance within that items comparative to the variance. The mean of all conceivable half splitted reliabilities can be said as the equivalent of Cronbach’s alpha. Majority of the statistical software nowadays can easily calculate the Cronbach alpha for any given items, one thing to keep in mind it is recommended to verify the Cronbach alpha after the deletion of a particular item. If the alpha values increase significantly, then the item shouldn’t be included in the measurement (L.M. Collins, 2007).

[bookmark: _Toc157593652]4.7 Analysis of Variance  
Here the intended test for analysis to derive the conclusion the author will use  include One-way ANOVA and Regression analysis. The One-way ANOVA is a methodology, that is commonly used for the purpose of comparing the mean value of the data from various populations. For the reliable implementation of one-way ANOVA, one primary requirements need to be fulfilled, that is the sample data ought to be independent and must be gathered based on the population which will have similar amount of variances, which is evident in the case of this paper, hence the author is inclined towards using the one - way ANOVA, as a means to investigate the relationship between the metric dependent variables and non-metric independent variables, as there are variables with more than 2 treatments (Liang & Pan, 2007; Malhotra Naresh, K. and Dash, S., 2015).   

[bookmark: _Toc157593653]4.8 Measuring the Cause and Effect Relationship 
Regression analysis is a top notch tool for analyzing the association between a metric dependent variable and multiple independent variables. It can be used in the following manner: to test whether an associative relationship exists between the variables, to test the significance strength of their relationship, developing an equation based on the relationship of variables and to determine the outcome of dependent variable based on the equation, understanding the influences of various independent variables (Malhotra Naresh, K. and Dash, S., 2015). 



















[bookmark: _Toc157593654]Chapter 5: Findings and Analysis 

[bookmark: _Toc157593655]5.1 Demographic characteristics of the respondents 
From the table 2, the frequency table analysis, it can be found that the 67.4% of the respondents were male and 32.6% of the respondents were female, which comprises of the total demographic clarification based on gender classification, the second segment of the frequency tables shows age group classification, in which it can be denoted that 82.2 % of the participants are from 15 to 25 age group, similarly the 11.3% of the respondents belong to the 26 to 35 age category, and 3.5% of the of respondents belong to 36 to 45 age category, and 46 to 55 age group comprises of 2.2% of the respondents, and 0.9% of the respondents belong to 55+ age group. The 69.6% of the respondents are undergraduate students, and 9.6% of the respondents belong to high school level of education, and the 14.3% of the respondents belong to graduate level, 6.5% of the respondents belong to the to postgraduate level. 

	Constructs
	Items
	Alpha (α)

	PU
	4
	0.852

	PEU
	5
	0.811

	BIU
	2
	0.756

	AU
	2
	0.875

	AT
	3
	0.858

	T
	2
	0.806

	SN
	2
	0.708


[bookmark: _Toc157593656]5.2 Reliability of the items of the Study  
The concept of reliability in its simplest form means measuring the internal consistency of the constructs used in the study. When the Alpha () of the construct is higher than 0.70, the construct can be considered as reliable (J. F. Hair et al., 2013). Here the construct reliability as thoroughly assessed with the help of Cronbach’s Alpha. The results of Cronbach’s alpha showcase that Perceived Usefulness (PU) with 4 items (α =0.852) and the construct Perceived ease of use (PEU) with 5 items (α = 0.811) were deemed to be reliable, similarly the construct Behavioral intention to use with 2 items (α = 0.756) and Actual use with 2 items (α = 0.875) deemed to be reliable as well. Accordingly, the variables Attitude with 3 items ((α = 0.858), Trust with 2 items (α = 0.806), Subjective Norms with 2 items (α = 0.708) are all reliable as per the literature standards.  
[bookmark: _Toc157593710]Table 2: Reliability of the Instruments 
Note: SN: Subjective Norms, PU: Perceived Usefulness, PEU: Perceived ease of use, T: Trust, AT: Attitude, BIU: Behavioral intention to use, AU: Actual use.  

	15 - 25
	189
	82.2
	82.2
	82.2

	26 – 35
	26
	11.3
	11.3
	93.5

	36 - 45
	8
	3.5
	3.5
	97.0

	46 - 55
	5
	2.2
	2.2
	99.1

	55+ years
	2
	.9
	.9
	100.0

	Total
	230
	100.0
	100.0
	

	
Education 
	
	
	
	

	High school
	22
	9.6
	9.6
	9.6

	Undergraduate
	160
	69.6
	69.6
	79.1

	Graduate
	33
	14.3
	14.3
	93.5

	Postgraduate
	15
	6.5
	6.5
	100.0

	Total
	230
	100.0
	100.0
	

	
Experience 
	
	
	
	

	Less than 2 Years
	89
	38.7
	38.7
	38.7

	2 to 5 Years
	100
	43.5
	43.5
	82.2

	More than 5 Years
	41
	17.8
	17.8
	100.0

	Total
	230
	100.0
	100.0
	



[bookmark: _Toc157593711]Table 3: Demographic Characteristic of the Respondents 
[bookmark: _Toc157593657]
5.3 Association within the Variables  
 Based on the correlation matrix it  can be observed that the Pearson correlation coefficient between perceived ease of use and perceived usefulness is 0.631 which according the Cohen’s criteria indicates a strong association between two variables, similarly perceived usefulness have strong association with the behavioral Intention to use and moderate association with actual use, similarly there is a strong association between perceived usefulness and attitude which is 0.760 and a similarly level of association can be observed with Trust as well, subjective norms also indicating a strong association of 0.542, the relationship between perceived ease of use, Behavioral intention to use and actual use indicates a strong association of 0.551, the relationship between attitude and perceived ease of use is 0.686, the strength of association is also similar with trust, however there is moderate relationship between subjective norms and perceived ease of use which is 0.440. The relationship between behavioral intention to use and actual use highlights a correlation of 0.500 which indicates a moderate association between these 2 variables, however the actual use and attitude share a strong association as indicated by the correlation of 0.561, similarly trust and subjective norms have a moderate relationship with actual use with a correlation of 0.453 and 0.330 respectively. Attitude and behavioral intention to use share a strong association of 0.658, similarly trust and subjective norms are strongly correlated with trust.     



	
	Perceived Usefulness
	Perceived Ease of Use
	Behavioral Intention to Use
	Actual Use
	Attitude
	Trust
	Subjective Norm

	Perceived Usefulness
	Pearson Correlation
	1
	.631**
	.688**
	.483**
	.760**
	.693**
	.542**

	
	Sig. (2-tailed)
	
	.000
	.000
	.000
	.000
	.000
	.000

	
	N
	230
	220
	230
	230
	230
	230
	220

	Perceived Ease of Use
	Pearson Correlation
	.631**
	1
	.551**
	.551**
	.686**
	.562**
	.440**

	
	Sig. (2-tailed)
	.000
	
	.000
	.000
	.000
	.000
	.000

	
	N
	220
	220
	220
	220
	220
	220
	211

	Behavioral Intention to Use
	Pearson Correlation
	.688**
	.551**
	1
	.500**
	.658**
	.652**
	.492**

	
	Sig. (2-tailed)
	.000
	.000
	
	.000
	.000
	.000
	.000

	
	N
	230
	220
	230
	230
	230
	230
	220

	Actual Use
	Pearson Correlation
	.483**
	.551**
	.500**
	1
	.561**
	.453**
	.330**

	
	Sig. (2-tailed)
	.000
	.000
	.000
	
	.000
	.000
	.000

	
	N
	230
	220
	230
	230
	230
	230
	220

	Attitude
	Pearson Correlation
	.760**
	.686**
	.658**
	.561**
	1
	.760**
	.539**

	
	Sig. (2-tailed)
	.000
	.000
	.000
	.000
	
	.000
	.000

	
	N
	230
	220
	230
	230
	230
	230
	220

	Trust
	Pearson Correlation
	.693**
	.562**
	.652**
	.453**
	.760**
	1
	.594**

	
	Sig. (2-tailed)
	.000
	.000
	.000
	.000
	.000
	
	.000

	
	N
	230
	220
	230
	230
	230
	230
	220

	Subjective Norm
	Pearson Correlation
	.542**
	.440**
	.492**
	.330**
	.539**
	.594**
	1

	
	Sig. (2-tailed)
	.000
	.000
	.000
	.000
	.000
	.000
	

	
	N
	220
	211
	220
	220
	220
	220
	220

	**. Correlation is significant at the 0.01 level (2-tailed).
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[bookmark: _Toc157593658]5.4 Insights from the Analysis of Variances 
Here the analysis of variance will be conducted, to see whether the following objectives are met, 
1. Investigating whether the TAM variables differ in relation to gender 
2. Investigating whether the TAM variables differ in relation to age groups 
3. Investigating whether the TAM variables differ in relation to education level   
for the 1st objective there are the following hypothesis:
H1: There are difference in Perceived usefulness across different genders 
H2: There are Perceived ease of use differs across different genders 
H3: There are difference in Subjective norms across different genders 
H4: There are difference in Attitude to use across different genders 
H5: There are difference in Behavioral Intention to use across different genders 
H6: There are difference in Trust across different genders
H7: There are difference in Actual use across different genders 

The H1 states that whether the perceived usefulness differs across the two gender categories (male and female), the ANOVA findings suggests that the perceived usefulness differs across gender categories, meaning there is a relationship between perceived usefulness and gender categories, (F= 5.104, p = 0.025), hence H1 was supported.  
The H2 states that there is difference in perceived ease of use across gender categories (male and female), the ANOVA findings suggests that the perceived ease of use do not differs across gender categories, meaning there is no relationship between perceived ease of use and gender categories, (F =0.090, p = 0.765), hence H2 was not supported. 
The H3 states that there is difference in Subjective Norms across gender categories (male and female), the ANOVA findings suggests that the Subjective Norms do not differ in across gender categories, therefore there is no relationship between Subjective Norms and gender categories (F = 2.221, p = 0.138), hence the H3 was not supported. 
The H4 states that there is difference in Attitude to use across different gender categories, the ANOVA findings suggests that the attitude toward use do not differs based on the gender categories (F = 1.477, p = 0.225), therefore no relationship between attitude and gender was found, hence the H4 was not supported. 
The H5 states that there is difference in Behavioral intention to use across different gender categories, the ANOVA findings suggests that the Behavioral intention to use do not differs based on the gender categories (F = 1.049, p = 0.307), therefore no relationship between attitude and gender was found, hence the H5 was not supported. 
The H6 states that there is difference in Trust across different gender categories, the ANOVA findings suggests that the Trust differs based on the gender categories (F = 3.997, p = 0.047), therefore, relationship between trust and gender was found, hence the H6 was supported. 
The H7 states that there is difference in Actual Use across different gender categories, the ANOVA findings suggests that the Actual Use do not differs based on the gender categories (F = 2.858, p = 0.092), therefore, no relationship between Actual Use and gender was found, hence the H7 was not supported.

[bookmark: _Toc157593713]Table 5: Analysis of Variances with Respect to Genders
	
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	Perceived Usefulness
	Between Groups
	2.956
	1
	2.956
	5.104
	.025

	
	Within Groups
	132.046
	228
	.579
	
	

	
	Total
	135.001
	229
	
	
	

	Perceived Ease of Use
	Between Groups
	.032
	1
	.032
	.090
	.765

	
	Within Groups
	77.417
	218
	.355
	
	

	
	Total
	77.449
	219
	
	
	

	Behavioral Intention to Use
	Between Groups
	.873
	1
	.873
	1.049
	.307

	
	Within Groups
	189.724
	228
	.832
	
	

	
	Total
	190.597
	229
	
	
	

	Actual Use
	Between Groups
	2.432
	1
	2.432
	2.858
	.092

	
	Within Groups
	194.042
	228
	.851
	
	

	
	Total
	196.474
	229
	
	
	

	Attitude
	Between Groups
	.891
	1
	.891
	1.477
	.225

	
	Within Groups
	137.486
	228
	.603
	
	

	
	Total
	138.377
	229
	
	
	

	Trust
	Between Groups
	11.252
	1
	11.252
	3.997
	.047

	
	Within Groups
	641.831
	228
	2.815
	
	

	
	Total
	653.083
	229
	
	
	

	Subjective Norm
	Between Groups
	1.391
	1
	1.391
	2.221
	.138

	
	Within Groups
	136.491
	218
	.626
	
	

	
	Total
	137.882
	219
	
	
	








For the 2nd objective, the following hypothesis were developed,
H1: There are difference in Perceived usefulness across different age groups 
H2: There are difference in Perceived ease of use across different age groups 
H3: There are difference in Behavioral intention to use across different age groups
H4: There are difference in Actual Use across different age groups
H5: There are difference in Attitude to use across different age groups
H6: There are difference in Trust across different age groups 
H7: There are difference in Subjective Norms across different age groups
The H1 states that whether the Perceived usefulness differs across the age categories, the age categories are defined as 15 – 25, 26 – 35, 36 – 45, 46 – 55 and 55+, the ANOVA findings suggests that the perceived usefulness do not differs across age categories, meaning there is no relationship found between perceived usefulness and age categories, (F= 1.598, p = 0.176), hence H1 was not supported.  
The H2 states that whether the Perceived ease of use differs across the age categories, the ANOVA findings suggests that the perceived ease of use do not differs across age categories, meaning there is no relationship found between perceived ease of use and age categories, (F = 1.050, p = 0.382), hence H2 was not supported.  
The H3 states that whether the Behavioral intention to use differs across the age categories, the ANOVA findings suggests that the Behavioral intention to use do not differs across age categories, meaning there is no relationship found between behavioral intention to use and age categories, (F = 1.103, p = 0.356), hence H3 was not supported.
The H4 states that whether Actual Use differs across the Age categories, the ANOVA findings discloses that the Actual Use do not differs across age categories, meaning there is no relationship found between Actual Use and Age categories, (F = 0.652, p = 0.626), hence H4 was not supported.  
The H5 states that whether the Attitude towards use differs across the age categories, the ANOVA findings suggests that Attitude towards use do not differs across age categories, meaning there is no relationship found between perceived ease of use and age categories, (F = 0.231, p = 0.921), hence H5 was not supported.  
The H6 states that whether the Trust differs across the Age categories, the ANOVA findings suggests that the Trust do not differs across age categories, meaning there is no relationship found between Trust and Age categories, (F = 0.889, p = 0.471), hence H6 was not supported.  
The H7 states that whether Subjective Norms differs across the Age categories, the ANOVA findings suggests that Subjective Norms do not differs across Age categories, meaning there is no relationship found between perceived ease of use and age categories, (F = 0.623, p = 0.647), hence H7 was not supported.  
	
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	Perceived Usefulness
	Between Groups
	3.728
	4
	.932
	1.598
	.176

	
	Within Groups
	131.273
	225
	.583
	
	

	
	Total
	135.001
	229
	
	
	

	Perceived Ease of Use
	Between Groups
	1.484
	4
	.371
	1.050
	.382

	
	Within Groups
	75.965
	215
	.353
	
	

	
	Total
	77.449
	219
	
	
	

	Behavioral Intention to Use
	Between Groups
	3.665
	4
	.916
	1.103
	.356

	
	Within Groups
	186.932
	225
	.831
	
	

	
	Total
	190.597
	229
	
	
	

	Actual Use
	Between Groups
	2.251
	4
	.563
	.652
	.626

	
	Within Groups
	194.223
	225
	.863
	
	

	
	Total
	196.474
	229
	
	
	

	Attitude
	Between Groups
	.566
	4
	.142
	.231
	.921

	
	Within Groups
	137.810
	225
	.612
	
	

	
	Total
	138.377
	229
	
	
	

	Trust
	Between Groups
	10.164
	4
	2.541
	.889
	.471

	
	Within Groups
	642.918
	225
	2.857
	
	

	
	Total
	653.083
	229
	
	
	

	Subjective Norm
	Between Groups
	1.579
	4
	.395
	.623
	.647

	
	Within Groups
	136.303
	215
	.634
	
	

	
	Total
	137.882
	219
	
	
	


[bookmark: _Toc157593714]Table 6: Analysis of Variances with Respect to Education Levels








For the 3rd objective, the following hypothesis were developed,
H1: There are difference in Perceived usefulness across different experience levels 
H2: There are difference in Perceived ease of use across different experience levels 
H3: There are difference in Behavioral intention to use across different experience levels 
H4: There are difference in Actual Use across different experience levels 
H5: There are difference in Attitude to use across different experience levels 
H6: There are difference in Trust across different experience levels 
H7: There are difference in Subjective Norms across different experience levels 

The H1 states that whether the Perceived usefulness differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the perceived usefulness does differ across experience levels, meaning there is a relationship found between perceived usefulness and experience levels, (F = 6.931, p = 0.001), hence H1 was supported.  
The H2 states that whether the Perceived Ease of use differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the perceived ease of use does differ across experience levels, meaning there is a relationship found between perceived usefulness and experience levels, (F = 5.132, p = 0.007), hence H2 was supported.  
The H3 states that whether the Behavioral intention differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the Behavioral intention to use does differ across experience levels, meaning there is a relationship found between perceived usefulness and experience levels, (F = 3.506, p = 0.032), hence H3 was supported.  
The H4 states that whether the Actual Use differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the Actual Use does differ across experience levels, meaning there is a relationship found between Actual Use and experience levels, (F = 11.777, p = 0.000), hence H4 was supported.  
The H5 states that whether the Attitude towards use differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the Attitude towards use does differ across experience levels, meaning there is a relationship found between Attitude towards use and experience levels, (F = 3.734, p = 0.025), hence H5 was supported.  


The H6 states that whether Trust differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the Trust differ across experience levels, meaning there is a relationship found between Attitude towards use and experience levels, (F = 0.445, p = 0.641), hence H6 was not supported.  
The H7 states that whether Subjective Norms differs across different experience levels, the experience levels are classified as Less than 2 years, 2 to 5 years, more than 5 years, the ANOVA findings highlights that the Subjective Norms differ across experience levels, meaning there is a relationship found between Attitude towards use and experience levels, (F = 0.893, p = 0.411), hence H7 was not supported.  


[bookmark: _Toc157593715]Table 7: Analysis of Variances with Respect to User experience
	
	Sum of Squares
	df
	Mean Square
	F
	Sig.

	Perceived Usefulness
	Between Groups
	7.770
	2
	3.885
	6.931
	.001

	
	Within Groups
	127.232
	227
	.560
	
	

	
	Total
	135.001
	229
	
	
	

	Perceived Ease of Use
	Between Groups
	3.498
	2
	1.749
	5.132
	.007

	
	Within Groups
	73.951
	217
	.341
	
	

	
	Total
	77.449
	219
	
	
	

	Behavioral Intention to Use
	Between Groups
	5.712
	2
	2.856
	3.506
	.032

	
	Within Groups
	184.885
	227
	.814
	
	

	
	Total
	190.597
	229
	
	
	

	Actual Use
	Between Groups
	18.470
	2
	9.235
	11.777
	.000

	
	Within Groups
	178.004
	227
	.784
	
	

	
	Total
	196.474
	229
	
	
	

	Attitude
	Between Groups
	4.408
	2
	2.204
	3.734
	.025

	
	Within Groups
	133.969
	227
	.590
	
	

	
	Total
	138.377
	229
	
	
	

	Trust
	Between Groups
	2.551
	2
	1.276
	.445
	.641

	
	Within Groups
	650.531
	227
	2.866
	
	

	
	Total
	653.083
	229
	
	
	

	Subjective Norm
	Between Groups
	1.125
	2
	.563
	.893
	.411

	
	Within Groups
	136.756
	217
	.630
	
	

	
	Total
	137.882
	219
	
	
	




[bookmark: _Toc157593659]5.5 Analysis of Relationship within the Variables of Technology Acceptance Model   
The following hypotheses were proposed during the investigation, they are given below, 
H1: Subjective norms have a positive relationship with perceived usefulness. 
H2: Subjective norms have a positive relationship with perceived ease of use. 
H3: Trust have a positive relationship with perceived usefulness.
H4: Trust have a positive relationship with perceived ease of use.
H5: Perceived ease of use has a positive relationship with perceived usefulness. 
H6: Perceived usefulness have a positive relationship attitude towards use.   
H7: Perceived ease of use have positive relationship with attitude towards use. 
H8: Perceived usefulness has positive relationship with behavioral intention to use.
H9: Attitude towards use has a positive association with behavioral intention to use. 
H10: Behavioral intention has a positive association with actual usage.

The dependent variable (perceived usefulness) was regressed on being predicted by subjective norms and trust, and the results highlight that there is significant positive relationship between perceived usefulness (dependent variable), subjective norms and trust, F (2, 217) = 106.917, p <0.0001, which highlights both the subjective norms and trust have a positive relationship with perceived usefulness, hence both of the factors can impact perceived usefulness. As a consequence, the R square of 0.496 showcases that the model explains 49.6% of the variances in perceived usefulness. Additionally, the coefficients of the individual independent variables were further assessed to ascertain the influencing paradigm of each variable, the H1 states that subjective norms have positive relationship with perceived usefulness, and the analysis supported the claim, hence there is positive relationship between subjective norms and perceived usefulness (B = 0.201, t = 3.483, p = 0.001), the H3 stats that trust have a positive association with perceived usefulness, based on the inquiry the H3 was also supported, therefore trust have a positive relationship with perceived usefulness (B = 0.252, t = 9.353, p = 0.000)
Then, the author decided to investigate the relationship between the dependent variable perceived ease of use and the independent variables (Subjective norms and trust), the regression results highlighted a moderate positive association between these three variables, as F (2, 208) = 51.516, p <0.0001, which indicated that there is a positive relationship between subjective norms, trust and perceived ease of use, also the R square of 0.331 value depicts that the 33.1% of  variance in perceived ease of use can be explained by the 2 independent variables (subjective norms and trust). Additionally, the coefficients of the individual independent variables were further assessed to ascertain the influencing paradigm of each variable, the H2 stated that the subjective norms have a positive relationship with perceived ease of use, hence H2 was supported (B = 0.139, t = 2.613, p = 0.010), indicating subjective norms having a positive relationship with perceived ease of use, similarly the H4 stated that trust have a positive relationship with perceived ease of use, hence H4 was supported (B = 0.160, t = 6.543, p 0.000), indicating a positive relationship.  
The dependent variable (Perceived usefulness) was then regressed with the predictive variable (perceived ease of use), which highlights a moderate positive relationship between these two variables (R square = 0.398), hence the H5 was supported, as indicated by the F value (1, 218) = 144.378, P < 0.0001, the R square of 0.398 depicts that the 39.8% of the variances in perceived usefulness can be explained by the perceived ease of use. The coefficients were B = 0.797, 12.016, p = 0.000, indicating a positive relationship.  
Then the dependent variable (attitude) was regressed against being predicted by perceived ease of use and perceived usefulness, the regression results indicate a strong positive relationship between these three variables (R square = 0.639), which states that perceived ease of use and perceived usefulness can significantly predict the dependent variable (attitude), as indicated by the results of regression analysis, F (2, 217) = 191.724, P <0.0001, therefore supporting the claims of H6 and H7, meaning there is a strong positive relationship between these three variables, moreover the R square value highlights that the 63.9% of the variation in the dependent variable (attitude) can be explained by the independent variables i.e. perceived usefulness and perceived ease of use. Additionally, the coefficients of the individual independent variables were further assessed to ascertain the influencing paradigm of each variable, the H6 stated Perceived usefulness have a positive relationship attitude towards use, which deemed to be true, hence H6 was supported (B = 0.517, t = 10.064, p = .000) indicating a significant positive relationship, similarly H7 was also supported as the coefficients were B = 0.433, t = 6.676, p = 0.000, which indicates a positive relationship 
Then, the dependent variable (behavioral intention to use) was regressed on being predicted by the independent variables, attitude and perceived usefulness, the regression results (R square = 0.516) indicates that there is strong positive relationship between these three variables, hence supporting the H8 and H9, the F value of (2, 227) = 121. 168, P < 0.0001, which shows that null hypotheses should be rejected and there is a positive association between these three variables, the R square value also indicates that the 51.6% of the variations in behavioral intention to use can be explained by the respected independent variables. Additionally, the assessment of coefficients showed that H8 is supported as B = 0.527, t = 6.246, p = 0.000, indicating a positive association, similarly for the H9 the coefficients were B = 0.376, t = 4.511, p = 0.000, indicating positive relationship, hence H9 was also supported.    
Then, the dependent variable (actual use) was regressed by the predicting variable (behavioral intention to use), and the regression analysis indicates a weak positive relationship between these two variables, which indicates that H10 is supported, hence the null hypothesis is rejected, as the F (1, 228) = 75.845, P < 0.0001, also the R square of 0.250 indicates that the 25% of the variance in actual use can be explained by behavioral intention to use. The coefficients for behavioral intention to use are B = 0.507, t = 8.709, p = 0.000, hence the H10 was supported.  
Therefore, it can be denoted all of the hypothesis were supported based on the regression analysis, hence all of alternative hypotheses were supported.  
[bookmark: _Toc157593716]Table 8: Hypotheses Testing
	Hypothesis 
	Regression Weights 
	B
	t
	p - value 
	Results 

	H1 
	SN       PU
	0.201
	3.483
	0.001*
	Supported 

	H2
	SN       PEU
	0.139
	2.613
	0.010*
	Supported 

	H3
	T       PU
	0.252
	9.353
	0.000*
	Supported

	H4
	T       PEU
	0.160
	6.543
	0.000*
	Supported

	H5
	PEU       PU
	0.797
	12.016
	0.000*
	Supported 

	H6
	PU      AT
	0.517
	10.064
	0.000*
	Supported 

	H7
	PEU       AT
	0.433
	6.676
	0.000*
	Supported 

	H8
	PU       BIU
	0.527
	6.246
	0.000*
	Supported 

	H9
	AT       BIU
	0.376
	4.511
	0.000*
	Supported 

	H10
	BIU       AU
	0.507
	8.709 
	0.000*
	Supported 


Note: *p < 0.05, SN: Subjective Norms, PU: Perceived Usefulness, PEU: Perceived ease of use, T: Trust, AT: Attitude, BIU: Behavioral intention to use, AU: Actual use.  



















[bookmark: _Toc157593660]Chapter 6: Conclusion 

The paper first aimed to understand the acceptance of streaming services with implications for TAM variables, secondly the paper also aimed to uncover whether the demographic variables have any association with the TAM constructs. Based on the findings of the research, we can find that the Subjective Norms have a positive influence on Perceived Usefulness and Perceived Ease of Use, meaning the paradigm for what is useful and what is not useful is set by the family friends and peers who can influence the perception of the users. The condition of Trust influences both the PEU and PU, now whether Subjective norms have an influence on Trust is an issue for further discussion.  It was also interesting to note that Perceived Ease of Use has also an influence on Perceived Usefulness, meaning the more a streaming platform is easier to use the better likelihood of it being useful in the eyes of the user and then, both the PU and PEU impacts Attitude towards the streaming services which impacts behavioral intention to use (BIU) and BIU impacts actual use. Based on this analysis, it can be concluded that Attitude impacts behavior and the behavior impact actual use of the streaming service; hence if the streaming service includes useful content recommendations along with user friendly interface, there is a higher likelihood that the user will have a positive attitude towards its use which then will lead repeated usage, from the findings it can also be highlighted that the role of User Experience is quite significant as it has relationship with almost all variables except with Trust and Subjective Norms. The significance of this relationship can be an issue for future research as well. The area of the study is rather limited which provides the scope for further research, one thing to note that due time constraints the study was limited and couldn’t explore various other aspects of streaming services which could be explored within the framework of TAM, and future research can also be done to explore how the TAM2 model or the various extensions of TAM would respond  within the area of Streaming Services. Therefore the future research should be conducted to address such possible implications. 
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Gender: 
· Male 
· Female 

Which age group do you belong to?
· 15 – 25
· 26 -  35
· 36 – 45
· 46 – 55
· 55+ years 

What is your education level?
· High school 
· Undergraduate 
· Graduate 
· Postgraduate 
 
What is your experience level using streaming services?
· Less than 2 years 
· 2 to 5 years 
· More than 5 years 

 
	SL
	Particulars
	Strongly Agree
	Agree
	Neutral
	Disagree
	Strongly Disagree

	1.
	Using Streaming services (streaming apps and web sites) allows me to find the best contents. 
	
	
	
	
	

	2.
	The use of streaming services enhances my effectiveness in content consumption. 
	
	
	
	
	

	3. 
	The use of streaming services for streaming contents is useful to me. 
	
	
	
	
	

	4.
	The use of streaming services saves time for me. 

	
	
	
	
	

	5.

	Streaming based apps and web sites are easy to use. 
	
	
	
	
	

	6.

	Consuming content only requires a little mental effort if supported by streaming apps and websites 
	
	
	
	
	

	7.

	Streaming is simple if the streaming apps and websites offer contents to me.
	
	
	
	
	

	8. 
	Learning to use Streaming apps and web sites are easy for me.
	
	
	
	
	

	9.
	Becoming skillful at using streaming apps and web sites is easy.
	
	
	
	
	

	10.
	I intend to visit web sites and use apps for streaming contents more frequently.
	
	
	
	
	

	11.
	I am willing to spend more for contents offered by streaming websites and apps
	
	
	
	
	

	12.
	I am experienced in using Streaming services (Netflix, Hulu, Amazon Prime video, etc.)
	
	
	
	
	

	13
	I have already used Streaming service applications (Netflix, Amazon prime Video, etc.)
	
	
	
	
	

	14.
	Streaming in a website/streaming app is a good idea.
	
	
	
	
	

	15.
	Streaming in a website/Streaming app is a wise idea.
	
	
	
	
	

	16.
	I am positive about the web site/streaming app that I use for streaming.
	
	
	
	
	

	17.
	I am convinced that streaming apps and websites are used to provide customers with the best contents.  
	
	
	
	
	

	18.
	I trust streaming apps and web sites for streaming contents.  
	
	
	
	
	

	19.
	People who influence my behavior prefer I use Streaming apps and web sites for consuming contents
	
	
	
	
	

	20.
	I like using Streaming web sites and Mobile apps based on the similarity of my values and the social values underlying their use.
	
	
	
	
	



[bookmark: _Toc157593664]Instruments 
Perceived usefulness 
PU1 Using Streaming services (streaming apps and web sites) allows me to find the best contents. 
PU2 The use of streaming services enhances my effectiveness in content consumption. 
PU3 The use of streaming services for streaming contents is useful to me. 
PU4 The use of streaming services saves time for me. 
Perceived ease of use 
PEU1 Streaming based apps and web sites are easy to use. 
PEU2 Consuming content only requires a little mental effort if supported by streaming apps and websites which offers alternatives. 
PEU3 Streaming is simple if the streaming apps and websites offer contents to me. 
PEU4 Learning to use Streaming apps and web sites are easy for me. 
PEU5 Becoming skillful at using streaming apps and web sites is easy. 
Behavioral intention to use 
BIU1 I intend to visit web sites and use apps for streaming contents more frequently. 
BIU2 I am willing to spend more for contents offered by streaming websites and apps 
Actual system use 
AU1 I am experienced in using Streaming services (Netflix, Spotify, etc.)
AU2 I have already used Streaming service applications (Netflix, Spotify, etc.) 
Attitude 
AT1 Streaming in a website/streaming app is a good idea. 
AT2 Streaming in a website/Streaming app is a wise idea. 
AT3 I am positive about the web site/streaming app that I use for streaming. 
Trust 
T1 I am convinced that streaming apps and websites are used to provide customers with the best contents.  T2 I trust streaming apps and web sites for streaming contents.  
Subjective Norm 
SN1 People who influence my behavior prefer I use Streaming apps and web sites for consuming contents 
SN2 I like using Streaming web sites and Mobile apps based on the similarity of my values and the social values underlying their use. 
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